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EARRES EEREMT BERETRE) |
color: black, location: lower part, velocity: 117 km/h,

sedan: Toyota Crown (brand: Toyota, model: Crown& E#8) )
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-Abrand ... [velocity] . = B SRE £ RCATRE
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A stealthy black Toyota Crown

A brand-new black Toyota Crown

appears in the [ RSN of the emerged in the lower part of the

screen at a speed of TR security footage, accelerating

rapidly to 117 km/h .
R 1 FindVehicle ¥ f2RFHEIC B} 37— ZER D Lk
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AT A= pffil

EG A distinctive silver BAIC Saab X5 caught everyone’s attention as it raced across the top of the surveillance frame at
108 kilometers per hour.

SG Heavy rain obscured the view as a fuchsia pink vintage-car emerged from the top of the frame, while a barely visible pitch
dark pedestrian passed through the top left section of the surveillance feed.

UG The busy classic car show featured several eye-catching vehicles, including a softred and fuchsia-pink display section,

where a meticulously restored Chevrolet advance design with a fresh coat of soft-red paint drew admiring glances from

enthusiasts.

DOR7%ZVAMEATEZ 5.

Few-shot % > 7°)L1Z, FindVehicle H13 D& >
T LLM HE W EICER L Z#NS > T Lo
“HEEERHASDETWS. BT YU, EE
R A TOMFENE L EET 2 EERHZ SO HE
RERERLTTIHAMET 2. 8T > LTI,
%mﬂb%viww&%%i%ti&ﬁ%ﬁULo
TLEIEWOEHENS, ZHERAEREREICT
t@kmﬁm#ﬁM?é.%%ﬁifu,lﬁ%
B % <ne type=‘sedan’>Toyota Crown</ne>®D X 9 7%
2 7 CHI/RINCAHARA T & 5 ICHRT 5.

R A I T, V> 7L O B AR AR R
7R DRI R ERT B

4 3ER

WERLET XLy FOBNEERAET 2729
BT — &ty b OEEFHEE AR T — &%ﬁmf
BINEE U EAEREMME T VI K 2 THIFERD
fiEkir D — o ORI & 5HT % FEHES 5.

4.1 T—Etv OREMLIE L ER

FindVehicle DZ3BATER? 22 & JSON B 2R L,
BETAIXDT ) 7—3 a Y EHRE LT 42,342 Xh
50N XDO—BRT—XEER L. £/, 7—
Xty PHNZIFME LR R T “BOTTM” SR LFTHR
RN TWERY, THARBRAKXFHEHAI G NS
720, TRTOXZ/PNFITH— L TUBE L 7.

BT —RXDERICHZD, LLM D#EE T
Claude3.5-Sonnet [11] ¥ GPT4o [12] O H /12 % LHi#g
LT, &bZReRXERDAIEET D - 7= Claude3.5-
Sonnet # %M L7=. FindVehicle I - BAFE - 31l
7 — &5 2024 1,000 £, 100 £, 100 £F% 3
IV UL, TUHDHEFERAL, 3.1 HTiR
~N72EG+SG-UG Z@MH L TER L. B, EE

2) CoNLL k JSON O 2 DJER TR ENTE D, NAED
H72 %, https://github.com/GuanRunwei/FindVehicle

— 4274 —

RIHEEZIIBH T — R DA ZFHWTHEEL /-,
4.2 T—A2t v hOFEH

BT —XONEFHMEe LT, &%V IF
B & DR U3 7 — 2020 LTt & 521
Lk T3, AR EML T > 7L — b OEWIC

HEoT0WRWOZHZEL, ZRREXXRIEENT
Wb ZhER L.

K I1IWRTHED, SG OHITIFEM E HITH %
AR ICE L, UG TIXHEHMERIIIBT 28K
DHMOEEELXRY, ARINT —XITIE
FindVehicle 1213 7 &5 N W2 XRMB & T
Wiz, —HT, TOT—E» o313y, sGEiR
W &ML 72 BRE 72 ¥ OXRPER ST D
FindVehicle DF%E TIXEHT X 4 72 LT 7 LS H
I BN Z “eye-catching vehicles” D X 5 IR R F
AT ENR TN R P O S FER I Lz,

BT — X OFEEZERINCHHS 2720, HR
Sl 2 EME T 58E 241K, EG-SG -
UG OBAERTED o MAEA I L7z 20 323D,
&t 60 3Tzt U CRMiiz S L 7. FFAffi T brat [13]
EHOTERT—2E20H{LL, (1) (F5xnz@E
BRUZ V0@, 2) FUFFEhINE
KEOREL LO HIZOWT O EITo 72, &
liDFEER, LLMIZ X > TR G XN -EHERH I N
L DEERIX, EG D 96.4%, SG B 95.6%, UG A3
95.6% THo7z. £z, EHFRIX, EG D 93.9%, SG
M 92.3%, UGH87.1% THho72. ZL Ao5ND
LT, ANREYZR CHEMAN DX R DAL E A
DEBERB T VD ENRE TS, £, R
UG T35 26N 2EERBEFICZA TORD
HAHLGEC, HICE T 2EAERFOAE Y L%
LT 2EADPEP -T2, TS DEERM2S, EG X
FindVehicle DEHRFDHAGORICE D DHE

3) FindVehicle Tl&, “van” = “truck” 72 ¥ O —f%% 5 b Bilifi &
4 FTOEFRH L“CTEZ 578, “eye-catching vehicles” % [&]
AR LTI T EINERETH 5.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



WIH R BEREZ MR TE 32— TREDZHME
WKHIRDH D, UG EZHEREERTE 2 —F
TEERKHDO Y ) 57— a VB OEMHRNETH
LZebholz. %72, SGIZEG & UG DR
R ERTZ N0z,

4.3 E£HT—2%FBVW-ETILOTHE

GLiNER [7] @ urchade/gliner_large-v2.1 ZX—X Z
AVEFLE LTERALEY. FMEERTIE, 0
NR—=ZAF7 4 VETNMIIX LT, FindVehicle 8 & O*
EG-SG UG DA T —2%2¥ B 7 —Xe LT
325002 AaEbRICOVWTEREIT
W, FindVehicle 8 & M EK 7 — X O/ CTHERE
MM L7=. 7235, FindVehicle %z i3 % % & Tl3,
FindVehicle THANIF#E L7 LV CHELL, %
DT FindVehicle ¥ 7 — X A G HE TH
BEiTo7. FHEEEICIZ Tl EfE0Ee—3IC
HoK <A 7a FEZHRALE. T VOMRELLE
FERE ZOBEE LR BITRT.

BT — 2R RHCTEE LT VOERAMNE M
AET 2720, NFTERINLHET—RITET VE
HWH L TZORREMT L. BERIICE, BEE
HREM e DA V&R T 7> a yDEBICHENTT, HEf
WX T2 A6 DEHAZTIEICL2IERXEINEL 72
Talk2Car 7— Xt v b [14] DI/RXEIEH L=,

20 XK T B FHFERICOWT Y ) T — X HBE
MW 2 EARRZGRICEH T —HDIEME
LTS VI RETAFIMELEMBL 2. 20D
#fi SR, FindVehicle D A T¥#H L €7 /L TIXFE
M 50.8%, T —XEBIMFEE LZET LTI
688% D, ANT—XDBIMIEHETFT—XIC
w3 B MEREA EAHERR X Az, ERO TR R,
K2WORTHEDTHY, FH1TIE, AVOLiEE
3§ “up ahead” ZEHAE & L Tiko THI L 72—
77, “slow down” Z W ¢ L CIEL { fHHT=
TW5. T3] 2 TlX, “bicycle rack” ¥ W5 XAk
BT “bicycle” ZHH & L Tiko THIHLZZ2d D
D, BEEHNEZ/RT “next to it” ZHIE ¥ L TIE
LAMHE T2 eNTER. ZNHDERIZ, 26
BRRBE D AN—FTBHEBT —RIIBIT2¥HITLD
LRI R D & O DS AT RRIC R 5 72— 75 C, Hili
WCEEIfR U WREBISR S 2 3l H A3 X 2 [EmIA3 5
5ZeERLTVWS. ZOMEX, ERT—RICE

4) NER O %8 0S¥, %8 % E X https://github.com/
urchade/GLiNER Z{#FH.

— 4275 —

F2 Talk2Car 12351 2 fHHFER D LES. FindVehicle ® &
THYLEEF N L ERT — X TEMER L EEF LD
R, R - R RS

I 1 : “up ahead” ZFEHHH, “slow down” Z1E L < i

AT

FV ® A&
+ET— &

Watch out for the person crossing
up ahead, slow down.

sy P
[EEM{Z & © up ahead,
HHHE | slow down,

HH 2 “bicycle” AR, “nexttoit” B IEL < HH

AT

FV ® A&
+ET— &

There is a bicycle rack. Park next
to it.
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L7z 7R, ERFEROMHAEDEIT L > TRE DK
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ZFNZHOFHE T — 2 TEWHERELZEKR L, BHRFIED /v 801 %94 923 908 904
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£3 Fndvenicle 07> L k8 BAEBAAT Y (Y |03 91 950 92 0
ENTRTD, IR TEIMOBEERRAL A 2@ /v v v 937 921 o7 9aa 937

sz ddH3 (fl: [SUV] D [sports car] FITEHL).
72, 9FICEBIT B Mr Green 72 ¥, [EHRFELSDHGE

LV TOEBROEONS.

VA A 2 AT S

1. A [color of vehicle] [vehicle type] drove [orientation of vehicle],
about [vehicle range] away from me, and the speed was not fast, about
[vehicle velocity], there were many green grass and purple flowers
on both sides of the road, although the sky was gray, but my mood is
still very good.

2. A [vehicle type] going [orientation of vehicle] at the [position of
vehicle] of the image at a speed of [vehicle velocity].

3. All of a sudden, a brand-new [color of vehicle] [SUV] appears in
the [position of vehicle] of the screen at a speed of [vehicle velocity].

4. Find the [vehicle type] located in the [position of vehicle] and
[position of vehicle] whose colors are [color of vehicle] and [color of
vehicle]. As far as I am concerned, they are [vehicle range] meters
away from me.

5. I need to find out the [vehicle type] that is for util driven in
[orientation of vehicle] which is in the [position of vehicle] of the
image.

6. Just now, a [vehicle tyFe] with oranges rolled over. In the [position
of vehicle] of the surveillance image, all the oranges on the car fell
off, and the ground was full of orange juice. There is a [vehicle type]
car and an [vehicle type] driving towards you now.

7. Let the clever boy help find out the [color of vehicle] [bus] and
[color of vehicle] [motorcycle] in the [orientation of vehicle] of the
image that driven this way.

8. Maybe there is a [vehicle tyf)e] at [vehicle range] and a [vehicle
type] goes [orientation of vehicle] about [vehicle range] away.

9. Mr Green is driving a [color of vehicle] [vehicle type] on the
right-side of the highway, following an [color of vehicle] [vehicle
type] loaded with many oranges.

10. Please find the [color of vehicle] [vehicle type] on the [position
of vehicle] of the picture and the [color of vehicle] [vehicle type] on
the [position of vehicle].

11. Please help me find the [color of vehicle] [motorcycle] on the
[position of vehicle] of the image and the [color of vehicle] [sedan]
on the [position of vehicle].

12. The suspect vehicle is currently driving in [orientation of vehicle]
at [vehicle velocity], it is a white [color of vehicle] [vehicle type] from
the monitoring point of view, it is currently at the bottom [position
of vehicle] the screen. Please stop it as soon as possible.

13. There is a [color of vehicle] [vehicle type] driving [orientation
of vehicle] with [vehicle velocity] and a [color of vehicle] [vehicle
type] driving [orientation of vehicle] at a speed of [vehicle velocity].

14. There are so many cars on the highway that I cannot recognize
but I think there is a [color of vehicle] %sedan] driving [orientation of
vehicle] with [vehicle velocity] km/h and a [color of vehicle] [sports
car] driving [orientation of vehicle] at a speed of [vehicle velocity].

15. Today is a rainy day, the sky is grey, that is like my mood. I
am driving my [color of vehicle] [vehicle type], departing away from
my friend’s house. Mr Black gets ug early this morning, he 1s also
driving his big [color of vehicle] [vehicle type] to his company, rich
people also have trouble.
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You are an expert at generating natural sentences about traffic.

I will provide you with named entities and their types, and you should generate
a natural sentence that includes all of them.

‘You must output only one or more sentences, and you must not use any quotation
marks in the output.

Few-shot > )L ©

Input: [("van", "vehicle type"), ("top-left", "
"color of vehicle")]

Output: Find the <ne type="vehicle type’>van</ne> in the <ne type="position
of vehicle’>top-left</ne> that is <ne type="color of vehicle’>silver</ne>.

L & RIS

IMPORTANT: Your task is to generate a completely new and unique sentence
that is DIFFERENT from all examples above.

DO NOT Copy or imitate the sentence structures from examples

DO NOT Use similar phrases or expressions

DO NOT Follow the same patterns of description

The sentence should:

1. Include all provided named entities with appropriate XML-like tags
2. Be natural and fluent in English

3. Handle partially overlapping spans:

- Some entities may share part of their text (e.g., "upper part" for position of
vehicle, "upper" for orientation of vehicle)

- Use nested tags to indicate overlapping spans like: <ne type=position of
vehicle’><ne type=’orientation of vehicle’>upper</ne>part</ne>

4. Only output one or more sentences

5. Do not use any quotation marks in the output

IMPORTANT: Only use the following entity types in your <ne> tags:
1. Generic vehicle types (when mentioning general categories):

- vehicle type

2. Specific vehicle types (when mentioning actual car models):

- SUV (for SUV vehicles)

- hatchback (for hatchback vehicles)

- sports car (for sports cars)

- sedan (for sedan vehicles)

- bus (for buses)

- truck (for trucks)

- vintage car (for vintage cars)

- coupe (for coupe vehicles)

- roadster (for roadster vehicles)

- estate car (for estate cars)

- motorcycle (for motorcycles)

- MPV (for MPV vehicles)

- van (for vans)

3. Other types:

- position of vehicle

- color of vehicle

- orientation of vehicle

- vehicle velocity

- vehicle range

- brand of vehicle

- vehicle model

DO NOT create or use any other entity types.

position of vehicle"), ("silver”,
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