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e

BT R DR (X 2 EFA) 1F 3 N TFEHE & O
MR H W TfTbh s, L L, MERDIEGEE
4 D FTIE (GEC) @ X R, FEMIkE DA~ —FUZ
X2 N4 7220, BIEOERS AT 4 OTeHfR
OFEICETR L TWVWS. 25 DOREICHLT 2 7=
BDIZ, 12 DRI AT L2 XRIZ, 2 D DFHH
ETAFiHET 22T, XOZ4%EDH 2 X XFT
fli% AlHEIC T 57— &+t v b (SEEDA) Z 8T 5.
X 512, SEEDA % W=l fEf 7z X X 3% 8 L
T, GECIZEIT 2B HERHMEOTIR & KA S5
ETLOFHIEREE HE T 5.

1 IXCHIC

SRR D ETIE (GEC) OFHMR L, Z DFTiky
WEOTHRER—RALEIR—ZAD 2 DI2HEI A,
FRENBELRZ2HNZH > TW5. REN— ZFHf
REE (EBM) (3 HRE B IR Z G 2 —77, XN—2A
FFAE R EE (SBM) XX 2RO M E % F i3 5. 7z,
ZD &5 BFHlIREDOEHEMEICEE $ 2 7 (X X3
i) &, FIC AT OISV TITbi .

Hi5E GEC D X X FHifid % < 1%, Grundkiewicz 5 [1]
D7 =X+t v b (GIG15) 2L TZ7%2%, GIGI5
WCHEED W2 X R (1, 2, 3, 4] 113 W K D DR
BH 5. 1 DHIZ, FHMRE & NFFEM o R
DAR—HE BT 284 7 212 & D, EBM B3 iE/NGF
XN TWBERNDRDHZ. N4 72D LT, K
FTIEDOIZH L, EBM I T RIED R a7 %O
5—F, XX—=ZADANFFHHTIILEHAKD R X ZFE
g 27028 EDR a7 W53 L%
Fohs, 2 oHIZ, GIGI5 1d CoNLL-2014 Shared
Task [5] DFEFH RIS 2 E I H D S HH S X7 4
PAFIHEL TW3. 2078, GIGIS DY AT A

— 1170 —

CIEFEDTF 4 —T=Za—F )%y b U—ZI12HKSK
AT LY DOTBEC XD, X X oD FH i 23]
FRENTwa. 320HIZ, B—DF—XKA ¥ b
5% 5 N7 B E D KRS T R B AT RE
Y2385 %. Deutsch & [6] 1IFEHID X ZFHHiICBWT
FE Ol R XHEBICES H 2 2 2R L TH
D, Mathur & [7] {ZFEEEIER D X 2 FEiiC 35 WVTH
NEDHBNICR W EEE X TWiZ e 2 RAL
7. FD®, GECIZBWTHFRIEDBRENTES.
Z ZTARMFETI, &K DIEHHT % 29555 GEC D X
RFHI D 7e D DF 72727 — X+ v hTH % SEEDA
ZRET 2.V 2L T, #EL7 SEEDA ZH W1
FE 72 X 2 FHMOFSR, BEFEEEHMEIX 2 E Tl
BEXNTWRIEEEEEES AT L DMEEEZIEZ S
ECOBBERZF>TWREWI ERALNE 2o
7. BT, ZOBREEE X, IBFESFEERDFT
fitrT e LTHERE|ME[8,9] SN TWVWB KM
FEFEET /L (LLM) % GEC iHMiiic W] TEA L,
COREANTFHFMORBZF IR DG 0HET 5.

2 BSEAZE

JiGE GEC O X GBI LT, W oD%t
MWTFEET 5. Grundkiewicz 5 [1] & Napoles & [10] I&
A S R T 2T U TR — 2 D N F 51l % f
RleT =Xty MEMELT. ZD, Chollampatt
5 RIEFHEREMOAEEEREDORLEEEZRL,
Chosen & [117 1 Z ANFFHMEICHAT U A2 W X & FF-Afl 5
FEERELTVAS. X512, Napoles & [12] 1 ZEE D
F X4 Y TANFFHliZ1 TS5 Z & T GMEG-Data % %
L, FAA VHETEZREZMHEBEBERID 2 2 & 2R
L 7z. GMEG-Data I3fk % 72 K X 4 % CoNLL-2014
ERTD X AT E % —7, SEEDA IXiTFED

1) Sentence-based and Edit-based human Evaluation DAtaset for
GEC O, AT — &2ty MESHB—BAHT 2 TE
TH5.
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R1 WER—Z2DANFFHHDOHF]. Step 1 TIRHEFEXH DR IZH A, ARRGEETRR, EIHRFEEIFTRRLTWS.

Step 2 TIFAIMTETIET X /34

DR, FTIECERD LMD IIFTERRL TN,

JE3L: Tt is

his or her human rights
Step 1

and it is against the

FTIESC: Ttis [againt — again] his or her human rights [—,] and it is against the [law’s —] spirit [ of the law].

Step 2

JEi3Z: It is [againt] his or her human rights [] and it is against the [law’s spirit].

A7 | Fys=0.73, Precision = 0.75, Recall = 0.67

EHRES AT ARFHiN EEER TS 2T, &b
VLSRR LTV S

3 SEEDA 7‘“-‘—912“/ ~

3.1 MNERDITESXT L

X ZFHIC BT % 2 DHORBERIINIET 5729
W2, BFRYF =7 TEHETH S 2D R T
LB T 5 [13]. BIRAYICIE, TemplateGEC [14],
TransGEC [15], T5[16], LM-Critic [17], BART [18],
BERT-fuse [19], Riken Tohoku [20], UEDIN-MS [21],
GECToR-ens [22], GECToR-BERT [23], PIE [24] B X
Uf 2-shot D GPT-3.5[25] & &3 5. %7z, GEC D
FEMiCIIRETIEOX D ERT 2RHEND 5729
CoNLL-2014 DJE (INPUT) b & 7-. 512, &
AT LADETIEMREEZ ANFOFTIE L LT 2729
12, Sakaguchi & [26] DMERR L 7z, PEiEREGEREE D>
D GEC DEMRICL 25/ NROHEEL L2V 7 7
L~ X (REF-M) ¥ i3/ 27 % K 5 1CHRE%E L
V7 7L YA REF-F)HFREL, it 15O0XEEZ AN
FEHiONRE 3T 5. B> 7V 2 271E Grundkiewicz
5[ PRELAEZRAE N2 X5 i h
=R L, XEEDPS 200 DY Tk v FEIL
£, 22T, ANFiHio—KRE2HET 579
W2, 7ty bdi b 125N EEESYE, |
DOY Ty MIFIRKTS DOFTIEXE &

32 7/)5r—aYvA¥x—L

SEEDA I #R%E N — 2 D N\ F7Hifi (SEEDA-E) ¥ X
R — 2D NFi#¥Hifli (SEEDA-S) D 2 Fif» SR X
. RIIWORTED, WER—2D NFFHMTIE,
ETIE S DRI U TERE R RYI 7 R ¥ 71T
9. Step 1 TlX, RO A 73V [27] 1> THEXD
MEHERE LRI, FTEXORREIEN»E S
D% 2HDFET 5. Step2 TIX, HHEN Stepl TR

O oY ZETIETE 02 2 HSHEHT 5. ZL
THRHIZ, BETIE XD Precision ¥ Recall 225 Fy s>

2) GEC O HEIFHME T Fos D—RAINCHER SIS,
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&2 X7 UAXGFHlORE & ERHEAIEEL G
X R LELEOETH 5. FHIMNOME! iI_JJIIEuO)#Z
THYH, EMPRER—R, GBI -R%Z2ET.

7T AR BT A
1 1,777 (592 1 507) 10,893 (6,349 /5,919)
2 1,770 (522 / 240) 11,663 (7,053 / 5,445)
3 1,800 (343 / 44) 10,988 (5,572 /4,433)

&t 5,347 (1,457 /791) 33,544 (18,974 / 15,797)

£3 KEMOXRT YA XFHliEH WY ) 7 —2HB &
L7 7 T —ZANDH v MRE (x).

k (SEEDA/GIG15) BE
7/ 7= (HHE) 0.28/- Fair
77 7—x O 0.41/0.29 Moderate
7/ T7—2N (L) 0.61/- Substantial
77 7—=82HN ()  0.71/046 Substantial

PEHT S, £/, XR—2D AFFHX GIGL5 &
FREDHIETITS. &7 /77— a vk, SiEcH
THHFE @R, 2474 T7F v 7)) KHELT
W3 3 NOJEEEREEFE I X » TiThi /.

3.3

£21%, 7/ 7—RIT & BFHAFEREITTICER L
7oR7 T4 RFHEDHETETH 5. 77 A X7
X, 220DX (A, B) DETOMAEDEE T Y F
Z'(A>B,A=B,A<B)IZH3Z e TER L. B
FAEADRT 7 4 X3 O BB REFHOE X D K
MEICZ W2 21X, Grunkiewicz & [1] & [FAEIC GEC
AT LDOHNITIEERNPZ NI e ZRELTW
5. £z, R3F7/7—2—HETHD, —HXK
ELTHY M ) 2R L. AT %t b
DETO—HRIZ, GIGI5 LKL TEWI b
Mol EEHIZ, XS5 (I8 A) 1TRT 7 A4 X5
POERLIEANFEZ X 7%RT. GPTEB XU
TS 7 —F 77 F ¥ IZHDIL A7 4 (GPT-3.5, TS,
TransGEC) 73 REF-M X D d SWIHM 2 1E1J L7 2
ik, ThoDT X7 2B ANE & D ERNRETIEDRT
X ZA[REMEZ R L TWA. AT, Mk ERT
D7) T—RZRNOE ZBEH LI 25, XL
ANOVTIXFHEARL IS & 2 NFFHE D 2D BEHE (« =
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F4 NUEZRVWIZS AT ALLB LI L LD X XFHIFER. AFO2a7iimkdbHEOEVIHIRETH 5.

AT AL LA

S R GIG15 SEEDA-S SEEDA-E GIG15 SEEDA-S SEEDA-E

r P ‘ r 12 ‘ r I Acc T ‘Acc T ‘Acc T
M? 0.721 0.706 | 0.658 0.487 | 0.791 0.764 | 0.506 0.350 | 0.512 0.200 | 0.582 0.328
ERRANT 0.738 0.699 | 0.557 0.406 | 0.697 0.671 | 0.504 0.356 | 0.498 0.189 | 0.573 0.310
GoToScorer 0.691 0.685 | 0.929 0.881 | 0.901 0.937 | 0.336 0.237 | 0.477 -0.046 | 0.521 0.042
PT-M? 0.912 0.853 | 0.845 0.769 | 0.896 0.909 | 0.512 0.354 | 0.527 0.204 | 0.587 0.293
GLEU 0.653 0.510 | 0.847 0.886 | 0.911 0.897 | 0.684 0.378 | 0.673 0.351 | 0.695 0.404
Scribendi Score 0.890 0.923 | 0.631 0.641 | 0.830 0.848 | 0.498 0.009 | 0.354 -0.238 | 0.377 -0.196
SOME 0.975 0.979 | 0.892 0.867 | 0.901 0.951 | 0.776 0.555 | 0.768 0.555 | 0.747 0.512
IMPARA 0.961 0.965 | 0.911 0.874 | 0.889 0.944 | 0.744 0.491 | 0.761 0.540 | 0.742 0.502
LLM-E - - 0839 0846|0911 0965 - - 0698 0395|0728 0455
LLM-E + Difficulty - - | 0885 0.860 | 0941 0972 | - - 10717 0434 | 0719 0437
LLM-E + Impact - - | 0844 0.860 | 0.905 0.986 | - - 0717 0434 | 0730 0.460
LLM-S - - | 0.887 0.860 0960 0958 | - - | 0784 0567 |0.798 0.595
LLM-S + Grammaticality - - 0.888 0.867 | 0.961 0.937 - - 0.796 0.592 | 0.807 0.615
LLM-S + Fluency - - | 0913 0874|0974 0979 | - - | 0.819 0.637 | 0.831 0.662
LLM-S + Meaning Preservation | - - | 0911 0.881 0960 0958 | - - | 0810 0.620 | 0813 0.626

036) TH 2 —F, AT LLILTIRHER/NX
Moz (k=0.83). ZTD=®, FEROLL LD X R
B C VX EHIRLE DO AR —BUS K B84 7 A3 X D B
ETH o -AJREED &,

4 X EF{
41 HERRTE

PR EB LU 2T AEE DAL 7 AR
ENTH iz X XFHli 7 — X+ v  SEEDA %*
w7589 X 2 35 4fi 28 L T, BEF B Bham
DBIRB X OF GEC FHfiic B 5 LLM DR REME %
BS2ICT 5. ABENROFMRE X LT, EBM
¥ M? [28], ERRANT [27], PT-M? [4], GoToScorer
[29] Z, SBM & GLEU [10], Scribendi Score [30],
SOME [3], IMPARA [31] %% &3 5. LLM X GPT-4
(gpt-4-1106-preview) ZfEH L, v itk 3
PRt RE D E L Z I E T 5 72 1T, GEC D A
RS ery Iy EERL, R=A T8>
Thr BT 5 REX—X TS % LLM
(LLM-E) 35T IED#E 5 ¥ (Difficulty) [29] ¥ fREE DR
2 (Impact) [31] ICHERZ T, XX — X Tl
3 % LLM (LLM-S) 133 iE M (Grammaticality) [32, 3]
& T Wit (Fluency) [32, 3], B KR # I (Meaning
Preservation) [32, 3] {Z%& H L 7; Tury N EEHT
5. &7ar 7 b O B ICEEE&KT 5. A

TALLALD X ZFHETIERE 7 Y O () & 2
7~ OIENAEEE (p), XL X ZEHiC &
Accuracy (Acc) &7 ¥ F— L DENAHRE (7) %= fEH
T3, ¥/, iHiT— &2 EHZ 57012, ANTFEHf
AN Ty ERHWCEHHGT 5. 4238, INPUT
LG 2 HB  UETIEX (REF-F, GPT-3.5) &,
AEY L THEEL TWelzd, Zho 2R L
RRATLEHVS.

4.2 BifFEEhEHEDERK

SHMERIREIC & B82E: SEEDA-S ¥ SEEDA-E %Lt
2L, XLLD X ZFHIICBWTRHERE &
NTF7H-illi O MR E % —B X85 Z & T, fHE M
FFAERICH 572 (FR4). DF D, FERIE—
BLTOVRWEES, XD X &G TR
ERENTHi X d 22 ickhb. ZOERE LT,
XL AL TIEREMIRE 2 12 N T3 D 45 SR 3 ga
IR > TWZ e BBIF5N 5 (§3.3).

WRUZATFLDEE: GIGI5 ¢ SEEDA-S % g
T5E, MR RAT LDHBATS T L0 & B
Za— IV AT ARLEDLSZ T, HENED S
BHEICH B e hbhrd. ZDD, BFEDFHE
REDIZFEACE, aMER=2—-F LI ZXTLD
FIIEX % 2N F TG XN TW2IE 8@ IEETE
i CERWnWT MR X 7=,
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Window Analysis # Fl\WT Y 27 2 AR ELIE75AOHBOZEE). x AN NERRVEZ 120 274D A
“WIZEBINDI AT LOEERL, ERIZ4ODIRATLE, BRIZ8 DD AT LERLT

W3, 722X, n=4DGE, x=5DIANFI UV F I T2MULL SMUDI AT LEH IS 5.

BFHROBRETOHEEOER: iR AT L5
BTN 2 HHEE % I % 72 812 Window Analysis (X 1)
ZiTo7. ZL OFHMEIREICHBE L TW5 Z ki,
MBS R T A4 DODHEEEIRELLHTZ—
¥, 8 ODGEFHBINCEELTNWE I TH 5.
Zhuk, BEFEOFHERE N EERES R T A O MRE
AR DDITARBBBEEZF > TR %
RELTW3., X512, M2 ERRANT, GLEU (&
SHECHAHBE B OB 2 2 s, LED
GEC fHilild Z M IS RIF TN ATREMEDS B .

43 LLMEHEETILDEIHE

X XM OFE R, LLM (X BETF B 813 & beigs L
THEEWERANICH D, GEC OFEfiicEVWTHH
Hizebhroiz(F4. BRI Tvr 7 Mo
WL, R=27Fm > 7 b e L CHB 2 M B X
H B HMNC D - /2. FFIZ, LLM-S + Fluency TlIX
LAOVOMEBERKE LA EL, LLM OMREE K&
KBlEH T enTER. 2O iE, EMEES X
7 % FH S 2 BRI SOE M E B 2 TR 2 RS
RARENRD L BRELTWS. £, VAT
AL~V LIM OMBEDZ 1309 B %, tHE
DB ANEEIZIZEE WD, AT LLAILOD X
REHMID & 5t AT Ao THEZEHT 3
A2 IHRED IR L oD0b 2 e EZ NS, L=
MRoT, SHRIEFXLVOMEICERLED, ¥
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T LOHPHABDOEEFICEZ ST, XA
IDHGEE EIFR e BRETH D,

Window Analysis & & % ¥, LLM (& EEEAIZ &0
FHB Z MR LMHBI O ZEE /N W e 6, IED
RIS AT L il 2DICLDHELTWE 2 HE
Z 5%, FHIZ, EBM % SBM TiE S %  FHfi T =
ol TS 10 i (x=10) D 2T LBETH L
THEDEWZ 21E, BEEEBEHE T I3 FRlo 5 L
W Z LLM 23 C© = 2 a[getE 2 mB LT\ 5.

5 &HDIC

ARFFETIX, AR EL XU 2T LE5I2B8T
BNA T ADREMENT KD ZHY DD 5 X X
7 —&+t v b SEEDA ##E L /2. 7—&X+t v b
I OFER, FHIALEE Z 123 L LD AT RS
RiIKEEARD, GPT & TS5 1O GEC Y AT
LI FIFEDL EOFTIENTE 3 Z 2 S DI
o7z, MHEDHTOREERD SI1X, ERD X ZEH{TF
£ TIX EBM O8Nl Ol BEMEDI D B Z 8, XL
AL D R R EFHETIXERLE 2 fi 2 % & AHRE D eE
SNBEANIHZ e Zm L. £z, 2L OBHF
HEFHIZEERES A 7 A DA IR Z 2128 D
RBREEFF > TORWI RO R o2 X5
12, LLM #Fffie 7 VI3 BEF B B8R & Hei LT
B2 <, GEC iHMlicoa A1 RENs-.
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1 0273 1 AMU 1 0992 1 REE-F 1 0679 1 REF-F
2 0182 2 CAMB 20743 2 GPT-3.5 2 0583 2 GPT-3.5
30114 3-4 RAC 30179 3-4 T5 30173 3 TransGEC
0.105 3-5 cuul 0.175 3-4 TransGEC 4 0.097 4-6 T5
0.080 4-5 POST 4 0.067 5-6 REF-M 0.078 4-7 REF-M
4 -0.001 6-7 PKU 0.023 5-7 BERT-fuse 0.067 4-7 Riken-Tohoku
-0.022 6-8 uMC -0.001 6-8 Riken-Tohoku 0.064 4-7 BERT-fuse
-0.041  7-10  UFC -0.034 7-8 PIE 5 -0076 811  UEDIN-MS
-0.055  8-11 IITB 5 -0.163  9-12  LM-Critic -0.084  8-11 PIE
-0.062 811  INPUT -0.168  9-12  TemplateGEC -0.092 811  GECToR-BERT
0.074  9-11 SITU -0.178  9-12  GECToR-BERT -0.097  8-11 LM-Critic
5 -0.142 12 NTHU -0.179  9-12  UEDIN-MS 6 -0.154 12-12  GECToR-ens
6 -0.358 13 IPN 6 -0.234 13 GECToR-ens 7 -0211  13-14  TemplateGEC
GIG15 I2BIT B X~ — 23 7 -0.300 14 BART -0231  13-14  BART
-0.992 15 INPUT 8  -0.797 15 INPUT
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LLM TOMRER— R & XR—ZXFATHEH L7y 72K 2 L M3 122N 2R T. #context I2B1F 3
[SOURCE]ZJEXXTH D, [PREVIOUS] ¥ [FOLLOWING] X Z DR X DHIE DL TH 5. #targets 1251} %5 [CORRECTION
N WITH EDITS] i3 fREDHRINZFTIEX R 1 DF[IEX%25%) TH D, [CORRECTION N| 3@ E DFTIEXTH 3.
ZIZIT, NI1 265D 3. £/, Tur 7 MIHHOEXE—EIZE 8 270IZ, output format £ LT JSON J¥
ARTERaAT7E2HNT 2. BHAZLOFHMETIEUTOXE Ty 7 M OHE—BIEOKRREBICEBINT 5.

« Difficulty: “Please evaluate each edit in the target with a focus on the difficulty of corrections.”

* Impact: “Please evaluate each edit in the target with a focus on its impact on the sentence.”

* Grammaticality: “Please evaluate each target with a focus on the grammaticality of the sentence.”

* Fluency: “Please evaluate each target with a focus on the fluency of the sentence.”

* Meaning Preservation: “Please evaluate each target with a focus on preserving the meaning between each target and the source,
which is the middle sentence in the context.”

Khe goal of this task is to rank the presented targets based on the quam
of each edit.

The context consists of three sentences from an essay written by an
English learner.
After reading the context to understand the flow, please assign a score
from a minimum of 1 point to a maximum of 5 points to each target . . _
based on the quality of the edit alone (note that you can assign the same The goal of this task is to rank the presented targets based on the quality
score multiple times). of the sentences. ;
For targets without any edits, if the sentence is correct, they will be The context consists of three sentences from an essay written by an
awarded 5 points; if there is an error, they will receive 1 point. English learner.
The edits in each target are indicated as follows: After reading the context to understand the flow, please assign a score
Insert "the": [—the] from a minimum of 1 point to a maximum of 5 points to each target
Delete "the": [the—>] based on the quality of the sentence (note that you can assign the same
Replace "the" with "a": [the—a] score multiple times).
# context # context
[PREVIOUS] [PREVIOUS]
[SOURCE] [SOURCE]
[FOLLOWING] [FOLLOWING]
# targets # targets
[CORRECTION 1 WITH EDITS] [CORRECTION 1]
[CORRECTION N WITH EDITS] [CORRECTION N]
# output format # output format ; ;
The output should be a markdown code snippet formatted in the The output should be a markdown code snippet formatted in the
following schema, including the leading and trailing "* " “json" and " * " ": following schema, including the leading and trailing json" and :
* json **json
{ " W, o -
"targetl_score": int // assigned score for target 1 targetl_score": int // assigned score for target 1
K"targethscore": int // assigned score for target N . "targetN_score": int // assigned score for target N
: y 9 4
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