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Model Total Params. Active Params. #Experts #Layers
qwen3 30B 3B 128 48
gpt-oss 20B 3.6B 32 24

This work is published without peer review and
is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



7 JLC AUROC FZ R R FEMMEDIT LE - 72—,
AUPRC 13 1#7 T RE 3. FEH FIXIZIEFRZMRE

Roh, 29y IV ERROMREOEREREL IR
Lo Tz,

;2 2V VEEEE (N =4000) DOYERELLES.

Model  Method AUROC AUPRC

gqwen3  Proposed 0.938 0.776
SAPLMA  0.927 0.786

gpt-oss  Proposed 0.922 0.703
SAPLMA  0.903 0.718
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8 0.85(.02)

16 0.87 (.01)
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0.79 (.05) 0.54 (.07)
0.85 (.04) 0.61 (.08)
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0.28 (.09)
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0.54 (.12)
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8 0.78 (.09)

16 0.85(.02)

32 0.84 (.02)
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