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ETNINEDEBEW D/ OB EHHE 1 —F I
WrRTdedic, WEEZXRIT2HET—2DF
WS BAEDPS, EFLOABESERICET 2
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LLM-jp-3 172B D E 7 IVIGE & 7H L7z Ab R, BE
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Bt a—R2ACEENZ—F, FHELLT
RIEHERISEPER SN B G E TN E T 55
NI U bHEEINT, REROERILT LD
BFMOEEITER LWz 2 AR X /.

1 IXCHIC

KIS FEE 7V (Large Language Model ; LLM)
B K28 a — R 2 B TOHEFEE &2 U CAHE
RHFEEEELTVWA[1,2]. LarL, ZOMHFHZ
e - IEEC IR ST, EEOEELESLRVA
BEERTBHE, " x—varptrsze
HHISNTWVWS [3].

CHOLEEEDD, LLM OETFIINE D EBKR
AEEATD AT ADHFEINT VS [4,5]. Efah
FES AT L, ETVINEFICE EFN S FIRPERE
ZUIDHL, ZNoZ2 R EIEEET 2l 2R
EDEWREL SR - 352 8T, T—HIiTxt

T BRTE. NTT bR&tt
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Analysis

Claim1

17RO XY ROREET, A
5%53)VIORRERT ThE
3151 ERRLIcEESNZ AT
1Hvy - Za—brTY

ITHEOAFYRORPET. ANSEEZYYTO
HBEET (HEN ERBLLESNBAMET
AHFyY Za—bYTE, 2L, Za—bYhS
WTWBRRICY Y IRANSEE TETANEB WD
WEEWSREREDES L. B0 THE3INDR Checkworthy: TRUE
Bl RABVBE, BREREOBIEEHL, <X
N EDIRIC & DREDHIME NI, T ORI
o720 LTWEES T,

Evidences
Expand to view the evidences v

Q Fact-check o
Verification result: Supported

Claim 2

Bl 1 LLM-jp FactCheck ® L —HF 4 > & 7 = — Z. /Ml
DY 2 —THHHRD LLM & F5ET & 3. Fact-check D
REVEWTT 2L, MET2ETNVINEDOERLFE
a— RS UTHEE L SR ARIO ¥ 2 —I1cFRR
Ihb.

L TEBHDO-DDSEERES X 5.

— T, LLM D3 2 EfED 2 WA IERE R
HERDENCHER T 2 D0, EEa—RROB &I
o PICT 2D HADEADDH . FIEETIZ
RNEAXNTEZLLM OZIE¥E a— 2D AR
B IENBITH 272D [6,7], ETAHBEED
HEDBE DX BR¥EB T —RXICHRT 200 %2E
NSO 5 Z L I 3REETH 572, Lh LitfEIC
BRoTHEBEaA—-—RAFTEDTRHALTWVWS LLM
DIEHZ L (8,9, 10, 11], ETILDOHIGKSLRES) 2 4 H
A= RRADBREPODNT 5 Z EDAREICR o T &
7= [12, 13].

AHFZE T, BEHBRIES 2T L DA ICHE D
X, ETNUINEDEMEZDFE a—RRAICHES L
THEES % > A7 2 LLM-jp FactCheck 2% 3 %
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1), KA T LI, ETVEEDPELTERPHE
FIZOWT, ZNOZXRELIIBET 2HHE T —
DB EIRRT 28T, 2—FBETFNINE
DIEFENEZ LT 2720 DSEIFREREMLT 2. [
RRIZ, A 27 40% LLM OFRESREZ o5
57:00HEMBr LTHKAEET 2. HlZIX, FHEeL
TIEMRINEDE N2 bbb 6T, ThrEE
NS FFT 2038 7 — X HPICHER T E R0
B, WA BNCEER XN AERO S P HEmIC X
ZPED R E TV B AREMED R XN 5. KX,
HEL L TAHAEHEERISENEONDICHEDL S T,
FH g — R IEE R R DTRE T 258121,
FEHESLRBEERXOMRD &\ o 72 ER Y ZHA
METIVITER LTV S AREN: [14] %, IS LA
7 HESRIR (B Y AR © & A2 e o 22 AT REMEAVRIB
XN [15].

M2W2 A7 LOMEZRT. AT ALIETETE
TINEZ —DDHEFEPLEBRITOVTEIA L 2 1HHR
BN THZEMTHENT 3. RITE S HOMRGEICHE
TR, MELIET 25OV T, Y
A—RADOBRAT F A N E2RE - BIST 5. &&
WHG LRI ¥ 2 MICHES LT SHOEBE
HET 5.

r—RAXT 42 LT, HRBEMGE T —X
v b AL EVIIER I TV 2 HEMUERM 2 05
2, LLM-jp-3 172B DE T NVILEZ M L7z, 7H
DFER, ETFNIDEDEMRTH 25E511%, Thz
XFFT BRI E a— A EEN S, £
TIVREPRIERTH 2585121, BT LHZDOMR
M% % 23 2R E o — AR I M
3, MEZFEILT L HIREROEEICER LW
ERE .
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A JOYTb

BT X POMRERLS 7F A VHEREET
WHENI 2T gpt-do DTV T T 4 ¥ 7 THELT.
SEHDE DS RTATR YT N RRT

You are provided with a document (or an utterance),
which may include optional context. Your task is to de-
compose the document into individual, atomic claims.
Each claim should represent a single fact and must
be comprehensible on its own, without the need for
additional context. For instance, pronouns should be
replaced with the specific names they refer to when
formulating each claim.
Example:
Input:
Context: What do you know about Mary?
Document: She likes playing piano and doesn’t like
cookies.
Output:{"claims": ["Mary likes playing piano.",
"Mary doesn’t like cookies."]}
Example:
Input:
Context: 7 X U A1 DHUKHAIFFHET T D ?
Document: ¥a— - V¥ Y s T,
Output:
{"claims": ["7 X U ) DHMRKFEMBEIZS a —
eIV MITT, ")
Note:
The claims should be in the same language as the

document.

BEHMIEHED S AT LTy 7 M ERT.

You are provided with claims. Your task is to deter-
mine whether each claim should be fact-checked. For
example, subjective claims, trivial facts, and questions
are not check-worthy.
Example:
Input:
- Friends is a great TV series.
- The Stanford Prison Experiment was conducted in

the basement of Encina Hall.

7)) WENROANEZZI—F T e LTEZ=. Zof
DB ONWT HFETH .
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- I think Apple is a good company.

- Are you sure Preslav is a professor in MBZUAI?

- As a language model, I can’t provide these info.
Output:

{"labels": [true, true, false, false, false]}
HAHEDS AT 707 N ERT.

You are provided with a claim and a list of evidences.
Your task is to determine whether the evidences sup-
port the claim. Return true if the evidences support
the claim. Return false if the evidences contradict the
claim. Return null if the claim cannot be verified or
falsified.
Example:
Input:
Claim: The earth is flat.
Evidences:
1. The earth is round.
2. Some people believe that the earth is flat, but
they are wrong.
Output:
{"rationale": "The claim is not supported by any

of the evidences.", "label": false}
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