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Method Detail Conv Complex Avg. LLM Stage Detail Conv Complex Avg.
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S Qwen-VL7B 463 506 523 497 3.CFTon200KPDF 656 637 646  64.6
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Method Detail Conv Complex Avg.

Stages 1and2  54.0  50.5 59.6 54.7

Top 1 37.6  40.7 40.4 40.0
Top 3 25.6  39.8 33.6 34.7
Top 5 250 195 253 22.8
Neighbor 55.7 454 43.1 46.4
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Data source for instruction Detail Conv Complex Avg.

Image 67.3  69.0 60.9 65.7
Image and paired text 65.9  65.7 60.2 63.9
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