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3 1: Nora Ephron is linked to Blake Edwards, who is documented
as a student and graduate of Beverly Hills High School. (Grounding:
Path 1)

3 2: Furthermore, she shares connections with individuals like Tori
Spelling, who are also graduates of the school. (Grounding: Paths 7,
..)

3 3: These indirect associations suggest a potential, though not
definitive, link between Nora Ephron and Beverly Hills High School.
(Grounding: General principle)
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