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Intertopic Distance Map (via multidimensional scaling)
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UMAP of document-topic distributions (colored by label)
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in a language model.
Cluster ID: {cluster_id}

Feature interpretations:
{items}

Task:

Provide a short cluster-level summary as a noun phrase
(max 10 words).

Be conservative. If no clear common pattern exists,
output "unclear pattern".

Output format (JSON only):
{

"summary" :

3

You analyze internal features of a language model.

Be conservative. If evidence is weak or inconsistent,
answer "unclear"

Do not guess or hallucinate.

Respond in valid JSON only.
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Below are short text snippets where a single internal
feature z

of a language model activates strongly.

The strongly activated token is marked with #*x *x%.

Examples:
{examples}

Task:
1. Briefly describe what this feature responds to (max 3
words) .
2. Choose one category:
- semantic (topic or meaning)
- syntactic (structure, quotation, formatting)
- unclear (cannot determine)

Output format (JSON only):
{
"interpretation": "...",
"category": "semantic | syntactic | unclear"

3
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