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Rl 71— AL OERBEHTiDREER

Methods Fl-score Precision Recall
Random 0.631 0.462 1.000
VAP-zeroshot | 0.748 0.698 0.805
Proposed 0.769 0.719 0.821
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Allowable error [s]
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Methods ‘ top-1%  top-5%  top-10%  top-25%  top-50%
Random 1.0 5.0 10.0 25.0 50.0
Proposed 1.6 20.6 349 69.8 93.7
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