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Lang Template Candidate Verbalizer
Entailment Contradiction Neutral
En { Sentence 1}, right? [Mask], {Sentence 2} Yes No Also
Fr { Sentence 1}, non? [Mask], {Sentence 2} Oui Non De plus
Es { Sentence 1}, ;verdad? [Mask], {Sentence 2} Si No Ademas
Zh { Sentence 1}[Mask], {Sentence 2} FH AT, AT A, AT RE [ B
Tr { Sentence 1}, degil mi? [Mask], {Sentence 2} Evet Hayir Ayrica
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