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3.1.3 Normalized Mutual Information (NMI)
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2 3: Wilcoxon FFS5 (S IEAARER R
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7 7 A ZBHEERRE | R T4 1&2 | BERTopic 0.012(%) -0.533
7 7 AZBHEEE | BT 1&2 | 1ERTFIE 1&2 <0.001 (**%) -0.702
ARI RETFHE1L [EEFE <0.001 (%) 0.802
ARI REFE2  |[1ERFik2 <0.001(***) 0.800
ARI % FiE1 | BERTopic 0.001(*) 0.602
ARI Pé%FiE2 | BERTopic 0.001 (%) 0.563
NMI RETHE1 [EkFE1 <0.001 (%) 0.929
NMI REFE2  |[1ERFik2 <0.001 (%) 0.966
NMI RETFE1 | BERTopic 0.168(n.s.) 0.305
NMI % FiE2 | BERTopic 0.168(n.s.) 0.315
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Listing 1: LLM JEEFERAD LV ARV ZAZF—<

"title": "ans_format",
"type": "object",
"properties": {
"recommended_number_of_clusters": {
"title": "Recommended Number Of Clusters",
"type": "integer"
}
1,
"required": ["recommended_number_of_clusters"]
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