o

aup

FALER R 32N Fam IR (20264E3 )

IO—48 . 7O—-4BSFEETIZHALL
ENNREE AN VREEsERL

INARFE R !

S AT !

LSRRI

kobayashi.s.08a4@m.isct.ac. jp

e

SNS ZIZLHE T35 & —%v b EOXEIZIZ
ZRHINRENEENTVWREALHS. £ L1
BEOPRBBESEETLVOFER TR IZEER TV
BE, TOETNMIERNRSZEOXERERT
LHHEMD DD, FTDLEDETANELERL -
Rz, 207X X M 6EHNRE 2MNT 2 FiE
PRETH 5. ZHINFES 2T 2 BEFEFEREZ
B2, 7TFAMrOEJNNHETITEY T 5 28
YRS 2 FEOBEIAR TS TH L. AHET
%, =ya—XBDFEFEETNTH 5 RoBERTa &
FTa—RXBDFFEET NV TH 5 Gemma, Qwen DT
HZEHAEDLELE 7 HF Y TMITED, R—XAETF
LEDBEWFL Ra 7 BEMRLT-.
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B, BEDI I 2=F 4103 2 A& DOREEZ A
LXBB3EICH2Z 2. 2D, ZRNHESIIHS
2ROLEZRHZ T AREE 2R o TV 5.

AR =2y b EDOTFF X FMITIIREA IR
HKENEETNTVS [3]. 25 LEAEERERES
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XA BEFNFESITRY T M EMHT 2 2
YEHNETZ. o7 7 a—F37F X b ks
ZHINTH 2 EME T 2 FRICHERT, HHAEE
HESPEAEOHE TENTWS. FERIIHES DR
HICRE D 2RI Z S BIET 208, TFA ML E
AFRETH 259 2T 2 BFEOFIEZ 94
BEEZR->TWVWR 2IEEARVE]. IhzdET
37012, KR TEEBOLY a—- XD FFEE
TN Fa—RROEEETNEHAEDESLZ L
THREBEZA X, AECERELET L
DFEHET GitHub TRBILTW3B D,

2 EEAZE

2.1 ERMRE DR

TXAMPOENNRES ZMNT 2 FEDEZL
i, RIIET VK2 08EPHVLNS. fle L
T, LSTM[5] Z W/ 3HE T VI X, BERT[6]
X° Llama(7] 7% ¥ @ Transformer[8] % H\\ 7z 0 $H0 2
Fond, iz, MHMRICIEKRE LS 2T 2B
H3. 121 HROTFZAINLEJNNHS EEE
PEHNT 20D X577, TFIX KT S
DEETH 2 [9][10]. B 121F, HROFF A MIC
HEENDHEHERL =7 UREFNHESICEENS
PEHNT 20D X5, TFXMNOFERI
NT B0 TH 2 [11][12]. KHAKEFHBREOME
EERHALTED, 7F XA MHNOZHEBIIHT 2
EREEIT- 7.
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Target Sentence

Model 1

Prediction Prediction Prediction

Majority Voting

Final Prediction

1 79I LETILOREK

TANT OV 1 BBEIRL25E, BEEOEVWET
NOTHZRAT 5. BEEIIELDOR-ZET L
OMHHREIC X > TIRET 5. 25 LTELNT
AL R TR oL e Uz,

3.3 BAR3Y 77— FEUOKES

Iy a—XRROEEEFTNIEFNETNEL YT
v — REN %D, il 213 BERT &, Itokenization |
Y\WHHEER ltoken) ¥ [tization] WD 2DOD
P77 — RICHEIT 3. 2D, Token AN
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FTEFHZRLE L. 2953528 T, Bhdy
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HateNorm23 121%, 2,421 fFDFIFRT— % & 606 14
DFHIi 7 — X BEERTED, IRXRTOTF—RITE
RS TH LD EENT VS, RFFETIEI
T =& D57 > & LIt L7z 300 % MEET —
2 LTHHLE. &7 —XOEHEBICBIT 5%
A ICHEENZHEOE SR, T —RICB
WX 17.5%, MREET — X ITBWTIE 17.1%, i
TFT—=RIZBWTIE 17.8%TH 3.
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You are a strict hate speech detector.

stem P t
System Promp appear to be hate speech, and 0 to all other words.

tag, ...]

Hate speech is defined as the public expression of prejudice, hostility, or offensive remarks directed towards specific groups or
individuals based on their identity characteristics, such as race, ethnicity, gender, or religious beliefs.
The input is a list of words from the sentence. Your task is to assign each word a tag of either 1 or 0. Assign 1 to words that

Format the result in JSON format, with the key “result” and the value as a list of dictionaries.
Output should be in the following JSON format: “result”: [“text”: wordl, “label”: Binary tag, “text”: word2, “label”: Binary

The number of words in the input sentence is 10.
User Input

input: [‘what’, ‘with’, ‘this’, ‘racist’, ‘coon’, ‘nurse’, ‘a’, ‘murderess’, ‘hang’, ‘her’]

Output
0}, {‘text’: ‘her’, ‘label’: 0}]}

{“result”: [{‘text’: ‘what’, ‘label’: 0}, {‘text’: ‘with’, ‘label’: 0}, {‘text’: ‘this’, ‘label’: 0}, {‘text’: ‘racist’, ‘label’: 1}, { ‘text’:
‘coon’, ‘label’: 1}, {‘text’: ‘nurse’, ‘label’: 0}, {‘text’: ‘a’, ‘label’: 0}, {‘text’: ‘murderess’, ‘label’: 0}, {‘text’: ‘hang’, ‘label’:

Predict [0,0,0,1,1,0,0,0,0,0]

3+ 2 HateNorm23 @O 5 — X i

F3 R—AEFINDOEBFEER

| id | token | label

| Model | Type | BinaryFl | SoftFl | Hard 1 |

0 | Say/it/loud/,/say | OOOOOOOOB
/it/clear/,/illegal | IOOOOO

/ #immigrants / are /
not / welcome / here /

@user

TFT—REy NIEENET—XOHI%EZE2I1TR
. T—RIIID L HEBEI KRSz TF A b,
ZRUTHET S BIO SR> TW5, fEHSHE
DIFEBLIDRT %1, ODRT%0ICEZHZ
32 T2MED T NVZIER L.

4.2 FHEERR

ETILOFHIICIEZI IO 3 ffEHD F1 227 % H
W3,

Binary F1 &HFEICAIME Nz 2ED F XouH
5, SV IIHLTFl Ra7%##HET 3. ¥h
P IEMECENNRES ICE TN HEEMHTE T
WA PEIRT.

Soft F1 FHGEICIIE Nz 2fEHD Z ~ L% BIO
DIEDZNIVIZEHLL, TV B & T TITH
3% F1 227 ® micro F¥H% & 5 [20]. ¥NZITIE
MW ERNHES TH ARV ZRETETWE 2%
NI

Hard F1 SHFEIIINE N7z 2{ED T L5,
ZHIRFHE TH 3 2 DRI E R T EZS
5. ZDANYDBENEE T EITRIT—K
LEdDRIEME L, A SVHEMOF 2a7 %
H3 5. Soft F1 XD Et&IC Ry OMHIFEE %
R

— 101 —

BERT Encoder 0.723 0.620 0.517
RoBERTa | Encoder 0.737 0.638 0.554
hateBERT | Encoder 0.714 0.615 0.531

Llama Decoder 0.617 0.519 0.544

Qwen Decoder 0.708 0.627 0.600

Gemma | Decoder 0.726 0.645 0.613
43 ETIL

AHHETHEHTIR—ZETFTLIETART
Hugging Face? IC A E N TWVW2HDTH 3. T
Ya—XBDFFEE T L LT bert-base-uncased
(BERT), roberta-large (RoBERTa), GroNLP/hateBERT
(hateBERT) [21], Ta—&XHBOFiEET L L LT
Llama-3.1-8B-Instruct (Llama) [22], Qwen3Guard-Gen-
8B (Qwen) [23], gemma-2-9b-it (Gemma) % {#F L 7.

s — &ty FEZHWTSFT 217V, Zh b
NR=—RAETNDT 7 A4V Fa—=V T % ({Tolz.
BHROGPAMEITZ Y a— X RDZFEETILT le-6,
Fa—RADZFEETINT 5e-5 ICKEL, TRy
B0l ZorE WMiET—XtEy M2B
I 2 HEKEBDENRD NS BRI2EEOD DR
BRI 7 74 Y Fa—=o Vv IEAETLE LT
o 7-.

5 SRERIER

51 R—=XEFILDERE

EBHERZRIWLCRT. 774 Fa—=
VIBEADN—RETIIZE W T, Gemma
¥ RoBERTa 28 \WHEREZ /R L 7. Binary F1 Tl&

3) https://huggingface.co/
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Metrics_Top-k | Models | Binary F1 | Soft F1 | Hard F1 |
Hard_3 Gemma, Qwen, RoBERTa 0.744 0.662 0.618
Binary_3 RoBERTa, Gemma, BERT 0.746 0.650 0.581

Hard_4 Gemma, Qwen, 0744 | 0.662 | 0.618
RoBERTa, Llama

Gemma, RoOBERTa,
Soft_4 emma, RoBERia 0745 | 0.660 | 0.617
Qwen, BERT

. RoBERTa, Gemma,
Binary_4 0.744 0.650 0.590
BERT, hateBERT

Gemma, Qwen, RoBERTR,
Hard_5 emma, Qwen, ROBERTa, | 31| 0644 | 0.600
Llama, hateBERT

N Gemma, RoBERTa, Qwen,
Soft_5 0.738 0.651 0.611
BERT, hateBERT

Gemma, Qwen, RoBERTR,
All emma, Qwen, ROBERTa, 1 50| 658 | 0.507
Llama, hateBERT, BERT

x5 ETNOTFHIG
Muslims can rape white girls without consequences, but if
a white man did this to a muslim girl, he would be in jail.

True

Muslims can rape white girls without consequences, but if
a white man did this to a muslim girl, he would be in jail.
Muslims can rape white girls without consequences, but if
a white man did this to a muslim girl, he would be in jail.

Muslims can rape white girls without consequences, but if
a white man did this to a muslim girl, he would be in jail.

Gemma

Qwen

RoBERTa

Muslims can rape white girls without consequences, but if

H.
ard_3 a white man did this to a muslim girl, he would be in jail.

RoBERTa, Gemma, BERT DIJIHIZ & £ 72 - 7=, Soft
F1 T!Z Gemma, RoBERTa, Qwen D JIH{Z, Hard F1
Tl¥ Gemma, Qwen, RoBERTa DJEIZE L 7o 7=,

ZORRP STy a-XBOFEETNVIET 2 —
RAUDSFEE T IR T, HGEHRN THET 2 HE
NIRRT TW22EZ 5. ¥k7a—-XMOFEE
THMIL Y a—-XBDFFEETNMHNRT, A
ZIEHEICHE T2 NCEITWEEE X 5.

52 IYO=4LM--FI=4LMODOEH

RICK B14E8E

Binary F1 & Soft F1, Hard F1 DfE% JTCICE T L%
HAaEDLE-. HadbEE, b3 0% #ERL-
2 @by, bfi4o0%#ER L3, Li520%
FEIRL 28D, 6 DOFTRTOETFIAZHEIRL - 1
WBHDERISEY TH 2. R—RAEFILTDHEERE
REITTIC, FF1 RAa7BEWIEE L HoEeT e
HEIRLU TR EML 7.

FERFER 23 4 1Z7”7F. Binary F1 & Soft F1, Hard
F1 @ 3 ME2 TOlEEICB W T, Hard 3 &
Hard_4, Soft_4 @ 3EENTRTD7 74 ¥ F 2 —
SV TBEAR—RET VDR LAl -7 7
Soft F1 ¥ Hard F1 {238\ Tl%, Hard_3 & Hard_4 723,
o7 > Y ITNVETLEAGDLELZITNTDOET
LNOFERE A7, 202 0DMAEDLEIIRFETL
FIRa7%xF->TED, #HAEDLEZETLOED

— 102 —

DI VIZCHBEBEROHEEN DRV e h s, A%
YHEAOMBIZB W TR BN E T LI Hard_3
(Gemma+Qwen+RoBERTa) TH B EFZ 5. X HIT
Binary F1 IZBWVWTIE, §RXRTDI7 7 A v Fa—=v
THEARN—=ZAET NEHABDELETLDBMMD 7
VYU ITNET A EEDLEREITRTOET LVORER
ZERo7. DEORER?S, BROET L EHA
EbEBZZLTIOETLID b EWERERZ-E
B5ZEDARETHHEFRS.

Hard 3 DETNLE ZNEMRT 52 RXR—RETIL
DOTFHDFI %L 51277 F. True DD KFI1EZEH
HRECEEINIHETHD, ETLOMDOKTIZ
ELLEFNESICEETN S & FHITEHET
3. BEEREIETHIS ~OULPREE - TV EETH
5. R—RAEFTILCTRE > =FTH % L TW3E5
X Tthis) ZFRWT, Hard 3 DFHITIELL - T
W3, AU, ZBEUIC X B PCEDSTEYN @ 724
Y*E2%. L2L lthis] I&2WTIlX, Gemma A31F
LLFHILTOWZDITH L THiDE T ILHEE > T
W3728, Hard 3 D TFHNEEE>72d DI >TWw»
5. 20X, ME-7=FHENCEE L T ZHEIRIC
FoTLEI HADPEHRDOBHRTHLEEZ 5.

6 &HOIC

AW TIE, HROTZya—XMDOEEBET LY
TaA—XBUOFEET N EHAEDE S Z & TEH|
MBS ITEZY T 2 2y o EtEREZ A L X8 7.
EBHERIDTF AL ERNRSTH 2D %
HEEBNI Tt T2 22 27128WT, =ra—&#H
DEBETNE T a—RBOFEET NV EHAED
HEZeBEMNTHS Z eI RINT.

SHROBEL LT, ANXORHEPEET LD
il Z BT 20, FNLERDFERPREL:
7YY TVFEERE L2, iz, RIFETIE
—FEHDOT— &ty FDAERNTIHiZ(T- 7272
B, IOZLOFHEEZLT— Xy MRERIF
SEEERVEAEZT Xty b EHVMREE
BIT5 e BT oE. X5, HHLET—X
ty MIEENZENNHES IHRNRDDTH S
7=, AREFETREEL 72 7 OUIZIRI 2 2RI 5
SEME T2 I IRHELTWS. 2B 5 hH
ALEF—&ty MTINA T, BERMZZRINFES
NEENDET—Xty bEHWEEY L2175
Z T, ZRRRERNFESICNIETE 2 EHANKRE
TIUEHERTLZENEZIONS.
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