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(A% % £ % L 7z \»] This intent involves customers wanting to
change the number of people included in their reservation. Inquiries
often arise when there are changes in the group size, such as someone
canceling or additional guests joining. Examples include requests to
reduce the number of guests due to cancellations, increase the number of
guests, or adjust room allocations to accommodate the new group size.
Customers may also seek information on how these changes affect the
pricing and whether the booking system allows for such modifications.
This intent focuses on ensuring the reservation accurately reflects the
current number of guests.

(18 - 75 > % #i% L 72\ ] This intent is for users who want to search
for accommodations or specific plans and need assistance with the
search process. Inquiries under this intent often involve users who are
looking for specific features or conditions in their accommodations, such
as pet-friendly hotels, rooms with independent bathrooms, or rooms
with private hot springs. For example, a user might request the addition
of a search filter for rooms with separate baths and toilets. Another
user might find the current search options insufficient and request more
detailed filters to better match their needs. This intent captures the need
for guidance on how to effectively search for and find accommodations
that meet specific criteria.
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