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Given the sentence:{sentence}

Current extracted events:{extracted_result}

1. Basic Events:

1

2

3

4

5 Event types and Arugments Guide:
6

7 Gene_expression(Theme:Protein)
8

Transcription(Theme:Protein)

9 - Protein_catabolism(Theme:Protein)

10 2. Complex Events:

11 - Phosphorylation(Theme:Protein, Site:Entity)

12 - Localization(Theme:Protein, AtLoc/TolLoc:
— Entity)

13 - Binding(Theme:Protein+, Site:Entity+)

14 3. Regulatory Events:

15 - Regulation(Theme:Protein/Event, Cause:
< Protein/Event, Site:Entity, CSite:
<— Entity)

16 - Positive_regulation(Theme:Protein/Event,

< Cause:Protein/Event,
< (CSite:Entity)

17 - Negative_regulation(Theme:Protein/Event,
< Cause:Protein/Event, Site:Entity,
< (CSite:Entity)

Site:Entity,

18

19 Conversation history:{history}

20

21 Question:

22 What are event of {entity}?

23 What are argument of {entity}?

24

25 Answer:

26 Event trigger is {trigger}.
<— event typel}.

27 Answer:{argument role} is {entity}.

Event type is {
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