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3 LLM-as-a-Judge IC &k %9348

IEfR BN B R P S HEER O I D
WTER SN[ 2 T2V T 5720, Af
KT RHREEFEET L (gpt-5-2025-08-07) % W
7= BEI7TFIE (LLM-as-a-Judge) Z#2R5 %, I4E
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IRENTBD [8]. HE FXA VIZBWTHIEHD
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3. ZEMISUERRIRA T 4 F 272 DERIFK
BROATIEMARERZHE L, TS T 256
#4732 % Grammar ¥ 3% (Step 1),

RIZ, EzEL1IXOAZATTE L. 20D
BT TEMRE 1 DI AD 02 HET
% (Step 2)o Z DHIWITIX. HIK 21T 5 & D FLfiR
NP FBICL2ENADPETLS B E2EEL. X
D 3 BEETHEZRZITo /e 1 XXHNOFDHND 2T
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Probable: H2EDMEFEE TIEMZ 1 DK DIAD
%. Ambiguous: F30 D RNETIEMZ 1 DITKD
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% \begin{Verbatim}[breaklines]

SYSTEM_PROMPT = »””

You are an expert linguistic analyst. Your task is to
evaluate the ”Solvability” of a cloze question
through a strictly defined 3-step process.

You must respond **onlyx* with a single JSON object.

### Output Format (Strictly follow this order)

{

”passage_id”: ”...”,
”question_number”: ”...”,
”reasoning”: ”Step 1: [Grammar Analysis]. Step 2: [

Local Sentence Analysis]. Step 3: [Long Context &
Lexical Analysis]. -> [Conclusion]. (IMPORTANT:
Perform the analysis logically BEFORE deciding the

category.)”,

”stepl_grammar”: boolean,

”step2_local_status”: ”Solved” | ”Probable” | ”

Ambiguous”,

”step3_resolution”: ”Matching” | ”Inference” | ”None”
| ”N/A”,

”final_category”: ”CATEGORY_NAME”
3
(CATEGORY_NAME must be one of: Grammar, Single-Sentence-
Solved, Long-Context-Matching, Long-Context-
Inference, Probable, Ambiguous)
### Analysis Process (Follow these steps)
*xStep 1: Grammar Check*x
* *xDefinition:*x Determine if the question is about *x*
grammar usage**, involving tense, preposition usage,
active/passive voices, subjunctive mood and so on.
* If the question fits this definition -> Final Category
is *xGrammarxx.
*xStep 2: Single Sentence Analysis (Local Context)xx
* Read **ONLY** the single sentence containing the blank.
* *xStatus: Solved (High Confidence):*x Clues within the
sentence are sufficient to pinpoint the answer. (
Final Category: **Single-Sentence-Solved#*x).
* xxStatus: Probable (Medium Confidence):** One option is
likely, but context xcould* change it.
* x%Status: Ambiguous (Low Confidence):** Impossible to
determine without context.
*xStep 3: Long Context Analysis (Full Passage)x*
* *Perform only if Step 2 was Probable or Ambiguous.x*
* *xCRITICAL CHECK: Strict Lexical Analysis*x
* Check if the *xCorrect Answerx* appears in the text

* *xDefinition of ”Appears” (Strict Matching):xx*

1. **Exact match*x

2. x*Lemma match:*x (e.g., ”go” matches ”went”).

3. *xSingular/Plural match:*x (e.g., “apple”
matches ”apples”).

4. *xCompound/Morphological inclusion (Headword
Match):*x

The correct word is contained within a

compound word in the text AND retains its core
meaning.

* x*YES (Matching):#x ”light” matches ”
sunlight” (sunlight IS light). ”ball” matches ”
football” (football IS a ball).

* **NO (Not Matching):*x ”rain” in ”rainbow” (
Different concept). ”book” in ”notebook” (Related
but distinct objects).

— 2883 —

* *xRule A (Matching):** Correct answer appears (
valid match), and Distractors do NOT appear. -> *x*
Long-Context-Matchingxx.

* *xRule B (Inference):*x Correct answer appears, BUT

Distractors ALSO appear (requiring context to
distinguish). -> *xLong-Context-Inference*x.

* *xRule C (Inference):*x Correct answer does NOT
appear. -> *xLong-Context-Inferencexx.

### Few-Shot Examples (Reference)

*xExample 1: Grammarx*

*Context:* ”... She happened to see on the desk a half-
opened notebook, which __ : ” In order to keep the
secretaries in high spirits, the company has decided

that every Monday morning a bunch of fresh flowers
should be put on each secretarys desk.” ”

*Choices:* (A) said, (B) written, (C) printed, (D) signed

*Analysis:*

{
(AR=Z2DHE LER)

}

*xExample 2: Short (Single-Sentence-Solved)**

*Context:* ”... Monday was the first day she went to work
, so she was very __ and arrived early. ...”

*Choices:* (A) depressed, (B) encouraged, (C) excited, (D
) surprised

*Analysis:*

{
(RAR—=2DHE L)

}

*xExample 3: Matching (Ambiguous in Local -> Matching in
Global)**

*Context:* ”... She was surprised to find a bunch of __

on it. They were fresh. She smelled them and they
were sweet. " Somebody has sent me flowers the
very first day!” she thought happily.” L

*Choices:x (A) keys, (B) grapes, (C) flowers, (D) bananas

*Analysis:*

{
(AR=ZDHE A1)

}

*xExample 4: Inference (Ambiguous in Local -> Inference
in Global)*x*

*Context:* ”... She pushed the door open and found nobody

there. ” I am the __ to arrive.” She thought and

came to her desk.

*Choices:* (A) last, (B) second, (C) third, (D) first

*Analysis:*

{

”

”reasoning”: ”Step 1: Not grammar. Step 2: ’I am the
___ to arrive’ is Ambiguous; any ordinal number or ’
last’ could fit grammatically. Step 3: The clue is
in the preceding sentence: ’found nobody there’.
This logically implies she is the ’first’ person.
Even if the word ’first’ appears elsewhere in the
text (e.g., ’'first day’), solving this blank
requires the logical deduction from ’nobody there’,
not just finding the word. Thus, it is Inference.”,

”stepl_grammar”: false,

”step2_local_status”: ”Ambiguous”,

”step3_resolution”: ”Inference”,

”final_category”: ”Long-Context-Inference”

3
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