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H =X L OIEE JE - FEEE Ay RRATHHT
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PG EI AR HE T 2 BN R ER R L
TERD, SEETLICIBVWTY, REMIIZER
ZHEXHETHBEOMIEX ) = X LRI TNWD
PEIALPICTE 22X, SEOMEE XUEET
T KD FECERICEN S [1].

ETIVOEHN NI ERD KX T RERE
BERETZFIE LT, HERNDITFIE2 3,4]
DHOWHLNTWS., EITHRETIE, ZoFiEZH
WTHEREX I = X L DI [5, 6] BATHATED,
FrcEdRo—H (7117 47—+ ¥x v TIKFEBR
(FGD) [8] ZMLFE§ 2 X = X 5 D@D AT &
NTWsy, HELHFETS. £73, BEFEODIZ
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ZOMICEE->TED, BLRESENY FORE
TOAMENTELT, YONEETXH=XLH
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215, SIEFEEES oM FEEHRALTWE Z
o, BEEHOBENDD 9], FEINTXH=X
LD HANC E T T 2 22 3BH S TR,

Z TR T, FH 2 DR OEENTHF
15T ® % activation patching (AP) [2, 3] Z H\, & -
RNy FEMNTEZ 2B DX =X LD
HEWZ M T 5. SHRE LT FGD & &M
PHIEE (NPD O Z2%HW», ZhZhcBVTX
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DIEEZLEMIEL, X THHA (0O0D) 7 — X
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alignment search (DAS) [4] & DLLELZ1T S .

AT ORGSR, FGDITIFHIBED X = X L BFEET
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HEERRIC T 2 HERBERILINER L - XHhH
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1:3°8 WEFF  prefix filler NC the noun verb  HFH

A A wh £E[ S EWHK The man knows  [who/that] the teacher liked [./her]

DL CLerr It was [the man/clear] that the boss  scared [./him]

Ex:ile Toric  Actually, [the kid/¢] the guest hated [./them]
SEBEER (NPI)

1:9°8 WEFF  prefix licensor NC last HH

SR Conp  The host will sleep [if/while] the guest eats [any/some]

5 E BR E DNEG [No/The] patient have liked [any/some]

e Bk Sup  This is the [fastest/fast]  kid that had liked  [any/some]

area-iL
[1i9%4 M&EFR  prefix filler/licensor ~ NC the noun verb/last HiJJ

HANCEE S SRR Crro

[Tokyo/Rome] is

the capital of [Japan/Italy]

L7z (BToE =2 DI A DFE 2 ZZHR).
%72, DAS DB B X UG D=8, ¥t v
&, RN (D), 734AAk (00D) 7 & bt v b EHE
T3, %8y b ID TR MLy MIF—DFER
ty FBERKL, OOD 7R Mty MIERZEE
#ty FOOAERT LS. FICH DR VED, &R
BFIDBELLO0OD 7R bty FDEEEHET 3.
F—Xty FOWPICHoTIE, (121103
F—RAERRZ )T M ERELTHWE. ZDX
7YX, FTXHEOT I L— FEED, X
WL RER L v b SEYI R EEERHAT 2 b
TXERAERT S, ZOFHRICEKD, EBEEB XU
DWNHFCBNTIEWRHEFFoT —&Xty M EIERK
TEIEDARETH S,

22 ETFI

[5, 8] IZHEWY, Pythia-1B, 2.8B, 6.9B [13] & #7112
W5, FHIHT D 2372 WER D, 1B OfERZHRET 5.

3 HBEREAN=XLDOSR

3.1 HhFE

ETVDOREDFEHNIN L T DMK ERDK
ROCEEEEZ TWAILERET 2 FEE LT,
activation patching [2, 3] (AP) Z#¢H 3 5. Z DFkE
T, H2AM b IHT 2HFmICBNT, FEEDH
REE f OIEWME f(b) 2, BIO AT s oELN
T-IEMEE f(s) TBEHZ, ZONMADBET LD
NG5 2 282 HANE. Zor &, EHxf
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3.3 "R
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4.1 Fik
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%% &% FGD £fRI2B W T, IERNZE L WA
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