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Event |4 Event |5

Question: How are the mashed anchovies, capers,
and mustard used in the final salad?

Event | Event 2

Answer: They are the base for the dressing.

Evidence: Event 3 Event 4 Event 14

E1 28232 VQA XX 7 D] (VideoID: 735)
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# Video QA Generation Task: Creating Story-Understanding Question-
Answer Pairs

## Task Overview
Generate up to 3 high-quality question-answer pairs that require
understanding the video's story structure through its
dependency relationships. These questions must demonstrate
complex reasoning across multiple connected events that form
the video's discourse structure.

## Input Data

- *xVideo**: A video containing a story with multiple events

- *xTimestamp**: [start, end] pairs are provided for each event
segments in the video.the video is constructed of {NUM}
segments.

{TIME}

- xxDependency Structurex*: Event relationships in format: [
modifier_start, modifier_end] [head_start, head_end]
relation_type”

{DEP}

## Core Requirements
### Question Constraints

1. *xStory-Level Reasoning**: Questions must require understanding
how events connect to form the video's narrative
2. x*%Connected Events Only*x: ALl selected events must form a
connected subtree in the dependency structure
3. **Multi-Event Synthesisx*: Requires information from >=2 events
that cannot be answered from any single event
4. xxAdvanced Reasoning Types#**:
- x*xCausal**: "How did X cause Y?" or "Why did X lead to Y?"
- *xTemporal*x: "Why did X happen after Y?" or "What enabled X
following Y?"
- *xSequential**: "How did the sequence from X to Z unfold?"
- *xEnabling**: "What made X possible?" or "How did Y enable Z
P

### Quality Standards

- *xConciseness**: Questions <=22 words, answers <=10 words

- *xStory Focus**: Questions should reveal understanding of the
video's narrative structure

- xxDependency-Drivenx*: Leverage the dependency relationships to
create meaningful reasoning chains

## Dependency Structure Guide
### Format

[modifier_start, modifier_end] [head_start, head_end]
relation_type

### Key Relations for Video Stories
- *xCause*x: Modifier event causes head event (unexpected

causality)

- **Resultx*: Head event results from modifier (procedural
outcomes)

- x*xPreparation*x: Modifier prepares for head event (setup
relationships)

- *xBackground*x: Modifier provides context for head event

- xxSupplement**: Modifier emphasizes head event (common in edited
videos)

- *xROOT**: Central event of the story

### Usage for Question Generation

- *xTrace dependency chains*x to understand story flow

- xxConnect temporally distant but logically related eventsx*
- #*xEnsure all selected events form a connected subtreex*

- *xFocus on ROOT events as story anchorsx*

## Questions to Avoid

*xSingle-Event Questions:*x

- :x: "What is the person doing?" (descriptive, single event)
- :x: "Where does X go?" (simple observation)

*xSurface-Level Questions:*x*

- :x: "Who helps X?" (direct observation, no reasoning)

- :x: "What color is X?" (visual description only)

## Good Question Examples

:white_check_mark: **Sequential Reasoning*x: "How did the
preparation steps enable the final outcome?"
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- Connects: [Preparation events] — [Intermediate steps] —
[Final result]

:white_check_mark: *xCausal Chainx*: "Why did the initial setup
lead to the later complication?"
- Connects: [Setup] — [Intermediate cause] — [Complication]

:white_check_mark: **Enabling Relationshipxx: "What made the
resolution possible after the earlier failure?"

- Connects: [Failure]l — [Enabling event] — [Resolution]
## Output Format

For each question-answer pair, use exactly this format:

question: <your question>

answer: <your answer>

evidence: [<comma-separated list of timestamp segment numbers used
as evidence>]

### Timestamp Rules

- xxConnected Events*x: ALl timestamps must correspond to events
forming a connected subtree

- xxExact Values**x: Use the original event numbers provided in the

Input Data

- xxComplete Evidencex*: Include all events necessary to justify
the answer

- x*Dependency Chainx*: Timestamps should reflect the reasoning
path through dependencies

## Generation Process

1. xxAnalyze dependency structurexx to identify story flow and key
relationships

2. xxFind connected event groups** that form meaningful reasoning
chains

3. *xCreate questions*x that require understanding these
connections

4. *xVerify connectivity** - ensure all selected events form a
subtree

5. *xCheck quality** against prohibited questions and requirements

## Quality Checklist

[] Requires understanding of video's story structure?

[] All selected events form a connected subtree?

[1 Requires >=2 events that cannot be answered individually?
[] Uses causal/temporal/sequential/enabling reasoning?

[] <=22 words (question) and <=10 words (answer)?

[]1 Different from any prohibited questions?

[]1 Timestamps are exact copies from input?

Generate question-answer pairs that demonstrate deep story
understanding through dependency-aware reasoning.
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