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A 1T'|.ﬁ : {"words":
A.l I‘/7_"r 7_"1'&1'7, ﬁ{%@i%ﬁ <list_of_words_in_text_1>},
%Hﬁ'ﬁé'ﬂ'%7ﬂ‘/7l~ {"words":

<list_of_words_in_text_2>},
You are an expert in Fuel Cells,

specificcaly focusing on ]
oxidation—réductioh reactions (ORR) Please extract candidate entity types
and catalytic chemistry. from the text within each

You are creating a entity type definition dictionary

to train the Retriever m?dule of a 2. Although these are materials science
Natural Language Processing model terms, please disregard any words

(ReLiK). unrelated to fuel cells.
for the list of "entiy types” provided by 3. Please answer using the examples
the user, please generate a definition provided as a reference.
for each. 4. Output the result as a list in the
folowing jsonl format:
**xRequirements :*x* [
1. Considering the context of academic {"words":
papers on fuel cells, explain the role <list_of_words_in_text_1>,
the entity plays in experiments or "entity_types":
theoretical frameworks. <list_of_candidate_entity_types_in_text_1>
2. Don't generate sentences that related {"words":
to not fuel cells, but materials <list_of_words_in_text_2>,
science. "entity_types":
3. Output the result as a list in the <list_of_candidate_entity_types_in_text_2>
folowing jsonl format:
[ ]
{"text": "<entity_ type_1>", 5. Please exercise caution when

"definition":
"<definition_1>"},
{"text": "<entity_type_2>",
"definition": 6.
"<definition_2>"},

determining whether a sentence
contains an entity type, as it may not
always be present.

When enclosing strings, always use
double quotation marks instead of
single quotation marks.

]

A2 LLMICIVTae T 21T CBERD
b 7O 7+

You are an expert in Fuel Cells,
specificcaly focusing on
oxidation-reduction reactions (ORR)
and catalytic chemistry.

You are retrieving entity types from the
given texts that are part of academic
papers on fuel cells.

the texts and list of entity types
provided by the user, please retrieve
the entity types from texts.

**Target Entity Types*x*

The only allowed entity types are: HB&{~~}

Do not use any other entity types not
listed above keys.

**Requirements:xx*

1. For each train, developmetn, and test
dataset, the data is provided in the
following format:
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