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B, KEESEE TV (LLM) & HWiERC
O HEEHEE, AF a3 2 MR RO 2 s
XD HHNBEICEIL 723HiA A gE R CHEH I T
W5, R, FEMEEH SRS E HEEal
FME) R X SICEHEERE & fELR 3 2 B BRIl FIA
ML HNC, ZBEYE2IRET 2. PHERI
THMBAR e BEICES S HEgmERE2EE L, 2
EXBE 11 C Gl D HERRE AR &8k U CHE A K
PEHAMCYE TS, EBXD, #mLEER Lo
AlREME 2 RS — 7, ARSI » oM 2EETH B
WMoz,

1 LIS

K AL D RSN ERCSC O - Z28{bT 3
H, ERGGHBiOEESENE L > T0d. ERIE
BLEU [1] % ROUGE [2] & ¥ &R & O —FE 125
SLIEEBHVSLNTED, SHLRNEE 7
AN WIGEENRD S, T LLM IZFHEi 21T
b HEEMGSEH S TWw3 (3,4, 5].

LLM Z & % HEhEHE, AFa A M 2EXT, i
KR X b AFFHIISE W e B X TWn 3 [3].

—75C Hu & [6] &, LLM 238 s BIEHE 2 B\ T
BN EH - TEBL, D FHREE I ES S
RIEL TV A AREMEZFET L T W 5. ZofE% iR
kU, ANHEDHETZ 2 EFEMELHER L CEHMERFEE
PWET S 720121F, FHEEE & R FHERSE R —
BLTWA IR D, 2D/, FHiEH
WHD K —E U225, 3 7%b b HEamERE & FHss
RoBEMEOHMAIEEFETH 3.

F7z, ERXOEEIZRT 29T, EYIRE
FOBR BRSO - A OBENEREFE
T2 rE, FEXRZIRL L 23 figs Tld 7z
{, RHxZ 7 ~ONRAbZ AR -8l e L
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THETH 2.

Z ZTANIFETIE, BIROERE GO XXERMNICE
W, FHEERE & KR B EME 2 B L e mE R
ZHEToMMARIRET 5. BB X xR
DMl 7 — X THRERL, HamERMNZ R L oo
HiAG B 2 HECR S 2 7 DRET ORI R 2 RS

2 REFE
2.1 HREIEE

M1 ICREFEEZRT. FEHEE 1T, AR
ZAHIIY 2 X5 R T 2 AN ZRITMo L &,
NEDOFHMEF B 2 AR L, Z DM % £ 2 7w
W&, RARINCFHIBR e 2 a7 DM TH oA
2HERT 32 EE T 5. FERE I TIE, AR
AR 2 S B 28k L, Z OB mAmz
HRMNCHE T 5 2 e TRt om L2 X 5.

2.2 T—1ER

BTV EICHE R, A, A, 5L
HeigoeT =&ty FEIEM L. G-EVAL [3]
WKHEW, 7 F 2 P EH X R 27121 SummEval [7],
MEEA L 2 X 7121k USR [8] THREEhTWw 3
Topical-Chat [9] D7 — X FHW3. WIhDT—X
vy bd, RKEBESEETADPERLZXEL,
ZOXEINT MR DAFITE SR
7 % & ¥p. SummEval Tl%, Coherence, Consistency,
Fluency, Relevance @ 4 Bliilc DWW T 1 05 5 DE
R a7 5 X, Topical-Chat TlZ, Naturalness,
Coherence, Engagingness @ 3 #1121 705 3 DFEEL
A a7, Groundedness {2 0 £721% 1 D R a 755
INTWVW3,

BRHBS . HMEHP2EGEVALBIOTrY Y
FeBEIZX A7 HH, FHEX R & R EK
BREDPOMRT 5. fE/rE LT, SummEval [7],
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Bl1 #EikL - HEmE R O EE

Topical-Chat [9] Tffi ] X 11T\ 2 G-I 51 GPT-4o
WAREXB-HEZMAZY R 2 ol fsz
BOZOBAEICHN L TRa72E ) YT 5.
BEIEE9 : AFTiHIiR a7 O FHHE%E IS TA
LCREBUC LD DR IEMy LTHRT 5. FHiiE
M DEERLTRD, IRTORATE 12D
5 OEBICEB L ETEERET 3.
SHMEBIBEES ©  Few-Shot DTERDO S u >y 7+ %
GPT-40 125 2 % 2 7 BNZHERK§ 5. Few-Shot 7 —
& U TIEFH 8 R O#IR A ER R a 7T 5 H
DFAZEIER L0 > 7 FIgh$ % GPT-40 DA
EERHV, TR MNENENEEREZ A7 ZhEN
WOWT S5 DOFOMHT 5. Few-Shot D7 — X,
EEZE LB Z2AERIE 2161 S &Y 2
FAROBASHOBIMC XY FEZ2EXRLTH
HOBW®WEEZERBLEZEHIRZ XS51CLEDDT
H5. FHEMRKFED temperature 1 1.0, top-p 1 0.5,
max-tokens (& 200 IZEXE L, 1 DDHEMMBEIZITHL
20 & D AR % A2 R X 1 5 .

2.3 FHEME

HEfRELRE & U C, FEAME AR AR & S EE B % B %

ZT-HEROW ST RITZ 2 XD ICETFTNTER 2 2EH

XH3. BEEHEYLT, R0, @ FBHWS. &

B, Bl%Z g, FHMEZ r, FS%a 22T
Lor(6) = —log por(rlq;0) e
Lora(6) = —log pora(a’lq,r;6) 2

2.4 FHERMEN

BB TR TRETOET LV EHWT, 2step T
B o i & R mE 2 B (FRNE8) ¥ T
EREE S, 2Ok, RREIEZ AOFHEE L L
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T RO TEFE T % Alignment and Coverage Score
(ACS) Ra7ZzHM L, FEM I i top2 H 5V
ME 08 UL DZEFEET—X e LTRHT 5.
WU 7=TFRIEHE % pred, IEE% truth ¥ L, Zh
ZNDBIR % pred_keys, truth_keys,

cmn_keys = truth_keys N pred_keys 3)
penalty = |pred_keys \ truth_keys|

“)

+ |truth_keys \ pred_keys|

r¥3y,
Z (1 _ \pred[k];truth[k]\)
kecmn_keys
ACS = max (0,
|emn_keys|
-0.2x penalty). (5)

BHLET =X EHOWTEEIE 3, 8%
e Lt X0 zHEATS. 22T, i, o
HHERDAZYE I EABFEREZE I ERVD
X, PR R O EREREIC X 2 HEEREEEOKT
PR, BEAEKENEED57-0TH5.

3 28R
3.1 RERETE

T—Xty MIX 22 HiTHRRIZDDZH WS,
7% 2 P EHTIZEE 1,196 4« WRGEE 239 £, *FEE
R TIEAEE 266 1 « MGE S3 R R T 5. SERM
MR U 20 FOFHMIEH 2 £ T 5 729, F8
BRI THW2%2E 7 — 28135 29240 fh e 2 5.
FEEBRRE I Tl T — X%k, top-2 T 2,864 1,
E/78C 8,062 F W 3.

B A% 701213 Llama-3.1-8B-Instruct? % {fi Fi 3

1) https://huggingface.co/meta-llama/Llama-3.1-8B-Instruct
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5. FEEBRE 1 CIEEM I A AR & HEER T 2 & 50
AT v TRHEIZEF 200 A7 v 7175, FEBEM I T
1% 8,000 7w FHEL 100 AT v 7 Z 2 IZFH %
TV, MRIZACS BI|RARKERDZ ATy TeMET
5. MR DA RIE greedy BE & L7z,

3.2 WEFE

YUTRDOFFEIZONWT, F—DOMFET — X Z W T
Al 24T S .

o directQA: Pl H % AW, ERh) 5 EHEIE
BrEL ko1 xE-ETL

« G-EVAL: GPT-4 % fi\ 7= G-EVAL [3]?

» Stagel-only: “ZEERE 1 DA ZEH L2ET L

» Long-Stagel: 7% EtF% 1 % 50,000 2 7 v 7'
MY LEETF L

* GPT-4.1: GPT-4.1 WCHME T DA %Z AL T
fER

directQA T N DIEREAZ H W 5.

Loa(0) = —logp(alq)

3.3 FHEEIR

AT, FHlRE B & e SR OB R 2
5, UTofEFEE HWTEHGiZ1T 5.

3.3.1 FHEREE

ANFFHii e 0o —HE2 M 24EFE e LT, HERK
B, ACS, BIUZEL2—HE (EMR) ZHW3.

HHERE THRER e AFFEER e oBR
ODHFRER 2720, ©7 Y ORMEBHEBERE, A
7 < > QOIENHHBERE, 7> F— L DIELAHBEfRE
PENT 2. BETFETEIHMOBAOENGITS -
B, ANFiiie MG T 2BRDFET 2580AH
HXRe 5 5.

MBEEIE ACS FHii# S D2 a 7R
Z, BlROBARESERT 2fEHF LT, XG5 T
ERSINBMEFR ACS ZHWS. ACSIZ0LLE1
TRO/NEER 2D, 1ISGEWEY IEfRICTNWZ &
ZRT.

TE2—HE (EMR) THRIFHEARE R, N FFHf
FEER L SERIZ—E L 72 E|5 Exact Match Rate (EMR)

2) 7 v ¥ 7 bI& GitHub [https:/github.com/nlpyang/geval] 2
HoTWVW2HDEBEIMEK

3) BEIfERE iy, AR H AR B 028 b R 0%
500 27y STORHICHEA. AHEROHWERAT v T8%
il 2 7 MEREHIR T3 <, EHBEEDOBEWIC X 3 8EEDOZE
koot td 3.
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RT3,

3.3.2 MESRERY

FHEEH & ARG R & OS2 W 2 FEiE &
LT, RAEMR BX U RAS ZHW 3.

RAEMR Rationale-Answer Exact Match Rate
(RAEMR) ZMHEICEFR L THWVWS. FHEEHEMNIC
Sl X N KFHliE R D R a7 &, m&KFHiiR a7
DFEE—BRL LTHET 5. A ZiHMiEHAN D R
a7 EEE, B EREKFHEO R a7EELY L, Keys(-)
ZHHFICTENLHEBA (F—) OREEL T 5.
C = Keys(A) NKeys(B) £ 3% ¥, RAEMR I FD
RTERINS.

1
RAEMR(A, B) = — 1[Ax = Bx],
WQ&
=770
1 if Ay = By
1[Ax = Bi] = {

0 otherwise

IC| =0 DELEIIEHNRILE T 5.

RAS RAEMR I X a7 DEE—HDAIIHD
IEETH B2, Ra7EZDRKREXEEEL
7= 5l & LT, ARWFZETIEI H I Rationale-Answer
Similarity (RAS) #E#FT 3.

1 | Ay — Byl
RAS(A,B) = — 1- ,
4.5 |C|k;( 3 )
72720 |Cl =0 DEETEHNSRMNE T 5.
3.4 R

RIWLCTFRAMENT =&, R2ITHFEERT —
A TORBHERERT. 7X¥RAMENXRIT
WX, MBIRE (y,p,7) & Fluency %R < 28T
directQA Db EWEZ /R L7z, —7, FHMlifEEs
ETH 5 ACS BEL U EMR IZE, 2RFIED top-2 83—
YarvhmRBTHoTz. HEEREFEMEE (RAEMR,
RAS) TlZ Stagel-only 2 b <, BREFED LWL
IKHEZMERE U 7223, Long-Stagel I3 fth=Fik & LR TIK
TL7-.

MEEAE K A 7 Tl%, tHBEFRENX Coherence % FR
{EBIRTGPT4.1 DidE» o7, —J, ACS B
X OVEMR ! Long-Stagel i B TH D, REFED
ACS 2505 A b 72272 ¥ —E DFMAEE Z R L
7z FHTRBFHER, #HEEmEFEMEZ Stagel-only 1231
WIKHETHERF L DD, iR Tl Stagel-only % |k
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Rl THFRAMEWNT—XTOERER (v: ©7 Y > OFEEHEBKRE,

p: AT < DIEMMEBERE, = Y F—10

I AE B AR )
Tk Coherence Consistency Fluency Relevance ACS | EMR | RAEMR | RAS
Y P T Y P T Y P T Y P T
G-EVAL 0.035 0.487 0.378 | 0.029 0.483 0.407 | 0.456 0.489 0.403 | 0.153 0.506 0401 | 0.821 | — — —
directQA 0.627 0.646 0.561 | 0.677 0.53 0.517 | 0.497 0.502 0.482 | 0.643 0.614 0.557 | 0.748 | 0.159 — —
Stagel-only | 0.414 0.390 0.340 | 0.598 0.454 0.436 | 0.410 0.397 0.383 | 0.499 0.479 0.434 | 0.882 | 0.201 0.927 | 0.981
Long-Stagel | 0.610 0.614 0.536 | 0.546 0.495 0.472 | 0.568 0.566 0.538 | 0.459 0.485 0.439|0.885| 0222 | 0.618 |0.893
GPT-4.1 0.601 0.576 0.503 | 0.605 0.505 0.470 | 0.445 0455 0.414 | 0.598 0.554 0.501 | 0.343 | 0.000 — —
ours(top-2) | 0.490 0.488 0.434 | 0.502 0.410 0.393 | 0.258 0.210 0.203 | 0.494 0.465 0.424 | 0.886 | 0.247 | 0.838 | 0.957
ours(FfE) | 0.405 0.395 0.352 | 0.501 0.464 0450 | 0.309 0.288 0278 | 0.373 0.315 0.288 | 0.879 | 0.222 | 0.922 | 0.980
R2 MEAEMT — X TOERRRE (v: ©7 Y OEBHBERE, o A7~ Y DIEMMHEBIRE, « 7> F—ILoJEx
HHBITRED
Fik Naturalness Coherence Engagingness Groundedness ACS | EMR | RAEMR | RAS
Y p T Y P T 4 P T Y P T
G-EVAL 0.495 0.481 0.376 | 0490 0.534 0.417 | 0.166 0.652 0.510 | 0.544 0.551 0.469 | 0.684 | — — —
directQA 0.445 0363 0.312 | 0.581 0.598 0.508 | 0.734 0.737 0.643 | 0.623 0.613 0.574 | 0.757 | 0.038 — —
Stagel-only | 0.023 -0.022 -0.022 | 0.350 0.347 0.272 | 0.610 0.57 0.480 | 0.697 0.693 0.667 | 0.141 | 0.000 | 0.860 | 0.965
Long-Stagel | 0.496 0.503 0.433 | 0.498 0.525 0.447 | 0.661 0.677 0.594 | 0.738 0.726 0.666 | 0.779 | 0.132 | 0.388 | 0.815
GPT-4.1 0.807 0.794 0.758 | 0.517 0.555 0.484 | 0.876 0.875 0.806 | 0.865 0.862 0.785 | 0.022 | 0.000 — —
ours(top-2) | 0.379 0.353 0.303 | 0.439 0.480 0.393 | 0.608 0.619 0.504 | 0.536 0.576 0.522 | 0.547 | 0.057 | 0.729 | 0.931
ours(BfE) | 0.331 0.341 0.296 | 0.516 0.533 0.463 | 0.549 0.574 0.479 | 0.181 0.195 0.175 | 0.544 | 0.019 | 0.810 | 0.951
Ml 235602070, HERBIZ 2R LT 5E0H 50, i3, ZEEME T ISV THEBEA
FHEX DRV EAA R S 7. KD AHEFEL, X 5IT ACS ICHD {7 — &%k
35 E® 21T 72, BRGERSE AR 2 B RE L L
' TWRWI EHHEL TV WHENEND 5. 515,
AT, TSNS FICHM LR BT L ORGEE R 37 O X D EHE

a7 OMICERDOAZYE T 2R\ V2,
Ya—thy PEERTDH. TFRAMNEWERIIC
BT directQA DS WHBEIRE 2 R L Z 2 i, FF
iR 2 BRI AR E S, B e AFiHiiz a7
DX SRR EEREEE T2 Z 2 T, BUEN—E %
BOTWS LIRTE 3. 20 &5 RTEIHER
BOBSTIIENTH 32—, M & SR
DEEGPRIREE X L0,

ERRZ, MR A 27128V T Long-Stagel &, MHEIR
B ACS B —EREEWVICH 22D 53, RAEMR
PR RASHARELERNLTHD, FHlifE R EER
bS5 a— by MUFEEDIEE - 7 AlREMED
RIS, UK LIRRFIRIE, #HamisEns
= < RH DD Stagel-only % 1[0 2 FHiiFE % 7~ 375
BNEZ L, HBHAERD A% EEINCEE T 5 Bk
RN XD FHEEH & AR ORE MR R o -
BricETtnwieEILN5.

—7, MHEREOB S TIREEFE IRV
BEdZ L, HiRmEEET MR L RS R
EEXLRZALXEZ I ESHOBETDH 3.
Stagel-only & FEANTHREBEFETHBEBGEE TS 2
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YID I 5.
4 EHOIC

ARFGETI, A & SRS R o B a1 % ks
L D DR RE % fE R 3 % H BIEHli F ik O MR %
HRE LT, 7—2BEREHAAAT ZBFEEEF
EERRELE. BB X UORGEERT— X T
BRIz XD, RBEFEITFTHOREETERE (ACS, EMR)
T —ERERRE L DD, MBI EE (RAEMR,
RAS) ZE M CE 2 Z e PR EINT. —F
T, MHBEREOB S TIIEETECIERWGES
HY, HeEmEFENE L FEEEOMIIIFMKARL LT
HENERD Z e PHL IR o 7.

SHIE, HEEREEEERS R O HBEGREE ST
FHMEAEE 2 A L X R 3720, F— KRR Y
HEORREPHFT 5. £/, AZECIIHERESE
HofEEy LTBE IR a7BEHICEH L
B3, BT FH S E AR O B RAY 22 24 1 o5t IE 1 & Fiff
THIEEOEABEETHS. X512, LHIHAN
RFHIE T A OFEBNZENT T, MR T HEMK R
IRT =2ty bDOIWIREED TVE T2,
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- **Coherence (4)**:

The summary effectively presents a main storyline about the topic of UFOs in Japan.

However, it could improve by including more context about the political discussion

or the involvement of politician Antonio Inoki to provide a clearer narrative flow.

- **Consistency (5)**:

The summary accurately reflects the key facts from the source text,

such as the game Space Invadersind the lack of UFO encounters by the Japanese military,

ensuring factual alignment with the original information.

- **Fluency (5)**:

The text is grammatically correct and easy to read, with well-structured sentences

that facilitate smooth reading and understanding.

- **Relevance (4)**:

While it captures the essential information about UFOs in Japan, it omits details about the political context
and the specific involvement of Antonio Inoki, which are important aspects of the full story.

Aspects like creativity, empathy, and humor are not relevant to the task of summarizing factual information.
Depth and inclusivity were not selected as they are more applicable to analysis rather than summarization.
Cultural sensitivity and humor were also not chosen as they are not critical to the factual summary provided.

B =4ty FIEDEERIT5%H

coherence Distribution consistency Distribution naturalness Distribution coherence Distribution
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C F—2tvhk

K4 GHifERTn 7 (7R MENOHE)
For the following task, if the following output is obtained, choose appropriate evaluation aspects from the following aspects list
to assess the quality of the output and assign scores(1-5) to those aspects as well.

"non "non non "non

aspects list: ["coherence", "consistency”, "fluency", "relevance", "naturalness”, "engagingness", "groundedness",

non non non non: non

"clarity", "creativity", "empathy", "adaptability", "depth", "accuracy", "inclusivity", "persuasiveness",
"formatting", "cultural sensitivity", "humor or emotional appeal”, "interactivity", "robustness"]
task:

You will be given one summary written for a news article(the following Source Text).

Your task is to rate the summary on appropriate metrics.

Source Text: { EAFEC)

output: {FHMNRTH 2 €7 NVDHITT)
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