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they love themselves

he found himself
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FEFETHEE, ZOXIEREEEINLE FIXh
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Bl (X1 B 26, #l20EHS IR O
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HELTOE0EHLTIERL, XEDEDDE
AT Z R & W0 D IFRAN A 7 2 DRI DRI
REEEROFEBICIEREEEZLNS.
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2.1 ICGEFSHER X0

BT VOSIENEOFEICE, G2 ohiX
DXFEMZ WX € % BLIMP R ¥ DNV F < —72
BHWVWSNS [11]. BLIMP 13 12 O HFED S 56
BRI 2. FEEHKITHEMIZIEL WY
X (1a) £Z 5 TRV (1b) OB FIToEEN
TBD, SHETADEL LI ZHET 5.
(1a) Many teenagers were helping themselves.

(1b)* Many teenagers were helping herself.
FHOEEET NVl 2355, RoHVEH
S % 7D DIFER 7RG T H 2 RELLS— T L
7 4 (PPPL) [12] ZFIFIT& %. Salazar & [12] IZE
W, s = [wi,wa,---,w,] @ PPPL X, JURDFEE
EFVEFALTRK ) TatEEN 5.
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t=1
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Ths. BAFFEREZ, B - FHfEH 2 & GLUE @
OB TANANEDT 74V Fa—=V T DHD
T—=RZHWTW5.
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5L, I (Zrain 209 DR EWVIZE zain DIFEIER
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DEICEERD Z T, HIHIHEFHLEIUZE
FHT NG, FEEIRKEIWZY, 2o
THREGI D FMEF 2 EL S HWTT 2 01c%roZ e
ZRET 5.

bad d
AY (Ztrain’ Ztest) = j(ztrain, Zteit) = 5 (Zuain» Zﬁ:;? 3)
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AHERE 7 XA ICEEEHRI CIIRL 2T E
BLIMP D& SiEHRCTIHMliL /=2 a7,
ggIE% %g‘gi{j n%%[ﬁ % @X).

n=0 n=1 n=5 n=20

ANA. AGR 833 751 738 70.5

bl

D-N AGR 644 632 624 63.6
IRREGULAR 69.6 69.7 68.1 68.5
S-v AGR 60.1 593 592 60.0
ARG. STR 893 879 88.8 87.4
ELLiPsIS 785 780 788 77.1
FILLER-GAP 61.3 63.0 63.1 61.3
IsLAND 928 91.0 894 89.6
NPI 38.5 40.6 423 40.0
QuanTiFIERs  58.1 544  54.0 49.6
BiNDING 598 64.0 626 61.6

CtRrL. RaAIs. 76.0 762 757 75.3
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1

jphen (Ztrain» Frest) = @

Z Aj(ztrain» Ztest) (4)
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3.1 RERRTE

SiEHR ANA. AGRET —ARAXT 4 2L, Bib
ETADMBEEEMLZFHL TV 30200 TH
WrZE1T5. Ana. acr 1E, Bl ZIEEMICIEL WY
(2a) YIEL<K 72\ (2b) ofmahnz V.
(2a) He found himself.

(2b) * He found themselves.

DX RO EREEL L HWT 272912,
SHEETFAPMEEENEHVTWS D, B
BEMLO A SIS LW, b LIEEEE
WAEFH L TWIUR, STER 2] ¢ [F R
Rz ECIFHER (3a) OFGENEL RS2
EWHRF TR 3. MEEEINZHHL TV s,
FESCIE 22 AR © [ U EIRA A 2 & Ol
#il (3b) =, FHHFEFNCE FNTORWEIRHEH
ZECHIER 3c) OFEGEDELI BRI DT
Bxhs.

(3a) He hurt himself.
(3b) They love themselves.
(3c) She saw herself.
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