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AFFETIE, WL F KRy T QA RAZIIHL, X
FHoWiSIRL & X RfEE M O FFIE R HAE
e RAG 7L — 27— DeconRAG| %
BET 2. 3EHEOALF Ry QA FT—XE v b
THERZITV, DeconRAG IEHE3K D NaiveRAG &
MO AEZRWEFEID DEWEELRL .
¥ 72, ZBRHEGRS RAG FIETH % ChainRAG t
1L Td, DeconRAG X2 DT —&+» +TL
[ hoD, HERHRICHENS Z LRSI N,

1 IXL&HIC

SAF Ry T QA XRRZIE, EEDW Rk
R S EMEHA L, HHEREMICEZ 28
MDRDOENZEERRRAZTH S, EE. D=
ANFRY T QA RAZ I L TILL FHXIATW
% D7 Retrieval Augmented Generation (RAG) [1] T®H
%. RAG X, K SEE TV (LLM) O#EGe - &
RBES] & ANTAHGRMR ZHAGDOE S Z 2T, &V
MEREZFHEL TV 5.

PERD RAG ¥ 27 L TlE, ERID R Z BFE 2
T v TR Y, LLM OHERREN ZEH L3 £
XERILRPIBRINTE 2. 205 DFIETIE,
B TERIER - BE - BB EREZEREICDz-T
BOIELITS 2T, ~LFERy 7 QA NDHEILH
5TV 3 [21[3][4].

L2 L, EREoEiTmsEnZ  HimEafEicE
LTW3—HT, BBkttt s v £—
P OXMRMEFEE DB IEZ G TE TV
V. F7e, BRI TERERSCHGRA T v T
BEET 5 HN T, HERR S I LLM ZFECH S
RERD D, HIRFEEEDIRD 55 QA B R 71
BOTIIFIERESYa R RS RFREE 2 5.

NS DFFEE RS B 7212, RIFFETIE, MR
R E 2 XEEB LRI (Decontextualization) [5]
L, O DESPLER L I-EREBRENRE
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$ 3770 —F DeconRAG) ZIEET 5. i~k
bk, XL ZFNEKRTEKRERITHMII L
BBEIEMHMITZTHSE. ML n/-E
PRS2 22T, XALOKFERICEGEINS
Z 272K, LLM DR ERHIG T IETE D DRI
HHETE 2 Z e pfFEIN . X512, BiXRbX
NXeTLOX e DEDP SEMEERTE L
T, WIAFERY FTQACBWTHM XTI
TR T 2 MBREEOR LD RIAD 2. K<
T, 320V F KRy 7QAT—XEy bEHWV
TIREFEOFMEZITV, [EEREE & R0

Do FDENEEBRIET 5.
2 POEHRE

2.1 Retrieval Augmented Generation

Retrieval Augmented Generation (RAG) [1] 1, K
BESEEE 7L (LLM) O ERKEE N & AR AR R %
MET 22T, MEREMDERHGEMERZ E
W aMHATH 5. FEX, ERSHLER (6,7, 8],
LLM IZ & % REBNAY 72 R [9, 10], B X UCEMH
BDZ 7 7{b D A7z GraphRAG[11] 2 ¥, £
FRIZ BEMMRR I TV 3.

FRic< L F Ry 7 QA XA Z 12 LT, Bl
ROV TEMICHEL, MR - #ame BRI
179 Z & T, LLM O#tgmae 2 &R KREH L TH
ExRm X2 FEIERE Lo TWVWS [2,3,4].
ChainRAG [2] TlX, BRMXORICER LR 7 4
T 4 b D lNost-in-retrieval ] IR ZF < 7= 9
12, 7 ERMOEE D SROY TEBAN L RigL v
TAT AT 2EMXOFXZZEALLZ
CTHERMELZEHRELTWS.

2.2 PRt

B SCHRIE. (Decontextualization) 1%, SCeWT ) <
Y — D% Z N BERTRIRATRE DO XHRMTEME D
D7) ¥ UCTHAERKS 5. Choi & [5]13 2 OFfRE
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1

After the lineup settled in 1993, the band
secured a recording contract with Maverick
Records, and subsequently released their
debut album Adrenaline in 1995.

The band's experimental nature has led
some critics to describe them as “the

Radiohead of metal" metal"

AV VI0E
(1) BERxXS#
ANEMX

. Which California band, whose

debut album Adrenaline appeared [

. in 1995, has been referred to as !
"the Radiohead of metal"?

1
BHRELEX —:—:—>
E T

Deftones secured a recording contract with
Maverick Records, and subsequently released

1
1
1
1
: After the lineup of Deftones settled in 1993,
1
1
I their debut album Adrenaline in 1995.

1

1

Deftones' experimental nature has led some
critics to describe them as “the Radiohead of

(2) XiRHFEERCERK

X ARAHTEE RN
iR FE R 2

1

1

I

1

I Which band's lineup settled in 1993 and secured
I arecording contract with Maverick Records?
1

1

1

1

1

Which band released the debut album
Adrenaline in 1995?

XHRAETEE RN

Which band is described as having an
experimental nature that led some critics to call
them 'the Radiohead of metal'?

—_—

Which California band
released the debut album
1 Adrenaline in 1995?

YIER2

Which band has been
referred to as 'the
Radiohead of metal'?

Deftones

________________________

B 1 #E%EFE DeconRAG) ORFER. *+ 754 YUBTHXIRILIC X D HIfCER L TBWREME, Fv514 >
W T ANERI DY 7B ZHWTHRERT 3 22 TIAF Ry 7 QA BT 2MRE LR LICEKRT 3.

ZEAMLL, HafES, (BHFEENR Y OfFE X
AT LT —Xty PEEERLE MAT,
HBEENT AT T OMEHIC X 2 BEL & 3
$ 17D, NLP JGHANDBEMEIRENT WS,
AR LLM 12 X % Few-shot decontextualization [12]
X, BHEXED R =Ry MR [13] 72 EFEEKRD
RENHET—F, LLM O % ikt < -
XIWIZHRELTT7 77 bF x v 7 %17 I [14, 15]
PIREIN 2. BXURILIZISHR R NLP & 2
ZIWZEH S VRO TV 5.

3 RBEFE

AT, “LF Ry 7 QA XRAZIIBIT 5 XKk
RIEM: DE R R T 5720, LEDE 2 Bk
fbL, XBHITTIEX L DEDD O MRE TS % Sk

SEERMI 2T % 'DeconRAG) Z1RET 5.
B 1 ICAFEO R ZRT.

3.1 #7510 0E

9, XENDOAUTH LT LLM %AW T
IRICALEEZ 5. B R e > 7 M3k A2 ©
X 2123, UL, EXHEIIKEE T EN
HIRCEWRSEI M L2223 X5 ICEEHL
52702 ThHD, LLMBLHEEKEZANLELTD
BERZEMICIERELL T RS,
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X502, BMXARIL L 72X e & D ESEHRD
5, LLM Z W TR EM 2R T 5. #
RIS EL & 72 B XHRIFIN R Bl E H 50 UD'E
M LTl LTHL 28T, BMERIZIRICHK
FLEARERE A RINICHETE 2 X512k 5.
Bz 7a >y 7 M3 A2 O 3 1TRT.

3.2 FUS5A1NE

WHREETIE, 22— 250 EMZ2ZITED,
LIM Z HHWTH—DOZFZIDEE %V 7HBIC7E
3 %. B EZ ChainRAG [2] ICHEL, DERIGE
DADRL, PERGEZIZDOEF L T2 2EBD
ATy TRZEHAT 5.

MERIZ, &Y 7EM 12, URDIEFT N X
25 EFTHIGT 2WXRIE R IEEST 5. 5, #H
DIAABRTZ MVOFLENS T DL ETH D, »0HEM
XD BERIFED T % AR SEE MO s 3 % i
XHRAESC % BAERNCBINT 5. RiC, REMENIE—3
U7 < THHECEDBME T DUE ¥ 72 2 CRfsEE R
SRR T 2 BSCRIE S %, BRI D3 o IE B
T 5. wERIZ, LE2EROMBSIRIL L Z MBS
L, EEOEWIEZEMS 5.

ZD XD BREBENRMEBETIE L 2&Y 7EM
WREHE T 2 BRIE X N X8 2 — Y EM % LLM
DASE LT, BREEZEDEREITS. Thbb,
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Fik QD MuSiQue 2Wiki HotpotQA
F1 EM F1 EM Fl EM

NaiveRAG - 2890 2000 | 3771  33.00 | 4436  31.50
NaiveRAG (QD) O | 2625 2050 | 37.05 3200 | 43.67  31.00
ChainRAG O | 3874 3150 | 49.43  43.00 | 46.60  36.50
DeconRAG wo/B 4 iR - 30.04  23.00 | 3574 3050 | 54.87  42.50
DeconRAG wo/H 4K (QD) O | 2710 2150 | 3681 3200 | 5432  40.50
DeconRAG O | 3793  29.00 | 5140 4450 | 59.70  46.50

£1

LLM 12 & 2 &R, 22— ERICHT 3
BAREERFD 1 BEFZ I TH D, ChainRAG D X S 12
B 7HBZEICLIM Z#& DR UECH T Z 2 i
2w, ZOEEHT X D, HEFEETO LLM FEOH
LR % KIEICHIR S 2 Z e 3T 5.

4 EER
4.1 EERERTE

~IFRy QA T =Xty MiE, MuSiQue [16],
2WikiMultiHopQA (2Wiki) [17], HotpotQA [18] % Fu»
7z. ChainRAG [2] IZffl\y, 30D F—&t v b5
FZ200HDQA R T VALIHE L. T—Xty
b DFEMIIE AppendixA.1 IZ/RF.

FMfifEIEIC1%, F1 227 ¥ Exact Match (EM) A 2
7EHAV, U3 FEL OHEZIT- 7.

NaiveRAG A7 RAG. ANERIXX TR %M
KL, by bLAEXEaYT7FRA 2 LTLLM
DANET 5.

NaiveRAG (QD) 'ER3 % 77 f# (Question Decompo-
sition) L, 7fREL&Y 7HRMICL v FL72X
A 7TFAPLLTCLLMDANET 3.

ChainRAG [2] * 7 7 A4 YILFETIX, & &L
My 7474 OHENERHL TS 71
235, AroA4 VETIEX, BITIT A 7HE
MoEE 2RO 7EMOEZHZIICHWS.
HV7HEB Ty bLEXE T 7 EOEFED
XEaAYTFAMLLTLLMDANE T 3.

¥/, BEFEONYV 7 b LT, XFEHNDOH
XEPHRIL L7 XD AERBENR e L, XARHHTE
BRI DAERIITH W [DeconRAG wo/ B 4 AR
WZOWTH, ANERXZIRT 256 7R LR
WS DO THEBEZIT- 7.

REFIE, HRFEE HICHEHDIAARE T I text-
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PR (%). QD WXERICD 7 (Question Decomposition), A\ RFHIifE, FHUIAMOFHIEE R .

Fk | MuSiQue | 2Wiki | HotpotQA
ChainRAG | 10.08 | 9.61 8.89
DeconRAG | 293 | 2.98 2.81

F2 BFHEICBIT 3 LLM U L oFEEEEK.

embedding-small-v3" %, LLM % GPT-4.1-mini? % F
Wiz, XARFHTCEM S DMRBER D a3 4 > LE
DFRETIZ08 LT Fi, TRTOFETEY
THEMIIN L THRETZ2XOMNIEF3I L &
B, ChainRAG TlX, X7 7 72K T 5BITHV
% seed ¥ 12 B XD 1 ITRE L 7=,

4.2 R

MERZR 1IWCRT. 2K LT, DeconRAG &
WERFHEHEBR L TENLEREZ R L. 7,
NaiveRAG P NaiveRAG (QD) ¥ [t# L T, DeconRAG
Be7F—Xty MCBWTFL A2y, EMAXa7
HicEmRxa7 el Lz FFiC 2Wiki TIX 13%,
HotpotQA TlX 15% ¢ F1 2a 7KL MmEL7.

ChainRAG ¥ D I TIE, MuSiQue Tl ChainRAG
PROEWVWFI 2a72koTW0WbbDD, 2Wiki &
HotpotQA Tl DeconRAG 23_E[A] - 7z. HotpotQA T
@ F1 A 2 7% DeconRAG 73 ChainRAG % 13%_ 1
Al > TWb. F7z, DeconRAG IXHE 77 f# & F#4(n]
BEDALLM ZHH$ 2 DI L, ChainRAG (X
BT LLM ZEEEIMECH 3. R21R3ED,
DeconRAG DU LEIENE 2.91 FITH % DI
L, ChainRAG TlZ9.53 [A] ¥ KIEICZ W, ZDZ
&5, DeconRAG FEtHE a R b % KIEIHI 2 7203
5, ChainRAG IZVEH3 %, H 2 WiEZnL Lo
HEZFEHTETWVWLEWVWR 3.

X 512, DeconRAG wo/E HA4 Y ¥ DeconRAG %

1) https://platform.openai.com/docs/guides/embeddings
2) https://platform.openai.com/docs/models/gpt-4.
1-mini
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JHH W&
FER For which band, was the female member of Fitz and The Tantrums,
the front woman for ten years?
T 78 1 Who is the female member of Fitz and The Tantrums?
by FLTz Who became a co-lead singer of the indie pop and neo-soul band Fitz
SRARSEE RIS 1 and the Tantrums in 2008?
H7E 2 For which band was this female member the front woman for ten years?
by bL7 What is the full name of the person who toured with the band for ten years
XRAHTEE RS 2 before taking two years off from music?
RACES The Rebirth
ChainRAG O [H] Angel Nation
DeconRAG DA% | The Rebirth

3 DeconRAG TXRMSEHEMXIC v + U CTIEMZEEH T & 7241

sz, £5—Xty bTcRAT7AAEL, X
IRAETCEB X DERDBIENTH 2 Z e 5h 5. Fi
I MuSiQue ¥ 2Wiki IZB W TIX, NaiveRAG ¥ FLi#g
L TR R %2 SRS § 2 720 TRk
D o 7278, XARFESTEERM %4 K L 72 DeconRAG
TRRIBICRa7ydEE Sk, Zhud, SCEOM
XARIL7Z T~ F Ry TEHBANOXBICR R
MWdH Y, SR TEE S D A B3 6 72 16 ) D
HeHBCHFELTWBIERLTWVWS, MA
T, NaiveRAG =° DeconRAG wo/HE BAERK TlX, HIZ
BRI REAT 57277 TERa 7Bz AYELL
W, BHBEZWELZ o TR ZMEACH D, Hflik
B0 D A TIESURKFE R B IR R & IS IG T &
RN EDPRBEND.

4.3 HHZR

7% 31X, ChainRAG TIXIEfEZEX B0 -7z
DITH L, DeconRAG IFIE L WHZEICEETE /- E
Rz EHZRLTWS.

DT —ATE, ITOANERXDEX Z2R57
®1Z [Fitz and The Tantrums| DX >N —p3FE 72
DpEREL (F7HEB D, KITZEDANYD 10 F
Y =X —2BDINY FEEZHLLIZT S (T
HE2) e WS Fhy FRRHEF@wRMNRD SN S.
ChainRAG T, ¥ 7EBDEIEZXDY 7 ERMD
HEHZIHHT 2&KET e ko TWE D, AT
T HEMOF FZITKBL, REINIZEE S 72EE
ZHA LTV .

—7, DeconRAG T, £73 Who became a co-
lead singer of the indie pop and neo-soul band Fitz and the
Tantrums in 2008?) &\ 5 XZARMTZEMIC X > TR

— 3340 —

X >N — (Noelle Scaggs) D 1H R & [EHEIZHUS L,
& 512 'What is the full name of the person who toured
with the band for ten years before taking two years off from
music?| ¥ WO MSEEMZ®E LT, 10 FEM7a > b
V=% Y EBED TN K [The Rebirth) DIEH % 1
M L. ZAUS kD, REIREX L LTE
fi# TThe Rebirth) (CFEL TW5.

Z D & 51T, DeconRAG i R(t & XHRFHTEE
MzAEbE Y 7HEMMREKRICK T, WEkFE
TRHEF & LT AXIREEESRERITRH E VW o 72
PRI LTS, BELSURIEIZ M2 L TIE#RIC
HBLZenTES. AEONZ, UIRMZEEMA K
MR7 L -7 —270FHMICED, EECCE RN
TR EMA G & 2RO L LRI TH S
EERLTVWS.

5 &HDIC

R T, XREKFEDOE VW< ILF Ry 7 QA
WXL T, XFEDOPFRI & XARFTEE X D HF
AERZHAGDELZHLVWRAG 7L —L0 T — 7
DeconRAG | ZR L7z, EERDHERE, DeconRAG
¥ NaiveRAG R EH 2RO A D FiEE K& LM
b, X 5ICZEHEHT RAG FiETH 3 ChainRAG
CHELTS, 22007 =&ty M THE - #im5
Ry HITEND Z e DR I L=,

S, RFESsEEMAERTFIEOREL, BFED
7LV XL DERERBELT, X645
PEREM LR RICHNDEHZ D X,
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A {JE

Al =2ty

F—Xty b DFMAER41ZRF. ChainRAG [2] 121
W, EFVIFAT—XEy bh5 T YR AITE 200 4
DQAZHHLAbDZAML, O spaCy 74 7
Z U @D en_core_web_sm T L% W=,

7—%& % v I | MuSiQue | 2Wiki | HotpotQA

B TR 200 200 200
SR 489 224 410
SEEHGER 11,231 | 4,887 9,162

g4 MET—Xty bOFEE

A2 Fay7hk

ANTEBOBRIRILICH W 2Ty 2K 212, X
frRmsEERIXDERICHWE7a >y 7 2K 3 I1RT.

fisziRit 7 e > 7k

Task: Decontextualize target sentence from the given
document context.

Definition (Decontextualization):

Given a sentence-context pair (s, ¢), a sentence s_2 is a
valid decontextualization of s if:

(1) the sentence s_2 is interpretable in the empty context
(2) The truth-conditional meaning of s_2 in the empty
context is the same as the truth-conditional meaning of
s in context c.

Instructions and Rules:

- Process sentences individually, in the given order of
the input.

- Use information available anywhere in the document to
resolve pronouns, anaphora, and elided subjects/objects
into explicit entity mentions as needed.

- Prefer keeping proper noun abbreviations, optionally
adding the long form at first mention in parentheses when
the long form appears in the document. Do not invent
expansions not present in the document.

- Keep voice and style as much as possible; do not in-
troduce external facts. If a sentence is already self-
contained, keep it unchanged.

Output Format:

Output plain text only; no extra commentary.

Context:

{full_document}

Target sentence:

{target_sentence}

Decontextualized sentence:

B2 BisgRiticHwiE7ay 7k
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XIRAHSEEFSC AR 7 m > 7 b

Task:

Generate question and answer pairs based on the dif-
ferences in informational content between the original
sentence and the decontextualized sentence.

Definition (Decontextualization):
BiZR(b 7 e > 7 + DERK & [F—)

Instructions and Rules:

- Compare the original sentence (‘original_sentence‘)
with the decontextualized sentence (‘decontextual-
ized_sentence*).

- If there are differences in informational content or mean-
ing between the two sentences, generate questions whose
answers are precisely these differences.

- For each distinct piece of missing or altered informa-
tion, generate a separate question-answer pair.

- If there is no difference in informational content, indi-
cate that no such pairs exist.

- You must not mention or refer to “the original sen-
tence,” “the decontextualized sentence,” or to either
sentence or to the process of comparison in any way in
the questions or answers.

- All questions must be decontextualized and explicit
enough so that their meaning is clear even without seeing
the original or decontextualized text.

For example, questions should contain enough context
about what is being asked (such as mentioning specific
people, events, objects, or actions relevant to the differ-
ence), so that someone reading only the question can fully
understand what is being asked and what kind of answer
is expected.

- Avoid vague or generic questions (e.g., "What is men-
tioned?", "How are the children listed?") unless the con-
text is perfectly clear from the question itself.

Example (bad): "How are the children listed?"

Example (good): "Which children are listed as members
of the Smith family?"

Example (bad): "Who directed the film mentioned in the
text?"

Example (good): "Who directed the 1994 film *Pulp Fic-
tion’?

Example (bad): "How many people are mentioned?"
Example (good): "How many children does John have
before his remarriage?"

- The output must strictly follow the JSON format speci-
fied below.

Output Format:

(JSON 7 # —< v b Z165E)

Input Example:

- Original text:

{original_sentence}

- Decontextualized text:

{decontextualized_sentence}

Output:

(Provide your JSON-formatted answer here.)
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