o

aup

FALERE R 32N Fam IR (20264E3 )

Japanese HR NIAH: Z2ZE 7 — X% BWWCHARBAZHHER
OaO>J A 7+ X MEBEFHER VY FIY—2
APRESE
M =4E SmartHR

takafumi.kubota@smarthr.co.jp

BT

nyZarysyxF A+ LLM OFEMbETeh, K
BOXED» OLBERERE EHICHRE - AT 58
HOFMMEEL 2o TW5. FHITAFEHE R XA
VX, FREERAN, BT — &, ZNELR SR
XEERMAEL, BHLEMCEZ20ENDHS. L
2L, BEHFD NIAH XV F2—2 13— KX 4
YTOFHEICEE D, HAGEBSRRE R X4 Y IkH b
LRI AR L TW5. AFFETIE, HAGEANSE
5 B XA NZRHE L7z NIAH Ry F < — 7 B R
L7z BREREONEER 60 HRDT—XEELE
W7 —%%ty b2 TFLEDIL (Haystack) ] & LT
ER L, H—F7 —&WR, BT — 2R, KRY
F—XMRD 3FEDR AT XA TREGEI L. £
B2 6 BT VEFHE L 22AER, £ VEITHREED
MBI, FHCRRYT — ZMR X R 7 THGEN
EWZ EHLNITR o7z RIFFEIE, HARGE R X
4 VFRHER Y F =27 DRt e, AH SaaS B3I
Bl) 2 LLM ERt ot 2RI R THIKT 5.

1 FC®IC

R, RBEEEESL (LLM) oayFF R b
EDREEINCHEKL, 100 F b= %@z %aY
TXRAMNZMMTEX2ETABELELTWS. Zh
WED, REOXEZ—BICWEL, ZOHh o4
BERIERERE - MET 2 RXAIPHENZ DL
o TE Fr, BEOANEHRBHERTIE, ¥
HHI, 65 7—70, ERZENE, #1207, lonl
G2 &, ZHBREROXEZHEIN S &4
BWRD 5.

LH»L, aryZarys7*2+ LLM OFEALEE
»5ET, ZOMREEZEVNCGHES 2 F~v—2
WIRAETH 5. Needle In A Haystack (NIAH) X
Fe—7 [1] &, REOXE (FLEOW) oHd

— 18656 —

LREDIHR (Bt) MR 280 27l 3 5 Fik
CLTAELHWSRTWS., LaL, BFEORYF
X —Z 3 EITRGED R R XA 2N Re LT
BD, HEBCREDFES N X A ITRHME L 73
BARLTWS.

AWFZETIE, HAGBAREITHF XA VIRt L 7%
NIAH RX¥F~—27 ZfEL, REREDIEHESA 60
BTDT—REeEdEM T2y b T LE
D (Haystack) ] & UTIERR L7z, H—F — X
K, HET — 2K, FRIT—XMERO 3 HHO
RRAy 24 TeiEtL, 8% 6 €7V (GPT-5,
GPT-5-mini, Gemini3 Pro, Gemini 3 Flash, Claude
Sonnet 4.5, Claude Opus 4.5) % i L 7=.

B, AMATCHEELLERYF =7
AR D GitHub UV RS b U TARB LT
W %. https://github.com/kufu/Japanese-
HR-NTAH

2 PBEEAZE

LIM a2y 7% XY 4 ¥ RUBBIT» S8
BH M= AR T2H, £0EUHAE
ZIEHEWCHE T 2 OB Y F~v—7 ORSE
HEAEE > TW3. L-Eval]2], ZeroSCROLLS][3],
LongBench[4] 7R EDMER SN TV E D, THHIEF
BT ~EIT =2 I E->TEY, it~
BA M= 2R Z 2B ETNVDORAZH 212
T oThs.

—7%, REDT7F X b (Haystack) 2 HREDH
% (Needle) % H 2} 3 Needle-In-A-Haystack
(NIAH)J [1] &, BT —XTdH2®, RE%H
HICHEETE 2. LL, H—DOHEEMRT Y]
HD NIAH 1%, BFTDETNICL o TIBEDHR LK R
Y o0bhb. FDw, PO HL
MR D, K DBEMRHERSCEROBE N BT
LTW3. LangChain [3IEBOEELME - fiaT

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



% Multi-needle); % 27 [5] ZH2FR L, Yu HIIFR
FINECFHPENE CHEAMER S % Sequential-NIAH X > F
~—7 6] IR L /.

3 RUFI—JDEE

AW T, HAREBANEIH KX A kR bL
7o NIAH RY F~v—27 2 WEET 5720, JR2ERFE
R NIA A4 2% v 27 2FREL, £OD
BEDNEHHT — X % Haystack (FLEDL)
¥ L THER L 7=, Haystack &, 2t HE GEHEHA
H, #6557 —70, BH - MEKREHE, N7 R
X v MIIERE) EEEBRIT— & (R 60 %
TOEn Y, EHZENERE, lonl ML)
MO EINS. WEXE 1 Ab7zhor—2&IX
10k XFeR2E5MELL. T4 —1fR
EEB ORI EERL, EET 2EECHEA
DT —RTIFRL, BT —X LTHELR. 2
DEWRT — X DIER DN, Al =57 4 X TH
% Cursor (Agent Mode) ZVGH L7z, BRI,
Gemini ¥V —XB XL GPT ¥V —XDETILEH
W, ARG R o B & B IEMKEZ ot
FHHNCHRE D IR LR HAERR L 72, A HNICIZ B AR
THERL, DEWSUCTFHBED MR . KXY
Fx—2TlE, B—7—ZMFK (Single-Needle), #
7 — 2R (Multi-Needle), FR¥TF — X MR
(Sequential-Needle) O 3 fEEHD X X7 & 4 &G
L7z, BERRHIZR1ITRT.

ARIEEETIE, EEB 1R LIND 3 DDXR
I RATENEN 3T D, 9 DDERT Z2HE|
DYTTWS. EEER 60 Znzditddy, &
RRAY XA T 180 5D, fat 540 tFD X X796
MRXNET -ty b3,

S, £&X A 7123 % Gold Standard (1Ffi#
7 — &) % JSONL JE X TH#Efii L, Exact Match (58
2—H) 12k 2 BEEHliZ EfS 5. Sk h
B XA 712DV, Pydantic E7 MIZ & A H]
BRADOMALZEMST 5. FHio—EHEE2HEO7-
», F¥aX Y rOWMEETFEEEZNTVS.

4 FHE3RER

4.1 FHEXNRETIL

ARV F<—27TlX, LFD LLM %GR &
L7-.

« GPT % (GPT-5, GPT-5-mini)

— 1866 —

« Gemini 3& (gemini-3-pro-preview, gemini-3-flash-
preview) 3 thinking level I high IZ8%/E

e Claude % (claude-opus-4-5@20251101, claude-
sonnet-4-5@20250929)

IMSEZu—X REFALTH S, LUROHEH
ICXDFEEL .

o BLCHEERTWIALL LN TE Y, MEHEED
EICH LELOEBMENEHNZ &.

LLM BT T v IRy JRATHoTHRYF
~—27 OZYMIIMFERIRETH B Z L.

e —HF—FHHDY =K —K—=F [7] VT
F—FV—ZDEFNL LD B BOVIERE R
LTwaZet.

42 EBRBESIUNTA—4

AEBRTIE, av7F A NEIMREICE 2 2 HE
REMES 2720, REEE ID REFEINENXE 2
ZrTaryrFR MEEE IR BRI
FEANR— A TR/ 44k D SBRARIETETIVHIC GPT
X 361k, Gemini %I 535k, Claude % 184k ¥ L
7. U, GPT %R¢ Claude RO3EELDa Yy 7%
A MNERTERKEMNEE 8270 TH 5.

5 RERERCEER

5.1 XAVTERIC &K B 14EEETE

1icaryr7x A ME 184k (15 /RE¥EE, 3 135
B 2B 22 A7 24 THIOREE AR Z
RY. ZORERM S, Single-Needle, Multi-Needle,
Sequential-Needle DJEIZFEEIEL 72> TW B {E
MNHERTE 5. L L, gpt-5-mini DA Single-
Needle DSFAKDFGE L 72 o7z, gpt-5-mini D EEL
&, Mo E FICHARIERRERIRZ ST 5 R WEAT
HaZ PRI NT.

52 AVTFFAMRICNTSRAT7T—3E
)71 &ETILRILEER

212 Sequential-Needle %X 2 7 D€ 7L D 1HRE
LR Z RS, ZOfRLrS, aVYTXFXMER
B3 e BEXSHLTEZ L, RARMO MIET IV
B EMETVCKHEDGS S ZehReEIhng. L
L, gemini-3-flash IZBWT EMETIL L DFEE DM
BHENEZTWE. ROV F3—27Th
AR DY HME SN TED 8], ZAHFTIERL -
B FMIET A TRV E2RBEIN 5.

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



F 1. &2 227 DOEMAH

BRI T 815

Single-Needle

WEEE E001 D 2024 £ 06 A12B1) 2RI B D GEHREEZ 2 TL 723w,

Multi-Needle

3 E E001 DRFT DZANTEED < FRIX ?

. P ZILTH: ZILTERE A2\ . e > -
Sequential- R E001 ORI DOBREZ ., BT & 1%&80350 0 2 RR51D JSON JERTEHEZ TLZ&E W0,
Needle

GPT-5-mini _
100 361k
£ £
80 H § 280
£ 5
£ £ 230k

P 2 2

S s GPT-5 < 2 10k

~ 60 W gemini-3-pro K 3

s = claude-opus-4.5 § § 132k

© GPT-5-mini oo

3 gemini-3-flash

g 40 claude-sonnet-4.5 FONE QIR PP S O AR P

needle position (characters) needle position (characters)
gemini-3-pro gemini-3-flash

535k
20 7 7

t £
] 8

£ £ 2so
s s

0 —inal dle _multi-need! o roedl £ s

9 1

Needle Type s H
£ £
£ £
H H

M 1: 2>75F &R ME 184k O X R 7 BIKEE H g

100 v
90 !
gemini-3-pro

g
> 80
v
g )
2 (claude-opus-4.5)
& 70

60

"™\ (claude-sonnet-4.5
5
Bok 100k 200k 300k
characters

2: Sequential-Needle & & 27 D HREELHL

5.3 Needle IENBEEICEZIDZIELED

L

X 3 13tz o> 73 2 M E, BililiE = — R
& frPERRe Lzb—b~y S TH3. ZON
5, GPT, Claude RICBWVWTEa Yy FF A LD
FIER T OREEDME N % [Lost in the Middle
BR (10 BEATWR 2290 5. Fig, avr
F R FESHEINT 31200 T, FRESTORER
THAEZICBE XN,
54 IS5—9PWHMERYFI—IDOFYY

R

S BNV TAIERR & 72 o 7= FBERF| % Cursor
D Agent E— R Z BN BHROH LR, KEUR
M IRy Fv—7D0BER P20 & £
FOLOEENTHERET 2D Ikl £212

— 1867 —

& o o o N o o & G g s 9 S s o of

A A I S LA A . A I

needle position (characters) needle position (characters)
claude-opus-4.5 claude-sonnet-4.5

context length (characters)
context length (characters)
accuracy (%)

a
%

& o+ N & At ot &
At ~°ﬁ*‘ Rl
needle position (characters)

X 3: Needle (i & ¥ ¥5 £ DEHA

bt et e S
S S e
needle position (characters)

RNYFv—27 DRERMD D 2 KW %2 RS, R
C MEWEREIC B 2 B IEROEA) 2 THRS
T—RIZBIBIRE T MY OB X, NVF
~— 27 DFLBRDPEDORIRE TR T 2 72 DITRAEL
TW3.

—HT, RyF~—7NEEYNHERELTED,
EFNDHEREE AT & o THAE L= LHf v
ZOWREX 4 1TR”F. FREREZ, 74—<v b
BAFREST, BUEETE - HLEPREE, HAHHBET O 3
HTH3.

6 &

AR TIX, HREDNFEHHE R XL IR L
7HE D NIAH XY F~v—27 2R L, Rifion >
Zary7 A+ LLM OERER ZAINCEET L 7.
EERDAER, Single % Multi & D, Sequential-Needle

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



K2 RNV F =7 OUERMD B 5 KB & 2 xS 2 BRIt 3R]

LBNE—> REHHR IS5—DERK RYFI—IVREFH
EHREREICEITZE oM Ff#: [{"role": "HE"}] BRI B3 ED T, %
EFRDEA B 7 [{"role": "B ¥ A& I # BEZOAZEETZIE] 20
£ SHIFEHK S 5.
BRITF—FICE 1021 EfR: BRI & FOERFD 2 DA BRSOz MEBICEERD - 7=

T3RETVFVD

BN 4R

MIBEDOMFRIECE 3 2 R DA —2

H: RIMAE O W ERR &

RAIVTDEEREL,
£ EHIRIIE D0 L i
S HEET 5.

Math & Aggregation
mes Format Compliance
140 Date Extraction

120

100

80

60

Number of Failures

a0

20

GPT-5 GPT-5 Mini Gemini3Pro  Gemini 3 Flash Claude Opus 4.5 Claude Sonnet 4.5
odel

4 4: 7 ARIDORIA R L £ DHER

WBWTETVEOMWRENFEHEZ IR S Z L
bt kolz. k7, HREBDOFEBH XL VIZBWV
Th, aYy7F XA MRECTHERTT S [Lost in
the Middle) R MR SN, RRLFEH N F 2 X
Y NERWSBEO Y R IURE N

7 SREBROERE

AR TE SN ZHIC, SRIFRD 3 A
FN55. HFH—wg, REEOSHTHIAL 7 m
YT MOBKRIEMHEL, BEHT =27 V~D
Haystack OLRRIEER LI 2= —2avnm
JOBINMTE D, IHREBIGEVE RS TV A
ToOMGEEZ HES. 55212, SummHay X A2 [11]
DEIREHGERMEZ R 7 DBIMCELD, XD
EERR R - HEER A R 7 2Rl 5. 51T, RAG
AT L DOEGHEIC KD, KBE a3 b LA
TUICBITE ML — R A 7B EBNCEHES 3.

BE Xk

[1] Greg Kamradt. LLMTest NeedleInAHaystack.
GitHub, 2023. https://github.com/
gkamradt/LLMTest NeedleInAHaystack.

[2] Chenxin An, Shansan Gong, Ming Zhong, Xingjian
Zhao, Mukai Li, Jun Zhang, Lingpeng Kong, and
Xipeng Qiu. L-Eval: Instituting Standardized Eval-
uation for Long Context Language Models. Proceed-
ings of the 62nd Annual Meeting of the Association
for Computational Linguistics (Volume 1: Long Pa-
pers), pp. 14212-14232, 2024.

8]

[10]

[11]

— 1868 —

Uri Shaham, Maor Ivgi, Avia Efrat, Jonathan Be-
rant, and Omer Levy. ZeroSCROLLS: A Zero-Shot
Benchmark for Long Text Understanding. Proceed-
ings of the 2023 Conference on Empirical Meth-
ods in Natural Language Processing (EMNLP), pp.
7977-7989, 2023.

Yushi Bai, Xin Lv, Jiajie Zhang, Hongchang Lyu,
Jiankai Tang, Zhidian Huang, Zhengxiao Du, Xiao
Liu, Aohan Zeng, Lei Hou, Yuxiao Dong, Jie Tang,
and Juanzi Li. LongBench: A Bilingual, Multi-
task Benchmark for Long Context Understanding.
In Proceedings of the 62nd Annual Meeting of the
Association for Computational Linguistics (Volume
1: Long Papers), pages 1845-1862, 2024.
LangChain.  Multi-Needle in a  Haystack,
2024. https://blog.langchain.com/
multi-needle-in-a-haystack/.

Yifei Yu, Qian-Wen Zhang, Lingfeng Qiao, Di Yin,
Fang Li, Jie Wang, Zengxi Chen, Suncong Zheng,
Xiaolong Liang, and Xing Sun. Sequential-NIAH:
A Needle-In-A-Haystack Benchmark for Extracting
Sequential Needles from Long Contexts. Proceed-
ings of the 2025 Conference on Empirical Methods
in Natural Language Processing (EMNLP 2025), pp.
16538-16555, 2025.

LMSYS Org. LMSYS Chatbot Arena Leaderboard,
(2025/12/25 B %). https://lmarena.ai/ja/
leaderboard.

Tulsee Doshi. Gemini 3 Flash: X ¥ — F
Z 38 R U 7= & Jt ¥ R HE, 2025. https:
//blog.google/intl/ja-jp/company-news/
technology/gemini3-flash/.

Carlos E. Jimenez, John Yang, Alexander Wettig,
et al. SWE-bench: Can Language Models Resolve
Real-World GitHub Issues?. International Confer-
ence on Learning Representations (ICLR), 2024.
Nelson F. Liu, Kevin Lin, Michele Bevilacqua, Fabio
Petroni, Ashwin Paranjape, and Percy Liang. Lost
in the Middle: How Language Models Use Long
Contexts. Transactions of the Association for Com-
putational Linguistics, Vol. 12, pp. 157-173, 2024.
Philippe Laban, Alexander R. Fabbri, Caiming
Xiong, Chien-Sheng Wu. Summary of a Haystack:
A Challenge to Long-Context LLMs and RAG Sys-
tems. Proceedings of the 2024 Conference on Em-
pirical Methods in Natural Language Processing
(EMNLP 2024), 2024.

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



