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A= I

(a) FEAF GRS L O
Key Feature DiiH

I purchased the following products and left reviews in chronological order: {Asins, product
names, input reviews }

Analyze user’s likes/dislikes/key features by referring to their reviews.

(b) a7 4 — LR

Youare givenalist: {list}. Update this list by removing redundant or overlapping information.
Note that crucial information should be preserved.

(c) HEEZ 22

{user profile}
Reading history in chronological order: {user reading history }

Below are the reading histories of other users with preferences similar to the target user,
shown in chronological order. Each user is listed with the book they read next after the
provided history.

Other User 1:

User Profile: {other user profile 1} Al —V DT v 7 4 =V Z{HH T 255D HA)
Reading History: {other user reading history 1}

Next Book: {other user next book 1}

Other User 2:

User Profile: {other user profile 2} GAlL—¥ DT v 7 4 — L ZFHT 255D A)
Reading History: {other user reading history 2}

Next Book: {other user next book 2}

Other User 3:

User Profile: {other user profile 3} G —F DT a7 4 — V2T 255D HA)
Reading History: {other user reading history 3}

Next Book: {other user next book 3}

Based on these inputs, rank the books in the following candidate list from 1 to 20 according
to the likelihood that the target user will read them next.

Candidate books: {candidate list}

When ranking the candidate books, prioritize the target user’s own preferences and recent
reading history. Treat the next book from each other user as a signal of potential future

interest. Focus on personal preference alignment rather than general popularity.

A FOY>T A

LY a—05DREIFIEHRE & Of Key Feature DI, = —% 71 7 4 —LHEER, 72 & NCHERE X 2 7 12O
&7y e, ThZEhE 4 @), 0), () IRT. B, HEX X707 1> M2l Amazon Reviews D
Books T— &t v hENRE L2HlZHW5.

— 864 — This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



