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Gemini[2] 7% ¥ 2 EIHICTEFRIC VLM AR INTEH
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ABRREEINTWSE, ZhsDREEEFVIZHEN
BXEE7 AR Y M L HEMBEEISHE T, E
HRORRA ZIGHTIERA I UEDH TV 5,

—h. EEIETOERICHEMT S 2. EANT
FERIERITIEEICREIN TV S 2O v
R DR DK D BB, EEEBENCBIT 45
ETFTAMEHICEA L TERIATA I 4 ¥ [4] BBE
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#Trﬁ(sﬁbﬂfd

5. MIREAIC /ﬁ{*ﬁ?@ (57 K) mmnr ), </description:

P )
AthAES(C 3#!7!7‘ NZENS, PRI Jilﬁr‘ﬁw I!EEUU\E)C%K
BN, UIHT, BB RSP RN S SLRERITIENS.

</thinking>
ZBNIZBHKRICIE. VERIBHCRS A -
A SABNIEES RANEBBCRONET. o\ camsnaL T, Al ORErAE

HRDENBI. REPIRNGOET .

Q. EHENSIN PR 0SS

BATULEN ? HERBUET
REEH: EHETRITNT— B TN T — T ORBE TS B(ITD

NIHIEDXARIRE TY . CORE Tl 7T

TIORIEEEH.
FZ 3 BB TEIRAICIELEESN TLBHENZRERL
FY.

<description>

- BUEDXHREHR THIRENS O TLYS,
- WINRA. MEFIBARTH.
- SERRR(S MEL/;%M

AR—5TIIEBXIREE AT, (DRSS
FHPIDEREBAFELINESREEDBOHE LA - IEF

(FEATY. MK PRRZRDELA. LHBT

BHRDT —TIVE_EARBHRAPED THRIEL TLET
BUREEROEA.

B TENT —TIUd_EXERPED THRIE

LTVEY,

FIOSFIHH OIS f
SEIC. J:k%ﬂml’il EEEéhTL% RS, U T A7 —FIVOAIE
(L) THBEHIRTES, </thinking>

WF=TIOFRE EREHR (SVC) MhiECfEL
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I T 3mE L RA— bR LTED., #ink
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AT, FCEETTRHbo 4+ —7 >z H
i VLM ZBFE L Tze KEIBRERE T V2R
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BAR3EREBOEERE T -2 Z2EH L THAEOYY
T — X% 1,200 FHER T 5 Z & T Z OREIN
WU 7z, T2, HREM ED 72D T K E LT Chain
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WHW T =2 D0—EIERNHTETH 5, AWILD
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RGBT — X B ERR L, B8 F7 X —X¥14B D H
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X MREROH L AR — MERTHHME L. s OHedm
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21 T—2&E

F— XL L C. PubMed Central (PMC) 25 &
B O £ v 7> a v %ED Tz Open-PMC-
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v MIPMC 26 BEXZ 7 HE L. EREA Vision
and Language D FEICHM TR W F 7R % 7 4
NEV 7T 52 THEDPMC HRD T — %
vy FEEMEIZ LK 1,800 5 OEBG T X R b
MR XN TWS, PMC TRERDFHX I LI
EFEMEDIA RV APHEINT VWS, 2D,

2) https://huggingface.co/SIP-med-LLM/
SIP-jmed-1lm-3-13b-0P-4k-base

— 1693 —
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COBER, BEOKD BRFHLIERE (PET) (IC1-SU/ERE (CT) RS
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Original caption bt PETIZS CTIE UREULED
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CT X #
Model Size RougeL RougelL LAJ
GPT-5 - - 16.11  3.59
GPT-4.1 - - 13.95 245
Gemma3 27B 15.99 1550 2.16
Phi4 6B 36.31 16.10 1.77
InternVL 38B 24.88 16,77  2.54
Villa-ip 14B 40.48 16.57 2.06
Sarashina 14B 17.28 10.49 1.58
Asagi 14B 29.13 16.18 1.54
Llava-Med 8B 0.90 0.05 1.01
e L 14B 27.36 1131 172
HFmDH D 14B 4445 1726 2.73
#tFmiz L (SFT)  14B - 3016 3.14
famd b (SFT)  14B - 30.04 3.50

£ 1: CT Hiff - X fRERICB T 3 5T 7LD RS
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Please create a detailed caption for this medical image. Provide the description
as a bullet-point list. Use plain text only—do not use Markdown (no asterisks,
dashes, numbering, headers, or code blocks). Include every observable
structure and feature in the image. Focus strictly on factual visual details and
avoid any inference, interpretation, or diagnostic statements.
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Task: Grade the CANDIDATE_REPORT by comparing ONLY with
QUESTION + REFERENCE_REPORT (ground truth).

Do NOT use external radiology knowledge. Do NOT invent typical findings.
Do NOT be influenced by the QUESTION’ s suspected diagnosis; judge what
is actually stated in REFERENCE_REPORT.

Core principles

- REFERENCE_REPORT is the only truth. Anything not supported there
should NOT be assumed true.

- Evaluate clinical meaning (presence/absence, laterality, location, device
presence/position). Ignore style.

- If the CANDIDATE has multiple sections (e.g.,
Findings/Impression/Reasoning), score the overall clinical message.

- If Findings match GT but Impression contradicts GT, give partial credit (do
not auto-score 1

Step 1) Extract “key items” from REFERENCE_REPORT (internally)

A. Key positives (findings that matter clinically or are the point of the question)
B. Key negatives explicitly stated (e.g., “no
pneumothorax/effusion/edema/pneumonia” , “no acute cardiopulmonary
disease” )

C. Devices/lines and their position statements
(PICC/CVC/ETT/NGT/IABP/pacemaker leads etc.)

Step 2) Compare CANDIDATE_REPORT to each key item and label errors
Define error severities (use these exact meanings):

.. (mg)

Step 3) Compute score
- Start at 10.
- Subtract penalties: CRITICAL — 4 each, IMPORTANT - 2 each, MINOR

— 1 each (MINOR total capped at 2).

- Clamp to integer 1-10.

- Practical anchor calibration:

- 9-10: essentially matches GT; at most minor extras/omissions.

- 6-8: one important error or a couple smaller mismatches, but main clinical
message aligns.

- 3-5: major mismatch in impression OR multiple important errors; some
correct content remains.

- 1-2: catastrophic (wrong laterality, misses key finding + invents major
pathology/device malposition, or multiple critical errors).

X4 Suysr—&

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



