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ABTERE

Studies abroad and the cultural aspect of the experience Studying abroad is one very common
thing that students do, and they have different reasons for that. I believe that studying abroad
has many advantages. Students gain a lot out of the experience personally, academically, and
culturally. First of all, students who study outside their countries can get a lot of experience
living in a foreign country. Living in a new country requires a great amount of flexibility and
adaptability in one‘s character. For example, students might face many challenges in the host
country. Therefore, they should be able to deal with the obstacles that they may encounter...
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[ studying abroad has many advantages | major claim ] [ Students gain a lot out of the
experience personally, academically, and culturally | claim for ] [ students who study outside
their countries can geta lot of experience living in a foreign country | claim for ][ Living in a
new country requires a great amount of flexibility and adaptability in one’s character |
premise | support = students who study outside their countries can get a lot of experience
living in a foreign country ] [ students might face many challenges in the host country |
premise | support = Living in a new country requires a great amount of flexibility and ... ]
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Advantages and disadvantages of the prevalent of English With the development of globalization , English became the dominated

language in national trade , conference and many important events . This phenomenon has aroused a heated discussion in public .
Some people claim that the prevalent of English brings a great number of benefits for people .
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Some people claim that [ the prevalent of English brings a great number of benefits for people | claim for ] .
BlgH b [ the prevalent of English brings a great number of benefits for people | claim for ]
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T5-Base 220M  73.75 49.69 74.85 57.16
T5-Large 770M  75.65 51.17 75.55 57.47
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Component-F1  Relation-F1

ST Model [7] 64.16 38.38
FLAN T5-Base 68.76 38.31
FLAN T5-Large 71.11 44.47
FLAN T5-XL 71.27 45.80
FLAN T5-XXL 72.86 47.66
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®R5 MmEICEMRLZ T IR M2HAOT25E ERZL) tHAOLZWEE (EKEH D) @ Component-F1 &

Relation-F1 O [LEL.

. S Y
soof o EBEL

4000 1

3000 4

HERBFRE (s

2000 1

1000 1

o 1
FLAN T5-Base FLAN T5-Large FLANT5-XL FLAN T5-XXL

B2 AbstRCT DF A k7 — X 2T Z2H#Edm L 72RO HERR R
R H#R. HEZREF D Batch Size 132 ¥ L 7.

DFFEEMLT, HIREBRZITo/. TDOHT,
BiPAM-syn ¥ Single Task (ST) model {ZZ5 R 75 A
DLya—ReHHALFIETHD, BART-CPM I
HAPEEBEAOL Y a—K - Ta—XEEHALREF
HETH 5.
4.5 FHfi5E

FEATHIZE (2, 13,6,7, 14] LA, i~ A =
Y BT B—HRFE /77 T % Component
Classification @ F1 X2 27 (Component-F1) & Relation
Classification ® F1 227 (Relation-F1) % i\ T EH

P

Z179.
4.6 HERIER

K 21T AAEC O FEBRFRZRT. HEERAERD 5,
NRIRXR=BZY e RELTHZe Ty LN
(Essay) & 28F 7' 7 L N\)L (Paragraph) @ [ /5 C 4
BEMLET2Z22b05. ZNODMEERNS, K
BE 7LD QLoRA % H\ 7= Fine-tuning IXH %1 T
HBHZeBRbhrb. FLANTS-XXL OIS, v+t
A L X)L Tl Component-F1/Relation-F1 5% Z #1121
80.15/61.19, X5 75 7 L X)L TIlX 78.40/61.87 &\
SHRMFELNTED, ZHUIHHTDXRZITHBW
THRREMHRELIZER L TVWS. £/, IXXTDS

— 427 —

T R—=RY A4 BT, FLANTS 23 TS5 % L[\ -
TWA Z D56, FLAN [19] IZ & % Instruction-tuning
X, A =Y IR THEEERD.

JIZ, #3 23412 AbstRCT ¥ CDCP IZHB 1T 35
BAERE ZNFHIURT. AAEC L RIBRIZ, 8T X —
XY A AWKEL 725 M DR S50, FLAN
T5-XXL Ti%, 707 =&ty ML THFRR
EHRENE LN, ISR S, BEFIRX
MEDT -2ty MZRLFTIHERNTH 2 Z 2
bhsb.

W®IRIC, HamEiE I RR T X A PO A
B L7258 DR RICOVWTER TS, £51THAL
75 E e B LG A ORREERT. AAECOT Y
A4 LRIV, AAEC D85 75 7 L ~JL, AbstRCT
DIRTHOF—&REy PITHLT, BAELEZE L
THHRELIEZ RV RS0 5. Tz,
AbStRCT IZBWT, HIRL7HE L LRWHEOH
R O E K 2 1IRT. 2 TOET IS AL LT
HEGRRFRE %2 309 2RI T ETE D, lamithE I
BRR T F A O 2ERT 2 Z LI 3MRNTH
bIehbhrd.

5 &HOHIC

AT, > IAroEtiE T ¥ 2 AR
WEOKHMm~A =V 7 FiETRE L. TANL %
Wi~ A =V CHA T AR, M E I B R s
TX¥A MO N EHIET %270 ERIcOW
THHRBERITo 2. B~ AV TDORYF—2
F—&+t vy N TH5 AAEC, AbstRCT, CDCP % FH\»
72 EBROMER, REFREMEFEFEE EODY, 2T
DF =Rty MZBWTHRREEREEER L 7.
X512, AELETFFZ Mo hEE L HAKERE,
EFAMRERIBR S Z v <, HERRRERE 2K 30%HI
BTE2Z2HLPICLE. 5K, KRESEE
ETIVICBIT 2REFIEOEMNE I DT,

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



BE Xk

(1]

(2]

(3]

(4]

(5]

(6]

(7]

(8]

(9]

[10]

[11]

Christian Stab and Iryna Gurevych. Annotating argu-
ment components and relations in persuasive essays. In
Proceedings of COLING 2014, the 25th International
Conference on Computational Linguistics: Techni-
cal Papers, pp. 1501-1510, Dublin, Ireland, August 2014.
Dublin City University and Association for Computational
Linguistics.

Christian Stab and Iryna Gurevych. Parsing argumentation
structures in persuasive essays. Computational Linguis-
tics, Vol. 43, No. 3, pp. 619-659, September 2017.
Tobias Mayer, Elena Cabrio,
Transformer-based Argument Mining for Healthcare Ap-
plications. In ECAI 2020 - 24th European Conference
on Artificial Intelligence, Santiago de Compostela / On-
line, Spain, August 2020.

Mohamed Elaraby and Diane Litman. ArglegalSumm:
Improving abstractive summarization of legal documents
with argument mining. In Proceedings of the 29th Inter-
national Conference on Computational Linguistics,
pp. 6187-6194, Gyeongju, Republic of Korea, October
2022. International Committee on Computational Linguis-
tics.

Huy V. Nguyen and Diane J. Litman. Argument mining
for improving the automated scoring of persuasive essays.
AAAT 18/TAAT'18/EAATI’18. AAAI Press, 2018.

Yuxiao Ye and Simone Teufel. End-to-end argument min-
ing as biaffine dependency parsing. In Proceedings
of the 16th Conference of the European Chapter of
the Association for Computational Linguistics: Main
Volume, pp. 669-678, Online, April 2021. Association for
Computational Linguistics.

Gaku Morio, Hiroaki Ozaki, Terufumi Morishita, and
Kohsuke Yanai. End-to-end argument mining with cross-
corpora multi-task learning. Transactions of the As-
sociation for Computational Linguistics, Vol. 10, pp.
639-658, 2022.

Giovanni Paolini, Ben Athiwaratkun, Jason Krone, Jie Ma,
Alessandro Achille, Rishita Anubhai, Cicero Nogueira dos
Santos, Bing Xiang, and Stefano Soatto. Structured predic-
tion as translation between augmented natural languages.
In 9th International Conference on Learning Repre-
sentations, ICLR 2021, 2021.

Joonsuk Park and Claire Cardie. A corpus of eRulemaking
user comments for measuring evaluability of arguments.
In Proceedings of the Eleventh International Confer-
ence on Language Resources and Evaluation (LREC
2018), Miyazaki, Japan, May 2018. European Language
Resources Association (ELRA).

Colin Raffel, Noam Shazeer, Adam Roberts, Katherine
Lee, Sharan Narang, Michael Matena, Yanqi Zhou, Wei
Li, and Peter J. Liu. Exploring the limits of transfer learn-
ing with a unified text-to-text transformer. Journal of Ma-
chine Learning Research, Vol. 21, No. 140, pp. 1-67,
2020.

Hyung Won Chung, Le Hou, Shayne Longpre, Barret
Zoph, Yi Tay, William Fedus, Yunxuan Li, Xuezhi Wang,

and Serena Villata.

[12]

[13]

(14]

[15]

[16]

(7]

(18]

[19]

— 428 —

Mostafa Dehghani, Siddhartha Brahma, Albert Webson,
Shixiang Shane Gu, Zhuyun Dai, Mirac Suzgun, Xinyun
Chen, Aakanksha Chowdhery, Alex Castro-Ros, Marie
Pellat, Kevin Robinson, Dasha Valter, Sharan Narang,
Gaurav Mishra, Adams Yu, Vincent Zhao, Yanping Huang,
Andrew Dai, Hongkun Yu, Slav Petrov, Ed H. Chi, Jeff
Dean, Jacob Devlin, Adam Roberts, Denny Zhou, Quoc V.
Le, and Jason Wei. Scaling instruction-finetuned language
models, 2022.

Isaac Persing and Vincent Ng. End-to-end argumentation
mining in student essays. In Proceedings of the 2016
Conference of the North American Chapter of the
Association for Computational Linguistics: Human
Language Technologies, pp. 1384-1394, San Diego,
California, June 2016. Association for Computational Lin-
guistics.

Steffen Eger, Johannes Daxenberger, and Iryna Gurevych.
Neural end-to-end learning for computational argumen-
tation mining. In Proceedings of the 55th Annual
Meeting of the Association for Computational Lin-
guistics (Volume 1: Long Papers), pp. 11-22, Van-
couver, Canada, July 2017. Association for Computational
Linguistics.

Jianzhu Bao, Yuhang He, Yang Sun, Bin Liang, Jiachen
Du, Bing Qin, Min Yang, and Ruifeng Xu. A generative
model for end-to-end argument mining with reconstructed
positional encoding and constrained pointer mechanism.
In Proceedings of the 2022 Conference on Empir-
ical Methods in Natural Language Processing, pp.
10437-10449, Abu Dhabi, United Arab Emirates, Decem-
ber 2022. Association for Computational Linguistics.

Iz Beltagy, Matthew E. Peters,
han. Longformer: The long-document transformer.
arXiv:2004.05150, 2020.

Mike Lewis, Yinhan Liu, Naman Goyal, Marjan
Ghazvininejad, Abdelrahman Mohamed, Omer Levy,
Veselin Stoyanov, and Luke Zettlemoyer. BART: Denois-
ing sequence-to-sequence pre-training for natural language
generation, translation, and comprehension. In Proceed-
ings of the 58th Annual Meeting of the Association
for Computational Linguistics, pp. 7871-7880, Online,
July 2020. Association for Computational Linguistics.
Tim Dettmers, Artidoro Pagnoni, Ari Holtzman, and Luke
Zettlemoyer. Qlora: Efficient finetuning of quantized 1lms.
arXiv preprint arXiv:2305.14314, 2023.

Kung-Hsiang Huang, Sam Tang, and Nanyun Peng.
Document-level entity-based extraction as template gen-
eration. In Proceedings of the 2021 Conference on
Empirical Methods in Natural Language Processing,
pp. 5257-5269, Online and Punta Cana, Dominican Re-
public, November 2021. Association for Computational
Linguistics.

Jason Wei, Maarten Bosma, Vincent Zhao, Kelvin Guu,
Adams Wei Yu, Brian Lester, Nan Du, Andrew M. Dai,
and Quoc V Le. Finetuned language models are zero-
shot learners. In International Conference on Learning
Representations, 2022.

and Arman Co-

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



X X —A&  AAEC (Paragraph) AAEC (Essay)

Batch size 32 8
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NIRA—=R

r 16

lora alpha 32

lora dropout 0.05

bias none

task type SEQ_2_SEQ_LM

target modules q,. v, k, o,
wo, wi_0, wi_l

load_in_4bit True

bnb_4bit_quant_type nf4

bnb_4bit_use_double_quant True

bnb_4bit_compute_dtype torch.bfloat16
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