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The results of the TrendScape visualisation of the con-
cept space are shown in Figure 3. Only SNOWDROP with
HANSEL AND GRETEL results are shown due to space
constraints, for other results see Appendix 2?.
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(a) Exploration Space Sampling

(b) Exploration Space Re-Sampling

(c) Concept Network Visualization

2: The TrendScape method involves several interconnected steps to analyse and visualize conceptual relationships in

latent spaces. It begins by mapping and storing the input to its corresponding embedding representation in the latent space.

Next, it samples the exploratory space by extracting the vector space between two concepts (A and B) and constructing

a network based on the relationships in this vector representation (a). The method then finds the conceptual path from

A to B within this network. To refine the results, it performs a neighbourhood exploration around the identified path,

resampling the exploratory space in the process (b). Finally, the method reconstructs and displays the relationships within

the explored space, providing a visual representation of the conceptual connections (c).

Subgraph of Selected Nodes

Node Connections

3:  TrendScape between “SNOWDROP” and
“HANSEL AND GRETEL”
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4.1 Additional Experiment:

Using SAE
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