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## Instruction
{instruction}

## Examples

### Example 1
Input:

{input examplel}
Output:

{output examplel}

## Evaluation Instance
Input:

{input}

OQutput:

K7 I0BEERODO T T

# Task to evaluate

Your tasks is to evaluate the interaction between a user
and an AI assistant. I want you to evaluate the assistant
s response. Evaluate the response for the given rubric
below. Use the rubric to guide you evaluating and base
all your evaluation decision on the rubric.

The AI responses are for: {instruction}

# Sample to evaluate
User:

{input}

Assistant:

{output}

# Rubrics
{rubrics 1}: {rubrics 1 instruction}
Score 1: {scorel criteria}

Score 5: {scoreb criteria}

# Instructions

Evaluate the quality of the response from the sample and
return a score between 1 and 5 as JSON:

## Score: [JSON]

Return only:

{"<metric names from Rubrics>": <score 1-5>, ...}
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