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®"1 HHEBEREE.

®R2 ERESEILZBOAGEOERH
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FEE.

Inputs Trainable
No.  System Data ~ WER| BLEUT MTRT

for LLaMA?2 Params.|

Original 7.7 25.4 36.1

1 Cascade Text 119.3M

New 11.6 23.1 353
End-to-end Speech translation

Original 8.4 21.9 325

2 Bottleneck Speech 123.2M
New 12.8 16.5 26.0
Original 8.5 222 33.0

3 SLM Speech 132.5M
New 12.3 22.0 31.5

Hybrid Speech translation

1s Speech Original 7.1 25.8 36.7

4 MHA'™ 136.7M
& Text New 12.3 22.0 31.5
Al Speech Original 7.5 25.5 36.0

5 MHA 564.9M
& Text New 12.0 23.0 34.8
All Speech Original 6.8 26.6 37.1
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& Text New 9.7 243 358
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RTFFRAMERERBRE TE3ALFRXATEZEDITD
N3, wNFRAZFZEHOBERIIEFRBEFRT
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