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F—xty b Fik R-1 R-2 R-L Faith. Cove Cohe
Transformer [11] 30.6 10.8 24.4 - - -
AR BART][l] 387 161  30.6 - - -
ProphetNet [12] 39.8 17.1 32.0 - - -
XS Diffusion-NAT [13] 388 153 308 - - -
um Two-step Diffusion [4] 385 148 309 - - -
Diffu R—=Z 54 HEEEF L 3931 14.67 30.92 27.20 10.91 29.06
CORZEFE 4325 19.25 35.26 47.51 15.04 43.18
w/oUCB 7a—5 4 > 40.71 17.05 33.79 25.69 8.41 21.39
w/o HEBIESY 41.69 17.83 33.93 43.60 12.54 37.80
F—&tw b Pk RL B4 MT Cons. AnsCons. Cohe
Transformer [11] 2904 4.6 9.8 - - -
AR BART[l] 425 170 231 - - -
ProphetNet [12] 480 195 239 - - -
SOUAD Diffusion-NAT [13] 466 161 219 - - -
Qu Two-step Diffusion [4] $35 154 230 - - -
iy, ST A 74 VHREE TV 40.87 13.39 20.86 63.60 60.25 53.56
T OREFE 4407 16.06 2181 76.92 71.89 73.31
w/oUCB Fa—54 >4 4137 1324 19.56 54.86 51.69  44.44
wlo HEBIES 43.64 1540 2140 74.98 69.57 71.23
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R—ZA 54 EBET IV 46.92
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The original Kermit the Frog has been donated to the Smithsonian's National Museum of American History in Washington.
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A new version of Kermit the Frog has been donated
to the National History Museum in Washington DC
LM :

{Faithfulness: 2, Coverage: 2, Coherence: 3}
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An early version of Kermit the Frog has been donated to
the Smithsonian of American History Museum in the US.
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{Faithfulness: 5, Coverage: 2, Coherence: 4}
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Hyperparameter Value
Backbone Model Llama-3.2-1B
Peak Learning Rate le-4
Total Batch Size 128
Warmup Ratio 0.05
Weight Decay 0.001
Diffusion Steps 32
Inference Diffusion Steps 16

Max New Tokens 64
UCB Exploration (C) 1.5

K3 FHHLEAA =T X=X

A LLM FEEDEEH

AT, BHWR R L BRERZ A 71280
T, HEEHMGERE (ROUGE, BLEU, METEOR) % ffi5¢
3 572912, LLM-as-a-Judge 1230 < FHiiffAH A4 %
FH L.

PR A7 TIiX, FHiE I AN XEE R LT
SR LoD, ARENZSREN L T 5. Ff
LU D 3 il 2 SR X 5.

» Faithfulness: ERER & ATTXE L OEEMH:
* Coverage: AR ER D A1 3G HAE M
» Coherence: 2ERERTD HIR X

BB A7 TlE, FHMEiEIIANE, e
NzEE, ZREM, BXEETAPERLERM
ZZED, BURo 3 D & #2175 .

» Consistency: ERE R & A1 E L DS
» Answer Consistency: EXE M & [A1% & &M
* Coherence: ERERM D HAR X

FHEZ 1~5 D 5 RBETRE SN, HbETI1~
3XEEOREMNRFAIAFEEINE. TXRTOD
LLM 1A l& OpenAl API %38 U T gpt-4.1-mini %
HWTSEMLZ., Ra7iEr—&ty roed v
I HTeo THEL L 721, 0~100 OHEIFIIHRIEE
AL THE LTV 3.

B NAN=INTRA—REHE

ARFFETHOWZ BB RN =T X —RBEE
£ 3IWRT. RE(LFEE LT AdamW % WV, %
BRI + —27 v T av A4 VEEEHAS
OERATY 2= ZERH L. $TXRTOHEERS,
8 #: D NVIDIA H200 GPU % FIWTHEM L 7=. &K
TRy 78X, XSum 7—%+t v FTiX3, SQuUAD
F—Xtv FTIX6, GSMSK 7 — &t v FTlX 20
WCRE LTz,
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UCB Value R-L  Faith. Cove. Cohe.
Unconfidence 34.96 45.13 13.79 38.05

fme Uncertainty  35.12 45.81 14.37 40.04
Entropy 3472 4253 13.15 35.78
Unconfidence 35.11 48.53 15.07 44.36

H Uncertainty  35.26 47.51 15.04 43.18
Entropy 3475 4332 1349 36.74

R4 HRHFCBI2MlifEt 2 -V RT4 v 7 BXU
UCB fRRIEDFREICH T 2 8 (XSum 7—Xt v )

XSum
HOBIEES (k) R-L

SQuAD
Faith. R-L  Cons.

1(R—XF4 ) 3404 4411 4571 75.65
2 35.05 4737 46.16 76.17
3 35.41 48.04 4599 76.73
4 3392 4159 46.16 7543
5 3393 3934 4531 70.76
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* Unconfidence: 1 — Pl.(“’P'l)
¢ Uncertainty: 1 — ( Pi(top-l) _ Plgtop-z))

* Entropy: — 3 ; P; jlog P;
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