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5) https://github.com/EhimeNLP/matcha

6) https://www.jnlp.org/GengoHouse/snow/t15

7) https://www.jnlp.org/GengoHouse/snow/t23

8) https://github.com/naist-nlp/jades

9) https://huggingface.co/ku-nlp/bart-large-japanese
10) https://github.com/feralvam/easse

11) https://github.com/bitextor/bicleaner-ai
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