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Z 1: Attention Knockout D fE 5. EOI IX E & &8 D
WRr—27 U BRT. £72, 0 NOBFIIEEFE
T,
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Parameter Value
Batch size 32
Epochs 10
Sequence length 8,192
Learning rate 2x 1077
Learning rate scheduler cosine
Adam S 0.9
Adam f3, 0.999
Adam € 1x10°8
Precision bf16
Max pixel 50,176
Min pixel 784
Seed 42
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{Hint}

{Question}

A. {Choice A}

B. {Choice B}

C. {Choice C}

D. {Choice D}

Answer with the option’s letter from the given

choices directly.
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