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The proposed G-EVAL framework is related to the work by Papineni et al. (202) which proposes a method of
automafic machine translation evaluation that is quick, inexpensive, and language-independent, that correlates
highly with human evaluation and that has little marginal cost per run. Stent et al. (05) compare the performance
of several automatic evaluation metrics using a corpus of automatically generated paraphrases and show that
these metrics can at least partially measure adequacy (similarity in meaning) but are not good measures of
fluency (syntactic correctness). Reiter and Belz (09]) review previous work on NLG evaluation and on validation
of automatic metrics in NLP and then present the results of two studies of how well some metrics which are
popular in other areas of NLP (notably BLEU and ROUGE) correlate with human judgments in the domain of
couilrl[;uter—geuerated weather forecasts. Their results suggest that, at least n this domain, metrics may provide a

1 measure of quality, although the evidence for thisis not as strong as they would ideally like to see;
however, they do not provide a useful measure of content quality. Lin (% )
evaluating summarization systems that includes measures fo automatically determine the quality of a summary
by comparing it to other (ideal) summaries created by humans.

Papineni et al. (2002) propose an automatic machine translation evaluation method that is quick, inexpensive,
and correlates 11_1ghlfy with human evaluation. Stent et al. (2005) compare the performance of automatic
or generation systems that produce syntactic variation. Reiter and Belz (2009) review
: Hatlon of automatic metrics, si)ec:lﬁcally i the domain of

computer-generated weather forecasts. Kasai et al. (2021) argue for a genera !

AZRI)S; that track progress in language generation models and metrics for evaluation. They propose an
ensemble metric that selects and combines multiple metrics based on a global analysis across generators. Lin
(2004) introduces the ROUGE measures for summarization evaluation, which compare computer-generated

Papineni et al. (2002? mtroduced BLEU, an automatic, quick, and inexpensive metric for machine translation
evaluation that correlates with human evaluations. Similarl
evaluating the quality of summaries by comparing them to { )
and ROUGE have béen widely adoptedin tl?e field. but they primarily rely on n-gram overlap, which may not
fully capture the uahtg of generated text, especially m tasks requurig créativity and dl_vers.lilaj

0 % ; gflted the limitations of automatic metrics like BLEU and ROUGE,
ability to measure fluency and content quah_tf, 1'espect1\-’el)]r.3 Stent et al. (2005) focused on the
challenge of evaluating syntactic variation in generated text, while Reiter and
correlation of these metrics with human judgments in the domain of computer-generated weather forecasts,
finding that they may not provide a 11561{11 measure of content quality.Kasai et al. (2021) addressed the
bidimensional leaderboards (BILLBOARDs) that track
uation metrics. Their approach mvolves creating an _
ensemble metric that combines various metrics based on their correlation with human judgments, acknowledging
the need for metrics to evolve as generation models improve.
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Generate a related work section based on the provided summaries of the reference papers and the
target paper. The references include {[ = Z IZ7& LD U & k & A JJ1}. In the related work
section, compare these papers with the target paper and succinctly describe the positioning of the
target paper in one paragraph. Group together references with similar content if applicable.
Provide a concise response.

The abstract of target paper: [Z Z (2% —/4 ~ ki 3L D Abstractz A 7]

The abstract of {[Z ZIZ& % CERICOFIHZ AN} [Z ZI25E CER O Abstract 2 A 7]
The abstract of {[Z ZIZ&E I OB HE AN} [2 2255 SCHkD Abstract & A ]

related work:

1% B Llama2 [Tk HERXEIZHT 5 G-EVAL 5D H A5l

Grammar

Specific instances of grammar errors:

1. The citation format is inconsistent (e.g., "Papineni et al. (202)" should likely be "Papineni et al. (2002)"
and "Stent et al. (05)" should likely be "Stent et al. (2005)"). However, this is more of a formatting issue
than a grammar error.

2. The phrase "the authors also propose analysis on the behavior" would be more grammatically correct as
"the authors also propose an analysis of the behavior.*

.. (B8)

Score for Grammar: 4

The paragraph is well-written with only minor grammatical issues that do not significantly impede
comprehension. The errors noted are relatively minor and do not detract from the overall quality of the
writing.

Factuality

Specific instances of factuality errors:

1. The citation for Papineni et al. is incorrect in the paragraph. It should be Papmeni et al. (2002) instead of
Papineni et al. (202).

2. The citation for Stent et al. is incorrect in the paragraph. It should be Stent et al. (2005) instead of Stent et
al. (05).

... (B%)

Score for Factuality: 3

The paragraph is generally accurate in describing the context and findings of the target paper and related
work, but there are several citation errors.

Coherence

Specific instances of coherence errors:

1. The paragraph introduces the work of Papineni et al. (202), Stent et al. (05), Reiter and Belz (09), and Lin
(04) without clearly connecting how these works relate to the proposed G-EVAL framework, which can
confuse the reader about the progression of ideas.

2. The transition between discussing the limitations of existing metrics and the imtroduction of previous
studies is abrupt, lacking a smooth narrative that guides the reader through the evolution of the field.

.. (B8)

Score for Coherence: 3

The paragraph generally integrates references coherently, but there are instances where the connection
between the target paper's claims and the cited works could be improved. The abrupt introduction of related
works without clear connections to the proposed framework detract from the overall coherence.
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