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KB EEEF L (LLM) &, ChatGPTV 213U
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THEA RABICERINTED [1], ETAPERK
TRINERBYNCEHE T 2 Z 2Tz, 2—YDig
FeERLIFMOEEENEE > TWD. FIThf
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PR L7z, BERT RE 7 MIEBICH HATRER 7 —
ZDR/NHEETH S Z e ZEEL [19,20,21], BERT-
small?), BERT-mini®) % Fi\ 7z [22] (/8% B.1). GPT
RET VI GPT-5.1 ZffiH L, zero-shot & few-shot
DOMSFTHEZITo72. GPT ZEF M, 2—H
AR RBEEDN EENRVWEEDEEL -
TR REHEL, MR CHMER TS
% X5 R ((F6%B.3).

ANEGE HEooz®, A LT52 51
WSR2 35%M (1) THRHEMEENEST . ¢
X—YHDOZ—YHEE uy, u [T 2T RAT L5
E%x s, b L, MEEz TR {(ur, 50} THRT. 5%
@ Eu OAEATTET 5. &M G) 1, -9
HEEDER D AT LIGENDRIEE LTHEL 5 5
PHEZ, BRIOSRATLINE sio1 & w, AT X
T 5. &M Gi) X, T—IFHFORHEOELEH X
2ZexHEMEL, EROI—FREu, 1 & u, &
AN 33, BERT RETFILTHER 2T, X—
Y DEIZFGEEXAT B0, FERERIRR b —
IUERBALLETXFANEATIE L ((FERA2).

FHEiAE AFEETIX, FHMEEOF SR
T — 22 HV3. R 27 OFHiifEE Y L
T—RINCHVWSL NS IEBIEZEHIRS 7 XD
BRI ZIT D720, AL TIEEFIHNT 258G
R OEHHRBICF 2a72FEEEEr 2. %
J2R=—AF7A4 e LT, 7—XDY 7 ALRIHE -
TIMEAME 21T 5 R 1T% 5,000 Bl DR LY
FEHLE. kB, KT 2ETAFHGORER 2
T, WRF—X %8z 2 HEADE TS EIFETL
72339 % e,

3.2 ®R

#2112, B2 ANEFE TN TOEET VOB
BE CE¥R a7 + 1EH8FEE) 23, &B, &M 30
THERED E72 5 7= BERT-small ¥ GPT-5.1 (few-shot #%
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Do youmgzink 1 should attend gym 2-3 a DX S IWIETRMERTH 2 11 e, BHRELALEL T
week ?(Hi) - N . N
. : WA FEGETIEIARMOR D X NRNGEDD 5
FP (il 4)  print all js

E) DA% ), (i) DFER L LTRT. £8Th
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Up_y What are your primary concerns regarding
sending remittances for healthcare? This

question is required. Be as detailed as you can!

U summarise
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M () It’s longer than the original.

25 (i)  [ASSISTANTI] I apologize for the confusion. . ..
[USER] It’s longer than the original.

Z&f (i)  [PREV] That is even longer in terms of characters.

[CUR] It’s longer than the original.
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[System]

You are an assistant that infers

whether a user is feeling dissatisfied from dialogue logs.

Given a single user utterance, determine

whether the user is continuing the conversation while feeling dissatisfied.
Even if the utterance does not contain explicit keywords

indicating dissatisfaction, label it as dissatisfied

if the user might be feeling dissatisfied at that moment.

Output must be in JSON: set "label" to 1 for dissatisfaction and

0 for no dissatisfaction, and write a brief "reasoning" in Japanese.

[User]
Classify the following utterance.

{text}

Return only JSON.

BE5 GPT-5.1 (zero-shot) THWETur 7 (@) :
FRI—FFFTEDA).
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