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# 1 BFREOXISAHTPEREREE

Method Accuracy Precision Recall Fl-score
Jaccard 0.870 0.871 0.812 0.840
BM25 0.841 0.856 0.754 0.802

BERT-pretrained 0.838 0.867 0.731 0.794
SBERT-TSDAE 0.875 0.877 0.817 0.846

SBERT-STS 0.895 0.911 0.836 0.872
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Model Correct Answers
bert-base-uncased 33/106=0.311
LaBSE 30/ 106 = 0.283

paraphrase-multilingual-MiniML-L12-v2
paraphrase-xlm-r-multilingual-v 1

34 /106 =0.321
38/106 = 0.358
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