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Please generate an

appropriate title and
abstract for a survey paper focus on the
keywords ¢‘[keywords]’’ within 100 words.

F6 BLANERINEXA FL e iE
Bole1 L

A Comprehensive Survey on Bias in Natural Language

Processing
R

With the rapid growth of natural language processing

(NLP) applications, it has become increasingly crucial
to address the issue of bias present in these systems. This
survey paper aims to provide an extensive overview of
bias in NLP, covering various dimensions such as gen-
der, race, and socio-economic status. We explore the
different sources of bias, including data collection, pre-
processing, and algorithmic decision-making processes.
Additionally, we discuss the impacts of biased NLP
systems on society, including perpetuating stereotypes
and discrimination. Furthermore, we present recent ad-
vancements in bias mitigation techniques and highlight
the challenges and future directions in this field. This
survey paper serves as a valuable resource for researchers
and practitioners interested in understanding and miti-

gating bias in NLP.

— 2383 —

B BM25. SPECTER2 ET /LD

BM25 R—XETFI H—_AGLDHELUX A b
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K7 EBOXA L - HE

21 L0

Language (Technology) is Power: A Critical Survey of
“Bias” in NLP

B=

We survey 146 papers analyzing “bias” in NLP systems,
finding that their motivations are often vague, inconsis-
tent, and lacking in normative reasoning, despite the fact
that analyzing “bias” is an inherently normative process.
We further find that these papers’ proposed quantita-
tive techniques for measuring or mitigating “bias” are
poorly matched to their motivations and do not engage
with the relevant literature outside of NLP. Based on
these findings, we describe the beginnings of a path for-
ward by proposing three recommendations that should
guide work analyzing “bias” in NLP systems. These
recommendations rest on a greater recognition of the
relationships between language and social hierarchies,
encouraging researchers and practitioners to articulate
their conceptualizations of “bias”’—i.e., what kinds of
system behaviors are harmful, in what ways, to whom,
and why, as well as the normative reasoning underly-
ing these statements— and to center work around the
lived experiences of members of communities affected
by NLP systems, while interrogating and reimagining
the power relations between technologists and such com-

munities.
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