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Randomly guess a reasonable answer based on the question only. If
the question asks for a number, you can randomly guess a number
within a reasonable range. If the question asks for a term, you can
randomly guess a term that is relevant to the question.
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Judge whether the following [response] to [question] is correct or
not based on the precise and unambiguous [correct_answer] below.
When judging equivalence, allow variations in script or notation
that convey the same meaning (e.g., '2 *PI” and > — P’ should be
considered equivalent).

Treat the following cases as correct: - The extracted answer includes
additional context (e.g., series name, author name, location, broader
category) while still containing the correct_answer exactly or as its
unambiguous, specific instance. (For example, "& %% =1 755 7L
F HAE" is correct if the correct_answer is "VLF HAE".) - The
extracted answer is more specific than the [correct_answer] while
remaining consistent with it. - The extracted answer is an alternate
name, synonymous phrasing, or another commonly accepted way to
refer to the same concept, object, place, or artwork. - The extracted
answer omits information that is not essential to the correctness of
the question. - Allow minor variations in spacing, capitalization, or
script, as long as the core correct_answer is unambiguously present.
[question]: {question}

[response]: {response}

Your judgement must be in the format and criteria specified below:

extracted_final_answer: The final exact answer extracted from the
[response]. Put the extracted answer as *None’ if there is no exact,
final answer to extract from the response.

[correct_answer]: {correct_answer}

reasoning: Explain why the extracted_final_answer is correct or
incorrect based on [correct_answer], focusing only on if there
are meaningful differences between [correct_answer] and the ex-
tracted_final_answer. Do not comment on any background to the
problem, do not attempt to solve the problem, do not argue for any
answer different than [correct_answer], focus only on whether the
answers match.

correct: Answer ’yes’ if extracted_final_answer matches the [cor-
rect_answer] given above, or is within a small margin of error for
numerical problems. Answer 'no’ otherwise, i.e. if there if there
is any inconsistency, ambiguity, non-equivalency, or if the extracted
answer is incorrect.

confidence: The extracted confidence score between 0% and 100%
from [response]. Put 100 if there is no confidence score available.
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