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R 2 Predictions by emotion
MAE

Joy Sadness Anticipation Surprise Anger Fear Disgust Trust
Kajiwara et al,. (as reference) 0.734  0.666 0.899 0.684 0.218 0.344 0.443 0.432
LSTM 0.773  0.481 0.722  0.569 0.180 0.246 0.265 0.428
BERT + MeCab 0.693  0.442 0.699  0.578 0.179 0.275  0.264 0.468
BERT + DialectMeCab 0.691  0.440 0.700  0.578 0.178 0.268 0.258 0.476
DialectBERT + MeCab 0.658  0.433 0.658  0.562 0.170 0.260  0.252 0.468
DialectBERT + DialectMeCab 0.646  0.448 0.652  0.552 0.170 0.265 0.255 0.481

# 3 Predictions for emotion polarity

Accuracy
Suzuki et al,. (as reference) 39. 10%
LSTM 22.84%
BERT + MeCab 39.76%
BERT + DialectMeCab 40.88%
DialectBERT + MeCab 43.00%

DialectBERT + DialectMeCab  43.12%

5% 4 Evaluation of sentiment analysis by data size

MAE
size of data  Joy Sadness Anticipation Surprise Anger Fear Disgust Trust
5k 0.666  0.453 0.684  0.571 0.173 0.273  0.249 0.476
10k 0.658  0.442 0.667  0.561 0.174 0.263  0.248 0.464
. . 50k 0.659  0.431 0.656  0.562 0.171 0.263 0.251 0.475
DialectBERT + DialectMecab 1001 0,654 0.430 0675  0.570 0174 0265 0254 0.483
150k 0.644  0.434 0.665 0.564 0.173 0.259 0.258 0.475
full 0.646  0.448 0.652  0.552 0.170 0.265 0.255 0.481

5 Evaluation of emotion polarity by data size

size of data Accuracy

S5k 41.12%
10k  40.84%
50k 41.56%

100k 40.92%
150k 42.56%
full  43.12%

DialectBERT + DialectMecab
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6 Results of prediction using vector similarity.

Accuracy of > 80% similarity ~Accuracy of > 90% similarity

BERT and MeCab 90.70% 81.50%
Dialect BERT and Dialect MeCab 92.10% 86.80%
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7 Flaming and Cyberbullying detection accuracy

Accuracy
SVM AdaBoost Bagging ExtraTrees Gradient RandomForest KNeighbours DecisionTree ExtraTree Average
BERT and MeCab 90.79% 85.53%  88.16% 90.79%  89.47% 89.47% 89.47% 86.84% 85.53%  88.45%
Dialect BERT and Dialect MeCab  93.42% 88.16%  90.79% 92.11%  92.11% 93.42% 92.11% 88.16% 86.84%  90.79%
£ 8 Result by combination of emotion pairs
SVM AdaBoost Bagging ExtraTrees Gradient RandomForest KNeighbours DecisionTree ExtraTree Average
Anger, Fear, Disgust, Trust
BERT and MeCab 86.84% 88.16%  89.47% 90.79%  90.79% 88.16% 86.84% 86.84% 84.21%  88.01%
Dialect BERT and Dialect MeCab  93.42% 88.16%  92.11% 92.11%  90.79% 92.11% 92.11% 88.16% 90.79%  91.08%
Joy, Sadness, Anticipation, Surprise
BERT and MeCab 82.89% 68.42%  78.95% 80.26%  77.63% 77.63% 82.89% 78.95% 75.00%  78.07%
Dialect BERT and Dialect MeCab ~ 88.16% 81.58%  84.21% 82.89%  80.26% 80.26% 85.53% 78.95% 78.95%  82.31%
Anger, Fear, Joy, Sadness
BERT and MeCab 88.16% 88.16%  88.16% 85.53%  86.84% 86.84% 86.84% 88.16% 82.89%  86.84%
Dialect BERT and Dialect MeCab ~ 88.16% 88.16%  86.84% 89.47%  89.47% 89.47% 88.16% 88.16% 85.53%  88.16%
Anger, Fear, Anticipation, Surprise
BERT and MeCab 88.16% 89.47%  90.79% 89.47% 90.79% 90.79% 90.79% 90.79% 86.84%  89.77%
Dialect BERT and Dialect MeCab ~ 86.84% 88.16%  90.79% 88.16%  88.16% 89.47% 92.11% 88.16% 84.21%  88.45%
Disgust, Trust, Joy, Sadness
BERT and MeCab 85.53% 88.16%  88.16% 86.84%  88.16% 88.16% 85.53% 86.84% 78.95%  86.26%
Dialect BERT and Dialect MeCab ~ 90.79% 89.47%  86.84% 92.11%  93.42% 93.42% 88.16% 90.79% 88.16%  90.35%
Disgust, Trust, Anticipation, Surprise
BERT and MeCab 88.16% 89.47%  88.16% 88.16%  89.47% 86.84% 86.84% 86.84% 86.84%  87.87%
Dialect BERT and Dialect MeCab ~ 92.11% 89.47%  89.47% 93.42%  93.42% 93.42% 89.47% 90.79% 88.16%  91.08%
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9 Learning Parameters
Further Pretraining Fine Tuning

training 258,657 30,000
data size evaluation 32,332 2,500

test 32,332 2,500
batch size 32
epoch 15 3
learning rate 2.0E-05
optimizer AdamW
loss function CrossEntropy
vocabulary size 32,000
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3 Vector values of flaming and cyberbullying conversations
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