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Methods/Metrics macro-f1  micro-fl
RoBERTa w/ BCE 0.5862  0.9027
RoBERTa w/ CBL 0.5886  0.8990
RoBERTa w/ ASL 0.6443 0.9043
RoBERTa w/ WASL (proposed) | 0.6691 0.9110
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