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FHRHEMEICRE L, AHOESSEDOEK
WCET 2 HIEk R KRB S EEE 7 VI AA IR
RIZIFIEETH 5. RgETIE, AR, #%
B DOV ERICBET 25 TH 2 7 L — L]
WE TRy T e LTHEZBZET, R AZOD
PEREIA B2 I 5. BEO—HFHEIOF v 7> a U h
LROGEDF ¥ 7 a v 2 iBINT 2H#EmE R 712
WL, 55271 —2H @O @i s 2 (b
H, 7Y N7y bOKEDN LT 30 E NS HEE
BiTolz. ZORE, 7L - 7L —LEHER
PR LS CRE RB ML L.

1 IILHIC

FEDO KRB EEE T (LLM) 1X, A I13H®
2D BRI E SRR e G oW @S2 - T
WD TRV (1], ZORE, HESHEEIcE
DET7U Ny MIEKTE 20, HkRFOER
WHBEMRERS Z & 238 L. FrameNet [2, 3] 1
ANBEORBICRE L7z, ANEOFEOSEDRERKIC
B2zl AL 2 EHTHS. 7L —LEK
4,51 SONWT, SEDOEKE 7L — L
Bk &2 R HRERITACET 2 ERAM ¢ LT
BT 5. Bl Z\XHEFEDEG buy & sell IFWVWFT D
Commercial transaction 7L —4 (HWF
e LM EER T 5 2 BT 2R
W) EMET XS BHEOLLMIZ 7L — A
W= ENCNE L TW B a[EEE A e X AT
5[6]2, RRAZIZED X577 L —LHFRBER
PIXFEZH S ITH o TR,

ARIFFEE, 7L —aEKmIH D 7L — A5G
(FV =027 V—L0BHER) 270V T M
HDAA, LLM ND 7 L — LR 5 0 F &k %2
FES 5. BRRNCIE, HRE o KRB R e
WIS 2 HEGRAREICH LT, Tary S YAD T L —
LAGROMEE (7L — LB FRIEFE) 58
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H (ERFED A/IENEGE) ZHEAICELSHE, YO
S DI DRG] B E RS 2 R ARz
KX DEBMIILL D@D TH 5.
e 7L —2HE Tu S MG L, xR
JTOEMEYE, 7/ 77— a > OREEH
WXk oTHEENENT S22 2R LT
o HESCIEHR = WordNet ¥\ - 7= 5 35513 % 1+
B3 28 R LT, 71— 285050
BV REE b 5T e BR LT

2 REFE

LLM O 71>y 7 M2 7 L — LH3, B,
WordNet [7, 8] T =15 L, #EamlEREZ ik L 7-.

2.1 WHRA2RXY: SWAG

ARIFFE Tl SWAG (Situations With Adversarial Gen-
erations) [9] X A 7 B W=, Z AKX EFR O MLE D
¥y FrarEEiEE LTHEZR, ROGHODF ¥
Tva vk ARTES, IR KRB fR I D
CHERRAERZIN D XA THS. REBEMIIET)
B E 7 4 V&) VT RAABE DY adversarial 72
FHETEREINTVS. DUNCHERZ RS
HIHEX: That player then throws the ball across to a man
on the left.

1: A man throws a ball on the mat with other people watch-
ing in the background.

2: A man kicks a ball into his crotch.

3: A man grabs the ball and throws it in the goal.

4: A man in white shirt throws a ball around another boy

while the man throws another ball.

2.2 SEER%E(H

frame-semantic-transformer [10] Z AW T 7o >~ 7
M7V =2z G L TSI R—ZADAK
fEMTARIE P OERZFREL, MIT 27 -4k
71V — A2 (Frame Element; FE) ZH#ET 3. 7
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L — A BEORSEL 89%, 7 L — A BEMH 0K
X 75%TH5. AFETEIL—24 - FEBXU
T —LERBXDRID 3 X &5 L.

2.3 HERERTE

ARFEERTIE, SWAG MGEE T — & 5000 2> & K5
B X e B UOHERZ B OEREICFE T 7L — a0
O R LY. Hor 1879 IcT 2 7 —
Yay @@FR) E LT7L—olER dRRFE), MY
1%, WordNet ¥R 3 AN 5 L7z, & 55EE
WMOTRUI BRI 5L, () 2RNEECS, i)
WESTRRATIC & D [F5E L 7o K17 S O Head (RS T
W FERGE L MR DA 5T % 2 BEOKE TR
7. i) OFEREIZ RIRT.
1A L DW: The man lifts the barbell up to his chest.
REFH: 71 —24
c 7L —2%

+ 71 —AL$A&FE

Cause_motion [LU: lifts]
Cause_motion [LU: lifts, FE:
AGENT: The man; THEME: the
barbell; GoaL: up to his chest.]
c 2L —LA&EFR Cause_motion [LU: lifts, Def-
inition: An Agent causes a Theme
to move from a Source, along a
Path, to a Goal.]
lift [nsubj: man, obj: barbell]
(RS I H D TR0
lift [raise from a lower to a higher
position] (synset 3 & (NEF)
FESLEMR T stanza [12] Z W TREEZHOE L
T MRFRER 2 HUS L 7z. WordNet 5% 155 % 55
frCidsa, B, A, BlFEzNRe L, fEE
BERRMERRIH D 72 1T Lesk # [13] ZHWT, EHEX -
BRI AL & O HGEEIL D AR K L 72 5 synset
REAR. RFETIRHERETOREEZEBL,
API T i il 1 °] BE 72 GPT-40-mini[14] %& I\ 7z.
A= I G ESCITE 3 @l P &t N Ot I 3
XOFERZNE L ((fik Al 22K). EERE
e L, #RROIRRIEEZ 7 > & LICEIRS 2 8L
- FRSHEDEBELTETLLFIZRET 2.

3 BR

AHEHITIE 7 L — 25RO 525 LLM O #E SR 14:5E
WHZ BN T A, EF7 /57— avyoE
FE/AT 5% P O 3B D DS HEGRE B I NI TR B R R

PRBETI: WL

e 1% WordNet

D TR A2 22K
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R1 SWAG KB 3 7 L — LHERD 5L ik
ZfMF (FrameNet)  ffGip]  IEEH®R

72 L (Baseline) - 752 +0.3
PNEE  79.8+0.3
AN 2 \\@ﬁm
THEDA 799 + 0.4
PNEFE  795+0.5
71— L% &FE T
TRFED A 803 +0.6
PEHNEFE 795+0.6

7V — L H&EE L
o 3dEOA 799407

L, RiZ FrameNet ¥ i SEEHFREIR = L3 5.

3.1 7L —LIFREEREDLLE

7L —AIEHROMESE (71— 2%, FE, &%)
T HEE (ENREBEREOA) AL Ett
BHRERZR LIRS, WINODZEMETD Baseline
(75.2%) e L C—H L THgEsm E L. 5
HFIC X AMEEE NIV DD, ZLDEMFICE
WTERBREDAIMNEG LEZARDLTPICEVIES
RrrLl £, 7L —AL%ICFE ZBINLEE
B ERFED AN GLEAETHRES S SICH L,
80.3% ¥ i d E W IEBERNE SN,

3.2 EFRMBHERDLLE

RKIZT7 L — LA e o SEERIEE, WX IE®R e
WordNet |H# % {5 L 72 85E O HERELLE &2 2% 2 1T7R
F. 7L — ABHIZOWTREIEITHWE&tED S
bbb WMRERE, oz, T —bH 7L —LEH
ZERGEOAIMNEGTIRELRHA L. DIEOHE
BRTHREIL 7 L —aEHmEMHF2ZHWS. WIhoF
FEERE NS L7258 T% Baseline & FLEE L TH:EE
M EUD, 7L —LEREMNS LM Tl
IHHE R WordNet & LL#E U CSEMREIK & 22 o 2.
HSUERONELIBENTH - 7-#HE L LT, LLM
W ERE - HINRE X W o T2 BRI 22 i S B (R % LR
IEFEICIRZ 2 Z e PGS TE D [15], BIEHR
LLTCHDICHEEL e o 220l RE DD 5. 72
WordNet _FDFEHRIFFER DO X FIREHICIZENTH
%77, HRE O R SR R0 1 A e 1 & 1B 4
KHLZW., 2D, SWAG D X 5 B RDITA%
T2 XA 73BT RwWeEZIZONS. 2
KL 7L — 25, HkED &4 Fo%E
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K2 SWAG IZBIT 2 SiBEIRORNR L

5 on AR E R IEE#
72 L (Baseline) 75.2 +0.3
1158 76.2 0.3
WordNet 773 +0.5
71— L%&FE 80.3 + 0.6
71— L& 79.9 + 0.6
7L — LABH&FE&HESL 79.8 £ 0.6
T — LL&EBRKMESL 794 +£0.7

W 7EHREE 2RISR T 20T, KX
TOHEMCEEZF S LEELH 2. 7L — 20108
e MESCOFHRE O L7258 13 EeEm LR s
3, EERIDLITPIERLZ.

4 o

4.1 7 L—LHFEHEEICEBIEER

AREITIE, 7L —2HB G5 X 2 EENREEE
MRS 5. MHe LT, 3.1 fickatiEsr
RUZz, BIREOERFEOAICTI L -5 7L —
LEEEMNEGT 252V, kB, ARIF 4R
7203, MHE O#ESS |, Baseline 2SR L7=32 b X &
7L — LEHDEIR LB DAL R .

UFD 3208106, 71— 2H#EETNLOH
WL HE 2 SRR — R b W S BB R & KRB
FREZRLIHAEANCZLIE I EZONS.

411 FHINZEGRROEREAT
ZOHRMBOFHEXTIZ S u RS OFEHE L WS BE

IR IRENTED, ROHEKEL LTIX

ZHANOMNUUTAPEEZNS.

BIEEM: Underwater, the ship’s main propeller slows.

SRD3:An engineer cautiously approaches the cabin
panel.

IEfBI:An engineer ILlls down a thick lever.

IEE XD FBEE pull 13 Manipulation 7 L — A,
BB D EIREE approach 1 Arriving 7L — A%
Wt 5. T 2 TIATIR X DRI ERL LS 5
Manipulation 7 L —ADHDHEYITH 5.

4.1.2 EBFET L —LEDEEYE
AITE XD EREFETH 5 raises ¥ EEX D FhEE
lifts X85 5 B glass & FEIZHH, ML 7L —4

— 3753 —

Cause_change_of_position_on_a_scale % M
2 DIzNt L, Baseline 23 EATIE D XD FE 3B
FED smile D’MAFE T B Making faces 7 L — Al
raises ELE T 2 7 L — 4 ¥ HRIBERZ 7= 7000,

B :Someone raises his glass to someone.
$2D X :Someone smiles and pushes out of the chair.
1EfB :Someone lifts his glass, frowns and then sips.

413 R -HMEIL—LOFIA

PUF TR, BEi* v 7> a 5L AR
FOHFEXEHEL TW5. ERSXIREE shown 3
Cause_to_perceive 7L — AR L, HiIEX
ERBICA A 7 OBRFTHELTWS. HLTARD
XD FIRGE dances 1 Self_motion 7 L — 4 &l
ET2ETHD, AR RARIRLS.

BUHEN :The camera zooms in on the trumpet player.
ERD XA girl dances on the stage playing the drums.
IEfBN:A girl is shown playing piano.

4.2 7L —=LAHEGSOFRFED

CIZTWE 7L —AFROED U IS HESR
HREICE X 2B EIT 5.

4.2.1 FREHNMREEICERZHE

9, 71— AIEHE BRERNICHITR L 2B o #
iR Z LT L7z, 7L — LK&FE (&
WEE) &M NRr L, 7LV — 2%k FEOMEIE
REALE L. BXOTRENMEZ m, RERZ
ratio € {1,0.75,0.50,0.25} ¥ L7=. (i) ZERENLZ Z
¥ & L2 [ratio X m] fE{RFF S % random e & (i) #
SCHYER B IEY 1R 4% 3 5 syntax-based & % 31T
2. TOEATHARD 1 OOFEREEL .

1 IZHE R Z 7R 3. random SefF TIXERLRRE R
DR TITHVIEERSIE T L. FdEOAZKL
7HE LD DB VTHLORFFRTHEEFRMRNZ &
5, HEERMERED M EICIZ 2 TOETERBLETIER
WZ RIS, —7 syntax-based SofF TIER
FFRZET I THEEROE NI NS ol T
DAERIFEE R 7 L — LFEROFER S HEFRIERE D[]
FRFHFETHI e ERBLTNS.

2) EibFEE, coni THEMIIMibFE, BHWEE FMRER, =
BN
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0.84 4 FrameNet (EREEDH)
----- Baseline (fEMR)
0.82 1 —&— random
—— syntax-based
0.80
— U )
? & L 4
# 0.78
“
tH
0.76
0.74
0.72 A
0.70 T T T T
1.00 0.75 0.50 0.25
ERRREE

B1 7L —aERERERS RIS X 2 E

0844 Baseline (M)
—— random

0.82 4 =fi= near

0.80 | ____.+____+____+

0.00 0.25 0.50 0.75 1.00
TL—LTNIERE

B2 71V—247\VOIEMEIHREREICS 2 2 2.

422 7L—=LSRIIOEESICEAT S0

XKz, 7 L— LIEROEMEES RIS X 3
BN Uz, ENEBICAS U2 EREREE
L, FEXLUZZZTIC7L—L%DAZEXN
oI NIVICEEIZ 2. 71— LD EKIC
%, (i) FrameNet 2K & #EE 4 125% K $ % random
ZfEe, (i) 7 —afBERICESEITTOT L — 4
DEET L — L% EIR T 3 near 4D 2 FEEHZ FHW
7z. near $:fFTIiX, FrameNet 1.7 ® 7 L — L B3R D
LA ST 7R L, MORBIRHS 7L — o8
FReMEhz7 v —aFlLeiRE 7L - AL
72, BIEFEREBALZ R p € {0.25,0.50,0.75,1.00} T
ELCTHELRELZHIEIL, 7L —2%0EKN—E
PED PSRN R DN TR DOMEREZ L Z 737 L 7.

X 21%, 7VL—2%0EMHEEBERINCEKRNXE
7235 A OHEFRMEEEZ /R T. random SefF TIXTBHRFE
DOEIMMENIEE R HFFNIAK T L, BRI IR
BTV —LED ) A R DZeDHERI N
— 77 near SRAFTIITERB LN E & % & ERRIZIZ
EF—ET, 2ETCOI7L - Z2BEHMIHETD
Baseline #ZZ € L C EHl»7-. ZO#ERIZ, 71—
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®R3 GO ERLEBEEDFIES L O RIE
S IR CHIEEE Py

Baseli 1Efig 0.9749 1.0000
aseline
FIEfE 0.8724 0.9687
FrameNet 1Ef7 0.9750 1.0000
rameiNe
RIEfiE 0.8633 0.9562

LGDSERICIERET/ L THEMRANZITWT L — A
THIUIFRE LTEHTHZ B2 RLTWS.

4.3 HEEREIEED DR

7L — LAHEROE A DSE FILOHEREENC S X B
BT 5720, EERIIMAT, ETA2%
FEREOCHI D YT ERICEH L 21T -
72, LLMIEEZ I L ThEWH iR 2 E D Y
THMEEAEZRT ZePMEZINTED [16],
JEFRRE L3N, HER  IEERA SR OBR T
TMTHZENERTH L. RIS TIE, OpenAl
APL 28R T HHI D1 b — 27 ext 3 2 0t £
(logprobs) ZHW, top-k IZ& Fh 5 HEIREITRE
DL EIEFLEEEZBH L. o ERLEHE
FE 7% I - SRERNCEE LR Z R 3 I1ITRT.
WM DM T b IEE TR IEME b LT &
WETEE 2B X 7223 2 DIEFNIX LA T
A B 7=, Baseline S & LL#K L T Frame 54 Tl
IEfRRFIT OER T IEFULEEE OEIGEL DT 2 b
AL TV —HTAEMRHINCEBIT 2 EEEIXETL
TV, ZofERIZ, 71— aEROMNERETFIL
DHIWT % —kRICHRD B DTIE#2 L, IERROHERE%
fligR LoD, BN OME(E %2 I3 2 77 N Hesmz
2B TV B AlREEZ R L T\ 5.

5 &hHDIC

A TIE, ANEOFD, BB ARMEICE D
SEOERICE T 2HERTH 3 7 L — 2 AR HER
RAZIZBT 5 LLM OIEERDE EICHENTH S
T ERLE. HRED X4 Fo&E e v R R
12525 Z & T LLM OB ERRIFHN RiEsE—
o o BRI RS HE D RN Z(b T 5]
BEMED R XNz, £z, 71— AEROMEEFRDP
Z  OVDIEREW R IE L 720 &, #HERRIEREE
RETE RS EEEDSWIERORFRIIKET %
ERL7e. 7L — LHIER R O ERAIGR D L EE TR &
27 TCIHEHAT 2 e BS5%RORETH 5.
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A SRERERE
A.1 Prompt

LLM 25 2 7= System prompt £ User prompt % 7R3 .
r System Prompt ~N

You are solving a multiple-choice continuation task.

You will be given:

- a context sentence

- four possible continuations, each identified only by a num-
ber (1,2,3,4)

- optionally, linguistic annotations for Q or each option
Important notes:

- The numbers 1, 2, 3, and 4 have no inherent meaning.

- They do NOT correspond to any conventional ordering or
likelihood.

- The correct answer is NOT correlated with the index.

- You must not assume that a smaller index (such as "1") is
more likely.

Your task:

1. Understand Q and all options STRICTLY based on mean-
ing.

2. If annotations exist, treat them only as optional hints.

3. The meaning of the original text always has priority.

4. Evaluate all four options fairly.

5. Choose the option that best continues Q.

Restrictions:

- Do NOT choose an answer by pattern or index preference.
- Do NOT randomly guess.

- Do NOT choose based on any ordering or bias.

Your entire output MUST be exactly one character: 1, 2, 3,
or 4

No explanation. No reasoning. Only one number. If an-
notations are provided, treat them only as optional hints
about the type of event, and still choose the option that most
naturally continues the original text.

J
User Prompt
e P N

Sent: That player then throws the ball across to a man on
the left.

1: A man throws a ball on the mat with other people watch-
ing in the background.

2: A man kicks a ball into his crotch.

3: A man grabs the ball and throws it in the goal.

4: A man in white shirt throws a ball around another boy
while the man throws another ball.

FrameNet frames:

1: cause motion [agent: A man; theme: a ball; goal: on the
mat]

2: cause harm [agent: A man; victim: a ball; body part:
into his crotch]

3: manipulation [agent: A man; entity: the ball]

4: cause motion [agent: A man in white shirt; theme: a

ball; goal: around another boy]
J
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g4 71— LAFERGETOEERDE TR

ETIN Baseline FrameNet
GPT-40 mini 752 +0.3 803 +0.6
GPT-5 mini 809+04 849+04
Llama3.3 (70B) 763 +04 793+0.3

5 HellaSWAG I2B17 3 S EE RO

HIGEE DR () IEEH#

72 L (Baseline) 832+ 1.1
19 83.7+04
WordNet 847+ 1.3
FrameNet 85.2+0.9

A2 FHETF—2DT71NR2I2T
TEROZRER 2 72, LUFOSMTHRBEE RS L 72
RSB IR SL | FER I MRWSCR EBIE A W, TR
CEFDOIEHNTES (B : welthey + VBZ) B2 &ET
ZU—A8H#E 3O EOERELRR T E7 L — 228D
Z2L—2bKL  £7 L —LRKGEDBERH 2 4 E

A3 7/T—3rOriLig

MEREM] b D 7= DIFEREF D I LUT O RiALE % i L 7=.
KL DOHASEEL | LU (xxx.v) DA ZEREL, 7L —4
4% FE OB 2/ PNCFL L _BEEAICESIRZ 7.

I A X7 L —LDRE | [BHMEIEW Adjacency R ED
7L — LRMERERED 7 L — DR L 7.
Core FE DI DERZ : Peripheral FE % [R%E L 7z.

B AILEYFEENDLEE

AT, ETABLET—XLy FOMWEL? S 7
L — 2 ERO— AL ERE R BET T 5. 71— A ERICIE,
TL—A4%Y FE 2 EREDO AN ET 2504:% AW

B.1 EFILAML

7 L — LERIC & 2 HEER A GPT-40 mini M4 €
FATHEB XN B0 ERHARNS. EF1L2 LT
GPT-5 mini ¥ Llama3.3(70b) [17] & W=, #ERE2F 41
RY. COEFATSH 7L — L ERZNE5 2 L MHEED
B ELTW3 Z R TET
B.2 7—4tv kAt

TV —LERPOTFT -2ty MITBWTHEM»%
MEET %72, SWAG OJR4ETH % HellaSwag [18] & FW
7-. HellaSwag & SWAG DERILDOHTEEAIRTFH32
ZILWEIEFRER S DERELL LI DHESEOE T —
Rty FTHD. MEET— &5 900 B2 L, SWAG
¥ [Al—DFEE T GPT-5 mini % W T L 7=.

£S5 TlE, COFEBRENMNSE LEEMHTD Baseline
LB Y, FFIC Frame [§HZ2 5 L 72 KPR S BOVIES
RERLE. ZOBRIE, 7L —2FRBIEZBHIFHH
DIHIX N R ECBWTHETH D, HEKFHEOE
BRI S M7 D OBINE R I ATREE 2 RIE 3 5.
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