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Architecture Transformer

# of layers 5

Embedding dimension 512

FFN inner dimension 2,048

Attention heads 2

Other model settings Share all embeddings
Normalize before
Ak

Dropout 0.4

Attention dropout 0.2

ReL.U dropout 0.2

Loss function

Label smoothed  cross-
entropy

Label smoothing €e=02
Optimizer Adam

B1=0.9, B, =0.98)
Learning rate le-3
LR scheduler Inverse square root
Warm-up steps 4,000
Global batch size Roughly 16,000 tokens
Training epochs 100

HiR
Beam width 5
Length penalty 1.2
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