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You are a grader. First, several model answers, student answers, and their
correctness are given as examples. Then, read the provided model answer and

the student’ s answer given last, which is the target to be graded.

If you consider the student’ s answer correct, output "1";

if you consider it incorrect, output "@".

The output must be a single character, either "1" or "0".

Even if the judgment is difficult, choose and output the option that seems more
likely.

B1 system 7> 7 b

Example Model Answer: EffE=F LH7Tc> TLAELDT. IRTHZL VIR
Example Student Answer: B{EHQUR > TEL=FET. IRTOHDOHNZ LH > 7=,

Grade to this example student answer: 1

Example Model Answer: T2 ICHRENTI/OHDEERIZTZ LT FHABRICERSZLSICH ST
Example Student Answer: FURE TODHTICIFRS IS, BARKEITEFLW_ AR THI EZEHITT S

Grade to this example student answer: @

Example Model Answer: FERHVARFRIBICE DV THIES NIESR.
Example Student Answer: BHENARIBICEDCHEIEZEAET

Grade to this example student answer: @

Example Model Answer: WS SARBETUWATAHTH. ENHAESHRZHDTHRWVWZ LIZR DWW Eh 5,
Example Student Answer: AB CMATH? ? 2 THRWVLI XICKRIWEH S,
Grade to this example student answer: 1

Example Model Answer: BRUETld. BIRCHEHERZRUDITZRELHZD T, ZBEZBI THROCCHIEEICEETH S,
Example Student Answer: B TIIBIRCEHEZUDITZBEHH S

Grade to this example student answer: 1

Model Answer: BEBEZEDZEZRS5N2HH LNEBVWCHEFT35F56,
Student Answer: H LM LIZSFHEIEHNRZIZDTIEAVWHCEFITZ25F 5,

How would you grade this? Please return '1' for correct and '@' for incorrect.

B2 user 77+

B 325% C (FS FHIDIEREISDEE): RERER (Presicion T Recall)

SR C (Few-Shot M| D 1IFFRE| & DA H) DEERIEER (Precision £ Recall) #7873, Precision 1%, L& DE|
BMBZVIED DEV, Recall 1X, FS FH|7 — ZBANFOGEITEEFNZWVE S 23E L. HEIOEEIZIES
BIMZNZE D DIE,

F5 FEERC(FS HHDIEREEDEH) #EE (Precision) 6 SEER C (FS HH IFREEIE DZEHE) #5E (Recall)

_.. | FSEHEHI | Precision ( 1F : #%) _.. | FS EHM | F Recall (iF :3%)
ETIV | L N ETIL | L .
F—& | F=&| 17 \ 4:4 \ 7:1 F—& | F—=&| 17 \ 4:4 \ 7:1
ANF | AT | 84.1% | 85.5% | 87.4 % AF | AT 894 % |84.8% | 80.7 %
GPT-4o| AF 1) 83.7 % | 88.7 %o | 87.5 % GPT-4o| AF £ 44.3 % | 37.4 % | 30.0 %
HE) 83.3 % | 84.6 % | 86.2 Yo HE) 60.7 % | 65.4 % | 67.6 %o
91.3 % | 92.9 % | 93.2 % 71.3 % | 66.4 % | 64.9 %
GPT-40 AT | AT ‘ ° ® GPT-4o ANE | AF ° ‘ ¢
L ANFE 1) 90.9 % | 92.8 % | 93.8 %o L ANTFE ) 20.3 % | 19.3 % | 16.9 %
-mini -mini
HE) 91.1 % | 89.2 % | 92.8 %o HE) 33.0 % | 36.0 % | 38.3 %o
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