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Zero-Shot - - - - - -10.418 0.606 0.495|0.613 0.746 0.673 - - -
One-Shot | 0.666 0.563 0.602|0.672 0.572 0.610|0.552 0.498 0.516|0.654 0.642 0.648 - - -
Few-Shot | 0.800 0.550 0.651|0.808 0.543 0.648 |0.446 0.719 0.551]0.708 0.660 0.683 - - -
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