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e HREX: Q: How many Premier Agg.
(£fK)  Count_Quantity League titles has

ez A 7 Manchester United won?

Direct_Aggregation  A: 13 titles
S BEFEX: Q: Which clubs have Set
(fEH])  List_Generation been ever-present in

[EIk=5i75W the Premier League?

List A: Arsenal, Chelsea,...

TRIENATRE C HIE SNt 3% (6 1) &, BAEMZ
L7z, #R, &ToD QA F—x»EERE L = h .
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B.1 BRZ17DESR
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FO HMRA 7DEFK (CRAG [8] IcHDL)
Bz A7 EF

Simple R e e A N

Simple w. Condition K% h 73V OSEMTET
Bl 2 M 5 E M

Set BROMES N OEE %
[\% & UCHIRES 2 B

Comparison 2 DOYH I3 5 E

Aggregation BMREROE 2 E T 2 HM

Multi-hop EEU IR EH X ¥ 2 8/

Post-processing heavy R L 72 1HHD
e U 2 N L 2 E M

B.2 HRZ A THEDZ SRS
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50 Ger—& 101, ERT—Z& 104 23> 7Y
Y7L, BASHELHEZEME T 554 2 ARy
U/ 35M (LLM %4 2 44) TO Fleiss’ Kappa 1
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cC EAAaY7hk

WHoHE L, FTES oy ol EosRT (X2).

F2 REFECHEATZ2IEH 0T+ O
(QA Hittmili 7> 7 1]

Role: You are a specialist in NLP and dataset construction.

Task: Analyze the provided QA data from an existing benchmark, define its
evaluation characteristics, and create a prompt for schema generation.
Instructions: (1) Analyze the input QA data and define all “Evaluation Char-
acteristics” and their “Possible Values.” (2) Output a prompt that instructs an
LLM to extract specific combination patterns (schemas) from the data.
Definition: Evaluation Characteristics are characteristics intentionally designed
in the QA data to reflect the capabilities the benchmark intends to measure.

(RF—<iiEFu 7]
Input: QA dataset with “query” and “answer” fields.
Context: Schemas will be used for (1) Filtering: determine if a document allows
QA creation, (2) Generation: guide new QA pair generation.
Schema Definition: A specific combination of values observed in the original
data, selected from: Question Intent, Answer Complexity/Form, Reasoning
Type, Domain Category, Temporality.
Task: Extract combination patterns. Create schemas to capture benchmark
diversity. Include up to 5 matching examples per schema.

(QA F—&ARTn > T T]
Context: It has been predetermined that QA pairs can be created from this page
content based on the specified schema.
Input: Schema information (JSON), Feasibility judgment, Page content.
Task: Create benchmark QA pairs that meet the schema requirements.
Output: JSON format: {“query”: “..”, “answer™: “...”’}
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