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R5 KETNHLERGFICEIT S Accuracy
EditSim Jaccard f#%{ BLEU ROUGE-L BERTScore CodeBERTScore EmbSim [ &l

GPT-40-mini 0.567 0.567 0.567 0.567 0.567 0.600 0.433 0.552
Llama3 0.600 0.567 0.600 0.600 0.600 0.600 0.633 0.600
Gemma2 0.467 0.500 0.500 0.500 0.433 0.433 0.500 0.476
Phi-3.5 0.733 0.667 0.700 0.767 0.567 0.533 0.533 0.643
Qwen2.5-Coder 0.567 0.567 0.600 0.600 0.667 0.600 0.500 0.586
CodeLlama 0.767 0.767 0.833 0.800 0.700 0.700 0.733 0.757
OpenCoder 0.733 0.767 0.733 0.767 0.767 0.733 0.667 0.738
LLM-jp 0.833 0.867 0.833 0.900 0.867 0.833 0.867 0.857
Llama-3-Swallow 0.700 0.533 0.633 0.633 0.767 0.567 0.600 0.633
Chico 1.00 1.00 1.00 1.00 1.00 0.967 1.00 0.995
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