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Unbiased test set

Biased training set
: - Train a model on

which is solvable with
shortcut A, B, and C.
If the scores are ordered as

.

v S shortcut A is preferentially
Sovablewith < & learned by the model.
shortcut

shortcut C

Solvable with
Solvable with
shortcut C

" Solvable with
shortout
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