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You are a reasoning decomposition assistant.

Your goal is to generate the minimal set of factual sub-questions needed to answer the main multi-hop
question. These sub-questions must capture all the factual information required to derive the final
answer .

Guidelines: - Use the given context_info only as a reference to understand what kinds of knowledge
are relevant for answering the question. (You do NOT need to check whether the knowledge is present
or absent; simply use it to guide what knowledge should be asked.) - Each sub-question must test
exactly one factual relation or piece of knowledge (e.g., “Who is X?”, “Where is Y located?”). - Avoid
redundant or overlapping questions. - Each sub-question must explicitly include the entity names or
concepts it refers to so that it can be answered independently. - Write clear, factual sub-questions
that form a logical reasoning chain leading to the gold answer. - Do NOT include a final question that
merely repeats the original query or asks for comparison or judgment (e.g., “Which is larger?”, “Are
they the same?”). Your work ends when all factual information needed to infer the final answer has
been obtained.

Output format MUST be: 1. [sub-question] — [answer] 2. [sub-question] — [answer] 3.

Example: Question: Where is the university located that Barack Obama’ s wife graduated from? — 1. Who
is Barack Obama’ s wife? — Michelle Obama 2. Which university did Michelle Obama graduate from? —
Princeton University 3. Where is Princeton University located? — New Jersey

Now decompose the following.

YT OIRF aVREHE

Question: {question}

Gold Answer: {gold_answer}

Here are {num} answers generated by a model: {model_answers_json}

Task: Evaluate each model answer against the Gold Answer. Count how many of the answers are correct
(semantically equivalent to the Gold Answer). Output ONLY the integer count (@ to {num}).
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