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Ry LT, WXDIEd, WIEOMBETIER SNz
F—XEy ba—RRERBETOND. 5L,
WSEIEH D MFEL D 7= 121%, PR DN
T, #2077 AEbEEY 5.
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R RE OBEMEICOWTIAR S, 3ETIX, 7—
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@ -, Methodology DD overlap (/) Metadata of [
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,. Methodology i
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'm' Methodology
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1 HECHHET 2 X &7 —20f)

K2 HENROFIHEA T [12]
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247 EH

Name MultiNLI

Full Name |Multi-Genre Natural Language Inference
Modalities |Texts

Tasks Natural Language Inference

Description| The **Multi-Genre Natural Language Infer-
ence** (**MultiNLI**) dataset has 433K sen-
tence pairs. Its size and mode of collection are ...

4 RER
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REMEZMEES 272912, ZOHEERBREZIT- 7.

41 RBT—42

HeE FEOMREZMT 2720101, 7—X
Ly hORT7EZNLDMOBEEMYEDIEMR T N
AMREL 25D . Thbb, 1 DO YA,
(Di.Dj,RX,) D b Y FATHES NG T — KB E
7%, L, Dt D; 3T —XEy b, RY
dD; ¥ D; DBDO XA T X ITBIT2BEEZERT.

411 RBRT—2OIERFIE

KERT — X DAERTINED S 2 X 3 DEHRITR
3. ARHEERTIX, Papers With Code 23/80F1 L T\ 3
Datasets 7 — & [23] (LUK, PWCD & %) =M
W72, PWCD I21E, F— &ty DX R F— X
DEEREINTVS. £11g, Z2oflErRT. £,
PWCD I2lF, &7 —&t vy F eIGd 25 DER
bl Twa. flZIX, £ 1 THCETFER
SrefEmAH O 7 — Xt v b TH 2 MultiNLI [24] TH
AUZX, A Broad-Coverage Challenge Corpus for Sentence
Understanding through Inference & W9, MultiNLI DfE

1) EREICIE, ARBROEHOZDIRHRERD DI, T—X
Y FEDDBDTIERL, TODRXRXTFT—RTH 5.
2)  2024/09/02 (JST) XX >u—FL=F—X &AW,
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Background | The citation states, mentions, or points to the
background information giving more context
about a problem, conce]pt, approach, topic, or
importance of the problem in the field.

Making use of a method, tool, approach or
dataset

Methodology

IR U TV DR A PGS NT VS,

ARFEERTIX, WmXBEOMEEZH2FETHLE
sofrier (Bibliograpic coupling) [25] D#& Z HFITHD
X, Tty NEICEAESEDLD D0 EL T ED
7z. Thbb, 7Kty MINET 2mXEDS
BNV A N OEBEOFEIC LT, 7—&XEy b
DORT7 DEEEZ RO G2 ED . DETI,
BE M2 RO XRTDE T 5 2 7 X% Relevant, Z 5
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T 5.
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Z#Z WY A &, Semantic Scholar Academic Graph
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% S2AG DHEREIC L D, 5IHX A THNTEE L
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F3 EFT—XOHE

&4 FEHHER

Background

Acc. Fm  PFret Fnon

Methodlogy
Acc. Fv  Fre Fnon

Randeyen|0.500 0.365 0.072 0.658

Randgg

SRS

0.929 0.500 0.036 0.963
0.957 0.585 0.192 0.978

0.500 0.402 0.161 0.644
0.838 0.501 0.091 0.911
0.884 0.594 0.250 0.937

Pair (Background) Pair (Methodlogy)
Dataset |Relevant Non-Relevant|Relevant Non-Relevant
Train| 6,377| 70,563 1,961,655| 170,228 1,861,990
Dev. 797 1,068 30,171 2,652 28,587
Test 798| 12,140 305,863| 30,271 287,732
Total | 7,972| 83,771 2,297,689 203,151 2,178,309
(3.52%) (96.48%) | (8.53%) (91.47%)

8:1:1 DHIGT, ¥H, B, 7TAMHIII VXL
FEL. BEIZIC, FED22O20F—2%E v b
PROBLTR7 L, EBOY IR EED. T2
2L, ERRCBI2HBEREOHN»S, FEBXU
BRHOT -2ty bORTIZZE, &7 D 10%
BIURLY YTV UTHALE. K31, 5
BT — 2O EZRT. T —XICB1) % BEEE
ZFRORT OHIEIZK L, Background % 4 7Tl
3.52%, Methodology & A 7" Tl 8.53% T & - 7=.

4.2 it
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[FULL NAME] 72 &) ZHEL T, ZDRICEZKT
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Fine-tuning 12 3 F % 8L BB Cross entropy loss
LT, Ny F ¥ A X% 32, Gradient accumulation
stepBE 8, TRy Z7EE3I L ETNVDORE
{EFHEITIE, Weight decay % 0.01 & L7z AdamW [27]
ZHWR., #ERI, mAME% le-5, Warmup ratio
Z10%8 LIMER 7Y 2 —1) v 7 CTilBEL 7.
4.3 FHESE L LRFE
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* Randeyen: S0%DFEHRT T ¥ X LITHEE T 5 Fik

* Randgiy: FH 7 —RXWXBIF 27 7 A5MIHE-

T, 7YX LIHEET B2FiE

4) https://huggingface.co/allenai/scibert_scivocab.
uncased
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