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ABFETIE, BEHERBMEZZRZ7CB327—X
PEIRDSAHEFEMHEEICE 2 2B OVWTHET
5. FEEREHO K5 REWEEENRD 55
BT, THIFREIELWETTERL, Z20EH
EREmWREDNDH L. LHrL, BRFEEFAET IV
ZERUHREYEET VI LR UIREBROERR L R’
HEL-MEBEZ M NT 2720, 210 OHEBA DI
Mmoo Ttwnwad. £/, ZoOMEIINT 58E
FFEEHR 2R boEw. AL, ¥ oLk
BLUFEMEOREICT, EERRMEICBIT 2
7 — RYLRD T HEEEOHEEEREIC S X 250 B 2
BLL. ZOMRER, 77— 2HERIZZ  OBGENHEFE
THEoHEEMREZ M LX 1, 7 — XILIRIC & > TERK
L 72X @ Perplexity MRV E X T — ZLERY A4 X
ZHPT LT, T OITHEEMEOHEE ERED UE
T5ZEHHBAL .

1 FC®IC

[ R B (Named Entity Recognition; NER) 1,
7 X X b oo NGkt g & oA R 2
T3, HRASHELEICEB Y 2 Btz 2 70—
DTH5. HRSHEBUHE X 2 7 13%EEY¥E (Deep
Neural Networks; DNNs) & &k - T Ak =Rk #25
THDH, ZOHTD BERT [1] % DeBERTa [2] % #h
& L 7HAEH % A€ 7 L (Pre-trained Language
Models; PLMs) (ZFD W72 F7E53, NER & &9 Tilt
HIER—=AFA4 o TWNWAD.

UL, —f&IC PLMs %2 &% DNNs 13X 1 @ &
212, BT NOMNT HHEEENEBRDIEMR T
BEL CTWAERNCH B [3]. ZORIEIC XL D, DNNs
EEWHEEE TOEs 2 TFHIOH 12 LIZLIKS =
L2370, BERESCEMO XS REIcTsaR
kAR Z WHEL T DNNs OEHDHIR X 3. &
D &5 ML T 2729, BASELHEHICET
LA R CAMEFEEEZ X DIELSHEST 27
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B1 SHNE IO T —XIx s 5, mDeBER-
TaV3 12 X 2 EAERBHMHOEEE o v V. Ak,
(S ¥ EfRRDERI—HLTWB I ZRT.
DDOMENHEATNS [4,5]. LHL, s
%% Cl& MC Dropout [6] %° Bayesian Neural Networks [7]
DEIBR1DODF—& A VALK Y ZIH L TERE
DOTHEATIREDLD 2 FENHLNTED, £
ORI A MEBEKICR 2 7=0FEAMTIERVLE W
SHEND 5.

ZZT, AT —XILRICEHT . a v
Pa—&XbEYa VT, 7—2IEREET LE
ATZHLTaNR MZT 5720, FHEFEEHETE D
WBIZOBRND ZEPHMEINTWVS[8,9]. 5
T — R REBARIZE T AMEZZE 2 w0,
AR DI ZFE S Z ¥ 72  PHEFEMEHEE D X
Nz eMrFEN S, 7 —XHLIRIE NER IZH B H
TV B 2310, 1], KREFRKE BT 2 PLPERE
DEAIIBREZINTWVS HDNZ W,

AWZETIE, NER IZBI 37— RYLRDSAHEF M
WEICE 2 28y, Vv VILEKE X OSBRI
DEEXBOVTHE L. ZOMKE, RiDERD
S5WL OOHIEBE 5N, %F—IZ, NER IZBIT

D) fAABXOSMHND T — X%, ZHhZHh OntoNotes 5.0
DonBLUL tc TH5.
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57— XYLRIEZZ  DGENHEEEOHEE ERED
BEBIZORDS. FHg, RIS LTZY T4 74
%371 L < A% § % Masked Entity Language Modeling
(MELM) [11]1 %, TV 7 4 7 4 &2%¥8 7 —XHND[FE
LILYT 4T 4ARATDILYT 47 4 CEHBETS
Mention Replacement (MR) [10] {Z & h HESE M D H#E
TEHRELIWE L. B, T—XERICXk > T
XX 172X D Perplexity DMEWVIZ Y, 7 — XYLERY
A A% L7z & Z2ITE ISR DHEEMERED
WET D EDHHL /.

2 Fi&
AREITIX, EBTHWZEFETIEB XU NER I
B2 F— XYERICOWTEHHT 3.

21 BIEFE

Baseline R#%JE D Softmax B2 E L -2 D&
KiERZH V5.

Temperature Scaling (TS) TS & DNNs 23 H /7§
ZHEEEEZMET 2-D0BIUMAGIETH 5.
Softmax BE¥X % A 5 % HilIC logit ZIRE ST X — &
TRT—=V>2r755%.

Label Smoothing (LS) LS 3K 225 T — kA 72
EAHEFETH D, HEEZMI VB EIDIRS
Z & CHE®EHELTHIZR <

Monte-Carlo Dropout (MC Dropout) MC Dropout
\% DNNs O RS MEHEE I FI T & 2 ERILFIET
HY, EROMERNHEGRZHEE T 5. AFKTIE
M =20 OWERIHEER Z 1TV, ZDFEZ2 T 5.

2.2 EERRMHICEITET—2LER

Label-wise Token Replacement (LWTR) LwTR T
X, ¥ b=V RBRTINEIDERIET S
DICZHmEHWS., ZHSMIZL D EIN
=2, FET-XEDTLITED =T
PICEESWT, BLIRLEREOH =25
VELZEEHEZOND.

Mention Replacement (MR) MR (&, F—27 2D
RODIZHER T —RIFET B L 7 2ol
DITYTATATXHDOILYT 4 T4 B BEEMRZ
5., HEBEF—ERPOTUT 4T 43 AR Y2
YED ORI T WSz, MR X LwIR & 2
DILD 7 NNUHNZREFT 5 L IER S 720,

Synonym Replacement (SR) SR & LwTR & [Flf#
WHEIRST S b—2 2 _HGMATEY, MRO -

— 3091 —

2 > % WordNet D[FFRETEIT 5. [FFREIXEE
D=0 EFEOZe DL, SRIFITLDO TN
N REET 5 EIFRR & 720,

Masked Entity Language Modeling (MELM)
MELM T, ¥3 V7474 ~v—h—llkoTx
VT 4T AT R INTTH LT, XhRE
WY Rz T4 742 FPHIT2X5REHEET LR
¥ETE. ZOFBETATHOVT, fEE LR
TYRZEINTZ T4 T4 H7TL iz
TAT 4 REBERIZZ VT4 T 2HNTEHIET
T —RIRE1TS.

3 SEERERTE

AR T, RIFZXRY ¥ 7D AT NER
ATV, B ¥ EH B A E 7L O mDeBERTaV3
(microsoft/mdeberta-v3-base) [12] ® > a—X ¥
L CHRAT 5. Y BEBRIIER 2 > — R T 10 [T
L, FHiEfEEIEFEES X R RE G T 5.
T/, HEMom DD, WEEIZ 100 5L 7.

31 F—=atvhk

ARIFZETIE, ¥ v VMK E & S FEMMERE
BT B A HEREMEHEEMEREZ I 5 728, OntoNote
50 7 —&+t v b [13] B & & MultiCONER 7 — &
v b [14] ZH W 3. OntoNote 50 7 — Xt v
I & broadcast conversation (bc), broadcast news (bn),
magazine (mz), newswire (nw), telephone conversation
(tc), BXU webdata(wb) D 6 DD % > B
& 5. MultiCoNER 7— Xt v M 11 D5l
DO ENS NER 7T =Xty N THD, K5k
TIX %38 (EN), N A VEE (DE), AXA ViE (€S), B
XY T4 HD D4 FFEEHVS.

3.2 FHMERE

AMRTIEZ YT 14 7 1 OWHEEE RS 2 72
B, TVT 474 Z2MET D=2 VOMEEED
BzLr7 47 14 DWREEE AR L TAHEiZ1TS.
v 2 FHiiFERE 2 USRS,

Expected Calibration Error(ECE) ECE & b >
CEDIEMRRETEEEDOEZID, 2O R % E
3. AWIFETIRE > OEfE 10 2§ 5.

Maximum Calibration Error(ECE) MCE (% ECE &
FEILTBD, HfHETCII R RKEZ L 5.

2) MEIM IZBWI 2> 747 4 FHIOZDDEEET NI
4, [AFkIZ mDeBERTaV3 % W\ 5.
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1 OntoNotes 5.0 Z W7z ¥ VLM EC B 2R, KFEFEMTOREERT.

OntoNotes 5.0 (bc)

Methods bc bn mz nw tc whb
ECE(l) MCE(!l) | ECE({) MCE(}) | ECE(l) MCE(!) | ECE({) MCE(l) | ECE(J) MCE(}) | ECE(!) MCE(!l)
Baseline 18.87+0.73 23.58+1.01 | 17.54+0.67 25.90+1.29 | 18.83+0.89 25.65+1.09 | 23.52+0.77 34.25+1.41 | 26.20+1.23 28.76+1.30 | 57.47+0.87 62.96+0.56
TS 18.86+0.68 23.22+0.86 | 17.19+0.81 24.93+1.27 | 19.42+1.48 26.32+1.97 | 23.51£1.08 33.68+1.72 | 26.85+2.11 29.36+2.35 | 57.66+1.32 62.96x+1.15
LS 19.29+1.04 24.11+1.57 | 17.45£0.96 25.43+1.77 | 19.38+1.03 26.36+1.56 | 23.72+1.01 34.23+1.95 | 26.34+1.78 28.81+2.04 | 56.98+1.17 62.51+0.91

MC Dropout | 18.69+0.71 23.54+1.31 | 17.50+0.66 25.77+1.58 | 19.22+1.21 26.39+1.16 | 23.67+0.73 34.51+1.59 | 26.32+1.10 28.66+1.12 | 57.51£1.29 62.80+0.90

LwTR (DA) | 19.15+0.55 23.70+0.77 | 17.58+0.44 25.45+1.34 | 19.34+1.34 26.11%1.56 | 23.65+0.53 33.89+1.13 | 27.50+1.73 29.70+2.01 | 58.68+1.51 63.83+1.22

MR (DA)
SR (DA)

19.13£0.95 23.17+1.10 | 17.43+0.62 24.99+1.36 | 18.38+1.62 24.93+1.73 | 23.28+0.54 33.35+1.16 | 26.78+2.19 28.85+2.21 | 59.01+0.99 64.06+0.76
18.16+0.63  21.99+0.91 | 17.01+0.39 24.45+0.74 | 20.01+1.56 26.94+1.72 | 23.42+0.66 33.29+1.33 | 26.62+1.59 28.81+1.76 | 58.14+0.79 63.02+0.59

MELM (DA) | 18.59+0.60 22.67+0.95 | 17.22+0.65 24.55+1.41 | 19.41+0.80 26.01+£1.06 | 23.66+0.85 33.75+1.46 | 30.11£1.39 32.59+1.71 | 58.72+1.42 63.71x1.18

OntoNotes 5.0 (bn)

Methods bc bn mz nw tc wbh
ECE(J) MCE(J)) | ECE(!{) MCE(!) | ECE({) MCE(l) | ECE(l) MCE(l) | ECE({) MCE(l) | ECE(J) MCE({)
Baseline 19.30+0.82 24.37+1.47 | 11.50+£0.75 16.14+1.97 | 20.55+1.59 26.62+2.55 | 20.05+0.98 28.44+2.25 | 25.42+0.73 27.56+0.64 | 59.02+1.16 63.61+0.66
TS 19.20+0.88 24.18+1.75 | 11.25£0.55 15.43+1.41 | 21.21+1.14 27.20+1.72 | 20.34+0.73 28.80+2.12 | 25.33+1.28 27.57+1.27 | 59.11+1.06 63.60+0.60
LS 18.37£0.60 22.52+1.41 | 11.42+0.52 15.31+1.24 | 21.6120.47 27.04+£1.04 | 19.98+0.41 27.64+1.11 | 24.66+0.48 26.69+0.44 | 59.92+0.75 63.87+0.77

MC Dropout | 18.76+0.97 23.34+1.56 | 11.38+0.71 15.73+1.60 | 20.91+0.96 26.62+1.82 | 20.04+0.57 28.25+1.62 | 25.21+£1.27 27.52+1.17 | 59.09+0.99 63.63+0.54

LwTR (DA) | 20.30+0.87 25.42+1.18 | 11.72+0.42 16.37+1.21 | 20.71£1.01  27.14£1.16 | 20.51+0.41 29.04+1.26 | 26.36+£2.08 28.67+2.09 | 59.32+0.97 64.00+0.55

MR (DA)
SR (DA)

19.78+£1.26 24.35+1.85 | 11.59+0.34 15.89+0.92 | 20.19+0.47 26.08+1.07 | 20.42+0.60 27.83+1.74 | 25.69+0.77 27.75+0.81 | 59.57+0.96 64.13+0.50
19.61+0.97 24.08+1.64 | 11.38+0.44 15.44+0.96 | 19.79+0.75 25.52+1.22 | 19.81£0.39 27.18+1.30 | 26.20+1.56 28.42+1.68 | 59.86+0.67 63.66+0.40

MELM (DA) | 19.93£0.69 23.98+1.09 | 10.75+0.46 14.11+0.69 | 20.40+0.65 25.54+1.19 | 19.73+0.65 26.80+1.19 | 28.47+2.14 30.59+2.15 | 60.51+0.57 64.44+0.33

OntoNotes 5.0 (tc)

Methods bc bn mz nw tc whb
ECE(l) MCE(J)) | ECE(J{) MCE(l) | ECE(l) MCE(!) | ECE({) MCE(l) | ECE(l) MCE(}) | ECE(J) MCE(l)
Baseline 36.70+1.65 44.25+1.66 | 35.47+2.48 45.75+2.46 | 37.15+1.77 47.34+1.79 | 39.08+0.56 52.50+1.41 | 31.171.56 33.81+1.67 | 46.38+1.28 54.29+1.37
TS 35.69+2.21 43342218 | 34.15£2.65 44.48+2.56 | 36.38+1.79 46.71+1.43 | 38.59+1.53 52.58+1.38 | 27.95+2.51 30.70+2.55 | 47.20+0.92 55.31%1.10
LS 33.91+1.86 41.50+1.75 | 31.4042.35 41.24+2.43 | 34.14£1.91 44.37+1.42 | 37.04£2.25 50.00+1.92 | 26.46+1.36 28.89+1.42 | 48.48+1.29 56.10+0.89

MC Dropout | 35.83+2.02 43.93+1.75 | 33.87+2.02 44.31£1.92 | 36.18+2.43 46.31+2.43 | 38.97+0.83 52.80+1.08 | 29.01+£2.50 31.94+2.81 | 46.92+2.04 54.95+2.13

LwTR (DA) | 34.94+2.42 43.20+1.90 | 32.61+3.16 43.28+2.55 | 34.44+1.83 44.98+1.88 | 37.85+2.13 52.09+1.60 | 28.78+2.27 31.31+2.14 | 46.78+1.26 54.94+1.84

MR (DA)
SR (DA)

35.18+2.89 42.62+2.30 | 33.50+3.77 42.66+3.20 | 34.35+2.78 44.78+2.69 | 37.97+2.64 50.85+3.46 | 28.65+3.20 31.23+3.18 | 48.61£1.70 55.78+1.90
34.58+2.40 42.51+1.55 | 32.66+4.13 42.57+3.28 | 32.69+3.21 43.01+2.83 | 38.50+1.51 52.00+1.56 | 27.30+4.37 29.85+4.54 | 46.99+1.27 54.86+1.40

MELM (DA) | 33.05+1.75 40.55+2.16 | 29.46+1.55 37.81+1.56 | 33.46+1.66 42.78+2.55 | 36.79+1.27 49.33+2.26 | 25.71+1.73 28.19+1.87 | 50.52+1.10 57.27+1.27

Area Under the Precision-Recall Curve (AUPRC)
AUPRC X Precision/Recall (PR) B #f D R @ f8 I D
HETHS. H5WVIEY, FED Recall IZB W T
Precision 235 W E\ & 72 5.

4 {REE
AT, ¥ LRI X OSERI OREC
B B FHEEIHEE DR R AR TS 5.

41 v VILERICET SR

72112, OntoNotes 5.0 TY — AT ¥ VLA be, bn,
BIU tc DFBEICBITF S, ¥ v LRI 2 A HE
FEMEHEE OFHEFE R ERT. ZORPL, TVT 4
T4 2 OAMEFEEOHEE R ORI B WT, —
I e RIS E I TH 2 2 EZHNTE /TS,
LS B X U MC Dropout & b &, 7 —XHLERD 7753
BEEREWEBICH D e Bnbh b, Fig, Y—2
T VLW tc DS, MELM 23555 —
X ffi5RiEE, Baseline & LB L T, ECE THK 6.01
%, MCE THKA 7.94 % i L, BNI-RIEMERE
RY. F72, MR & SR % MELM IZ#i\W\ T B4f 7«
KIEMREEZ/RT. — T, 77— XEHETIEI wb I

— 3092 —

B BRIEMREEZHEZBI N WVEHTICH . Tz,
AUPRC Z R 4 1ZRT. 7 —XILRDOHTIE, MR D
BN REZ /R $— T, MELM % ECE % MCE ®
IO BRIEL T —IcHEO FlifsfEIF Y iiE I h
23nY

Bl e A P A fi]

MultiCONER TY —RXEiE% EN & LGB DEE
BEWTER B BT 5 PHEFEIEHE ORI RZ R 2 1R
T, Vr VVMENIREDH S R LD, MR 20
NB L oA B W TEN - AR E R L
/RU7z. Zhengping & [15] 12k D, SRBEMEEEED
REWIZCTEEEREEREIME TN T 2EMICH 5 Z
EDDD o TWBD, RFEERTS FRDOMHAIE S
Nz, —75H, ¥ MBI RKRIE T3 BN i
FEMUHEEREZ /R TMEANICH B MELM 1%, = FEH
Wi 72 3 E TIE R WHEREZ R E 20,

% 72, AWFFE TR /2 mDeBERTaV3 O Hij2EE
WKWHWSHRTWS CCI00 7— &+t v b [16] DF ik
teRERZ e, FEPRDZRNT KA VEE, R
RAVEE, YT A BOIAICE L, PHEEMEHE M
REDIAERMI MBI L TV 3. X 51T, Tomasz 512 &

4.2
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# 2 MultiCoNER # WS 38

MEWTRREIC B 1T 2 KR,

Methods MultiCoNER (EN)
EN DE ES HI
ECE(l) MCE()) AUPRC(T)| ECE({) MCE(l) AUPRC(T)| ECE({) MCE(l) AUPRC(T)| ECE()l) MCE(!) AUPRC(T)
Baseline 28.29+0.30 30.51£0.39  93.04+0.18 | 31.31£0.52 34.91x0.83 91.97+0.23 | 31.22+0.28 33.70£0.39 90.87+0.27 | 46.84+1.64 48.13+1.51 82.04x2.24
TS 28.4640.43 30.70£0.52 93.13+0.17 | 31.45£0.70 35.08+1.05 92.02+0.24 | 31.24+0.41 33.77+0.38 90.92+0.18 | 46.83+1.38 48.35+1.25 83.01x1.45
LS 28.50+0.57 30.60£0.68 93.12+0.13 | 31.50£0.64 34.81+0.66 91.93x0.26 | 31.43+0.58 33.83£0.67 90.82+0.10 | 46.36+1.23 47.95+1.03  84.00+1.60
MC Dropout | 28.57+0.34 30.83£0.54 92.97+0.34 | 31.64+0.48 35.24+0.68 91.86+0.37 | 31.47+0.42 33.98+0.40 90.79+0.22 | 47.42+1.30 48.77+1.23 81.39+3.30
LwTR (DA) | 28.17+0.54 30.48+0.77 92.80£0.28 | 31.130.59 34.60£0.78 91.57+0.34 | 31.10+0.35 33.61x0.51 90.66=0.27 | 46.70+1.47 47.95x1.30 82.57+1.96
MR (DA) 28.01+0.42 30.08+0.49 93.30+0.24 | 31.12+0.74 34.71+0.81 92.05+0.20 | 30.75:0.34 33.24+0.36 91.03+0.15 | 46.96+1.20 48.28+1.12 81.75+2.52
SR (DA) 28.15+0.42  30.36+0.48 93.08+0.26 |31.17+0.39 34.42+0.70 92.02+0.39 | 31.60+0.55 33.86+0.56 90.65+0.33 | 45.85+0.53 47.38+0.47 84.91+0.91
MELM (DA) | 28.53+0.38 30.68+0.43 92.72+0.22 | 32.61£0.49 36.14+0.65 91.17£0.29 | 32.09+0.44 34.38+0.52 90.14+0.30 | 47.91+1.79 49.18+1.79 81.13x2.41
|3 T —XIWERICT X > THEMK L 72X D Perplexity.
Algorithm OntoNotes 5.0 (bc) OntoNotes 5.0 (bn) OntoNotes 5.0 (tc) MultiCoNER (EN)
LwTR 7.05 7.59 7.33 6.78
MR 5.36 5.27 5.83 5.83
SR 5.91 6.35 6.02 6.35
MELM 5.56 5.65 5.90 6.14
(Train) 5.18 4.84 5.80 5.54
OntoNotes 5.0 tc » mz transfer
S350 S04 0¥
= — o4 9 o
o - $043 g 0.86
0.325 : 2
1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00
Augment size Augment size Augment size
MultiCoNER EN — ES transfer
-y 0.33 | on Lumr 5035 £ 091 S—
~0.32 o= mr ° ot S} ° =y
50313° SR o U0'34 9 o gOQO
w 0. b =0= MELM = 0.33 <D( .
1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00
Augment size Augment size Augment size
— > - FELAN) > = =1
B2 73R A X2 LGS B 2 HiHilifs RO H#ER.
=3f st — N 3 - JELAN ) 3 (= i
D [17], b= MLICBWTSHERTREROERDY  XILRY A X2 LG5 OFHMuiEZEo#B %

AR TWIEE, NERIZBIT 2 SERREICEWN
TEOTHMREEZRTMHEACH 2 Z R ENT
B, FREEMEHEEICB W T FSEOMHEHTZTRT.

5 SR

AHITIX, NER D7 — X LR DA R EHEE M iRE
NOMEZRD 57280, A L7 D Perplexity 8
T = RYLRY A ROHEEHFET 5.

£, T —RILRIC K o THEK L 72 X DA HEF M
HEEHREN DB R AE T 5729, F 41X GPT2[18]
ZHWTT — XILIRIT & 5D Perplexity %
Motz 31, &7 —XIRFIETER L B
X UTEDHE 7 — X D Perplexity /75, WIT LD
BEWXBWTDH, MR DD Perplexity 2RV —77
T, MELM & MR & &KW Perplexity (37 E 72202 o
72. MELM I BWTARISHES LTV 2 HFEBIC
BHEELRVWZ YT 4 T A DBEREIRE 8, XD
Perplexity 23 % 321) 2 A[REMED D 5.

X 512, X212, OntoNotes 5.0 tc — mz, MultiCoNER
EN—>ES D & 5 s OMMEREICB VT, 7—

— 3093 —

R (A IR EE DR ERIE K 3 1SR T). £X
DEE, MR DT — ZYLRY 4 X2 L7581
THEEMHEEDI S HICEBESI NS, ek Dl D MR
FEBDT — Xty T Perplexity DKWz,
Perplexity DR X A3 7 — X LRI A X KRE L
BEDOAHEFEMEHEEMNREICE o TEETHS Z 2D
brb.

6 o

ARFFETIE, NERIZBIF % 7 — XILIRDIAHEFZ 1
HEEMREIC S 2 2508 % O v VIV E X VS FEM
WroB S SFEL 2. DR, MELM % MR @
X9 T — &R E WG E BN T A RN
EMREZRT ZEPHIBHL . —7 T, TS X MC
Dropout @ K& 5 72 RWAHEFEMHEEEREEZ RT & X
NTE-BETFEIZ, NER DBEICBOLWTIERWA
MERMHEEMREZ IRV, £/, T—XILRIC K
D AR L 723X D Perplexity 23\ MR D & 5 2 Fik
WCBWT, T—RILRY A XEEPLT I TEHIC
AHEEMAHEE RS E SN D Z LB L 7.
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Methods OntoNotes 5.0 (bc)

bc bn mz nw tc wb
Baseline 94.72+0.21 | 95.13+£0.43 | 96.40+0.40 | 93.27+0.41 | 92.69+0.57 | 93.03+0.56
TS 94.89+0.59 | 95.14+0.35 | 96.15+0.51 | 93.26+0.45 | 92.78+1.01 | 92.97+0.83
LS 94.74+0.54 | 95.09+0.37 | 96.15+0.30 | 93.15+0.43 | 92.60+0.79 | 92.73+0.36

MC Dropout | 94.71+0.31 | 95.09+0.18 | 96.07+0.24 | 93.11+0.43 | 92.76+0.67 | 92.88+0.33
LwTR (DA) | 94.53+0.28 | 95.02+0.37 | 96.22+0.33 | 93.23+0.23 | 92.76+0.64 | 92.91+0.52
MR (DA) 94.44+0.29 | 94.88+0.24 | 96.53+0.43 | 93.4+0.29 | 92.82+0.60 | 92.74+0.42
SR (DA) 94.44+0.35 | 95.09+0.32 | 95.70+0.40 | 93.21+0.37 | 93.24+0.43 | 93.06+0.39
MELM (DA) | 94.51+0.16 | 95.15+0.34 | 96.01+0.29 | 93.09+0.44 | 92.64+0.52 | 92.90+0.47

Methods OntoNotes 5.0 (bn)

bc bn mz nw tc wb
Baseline 95.12+0.30 | 97.23+0.20 | 95.83+0.45 | 95.29+0.27 | 93.62+0.59 | 93.13+0.40
TS 95.05+0.39 | 97.38+0.17 | 95.33+0.31 | 95.23+0.20 | 93.96+0.51 | 93.25+0.29
LS 94.99+0.22 | 97.32+0.20 | 95.60+0.22 | 95.11+0.37 | 93.49+0.43 | 92.90+0.47

MC Dropout | 95.03+0.34 | 97.30+0.18 | 95.78+0.46 | 95.29+0.19 | 93.80+0.44 | 93.22+0.35
LwTR (DA) | 94.36+0.54 | 97.29+0.14 | 95.74+0.16 | 95.15+0.20 | 93.64+0.51 | 93.08+0.49
MR (DA) 94.57+0.50 | 97.20+0.19 | 96.27+0.31 | 95.11+0.22 | 93.64+0.55 | 92.91+0.52

SR (DA) 94.76+0.65 | 97.28+0.15 | 95.85+0.33 | 95.30+0.17 | 93.78+0.63 | 93.06+0.24
MELM (DA) | 94.34+0.47 | 97.24+0.21 | 96.18+0.32 | 95.32+0.32 | 93.51+0.50 | 92.97+0.48
Methods OntoNotes 5.0 (tc)

bc bn mz nw tc wb
Baseline 87.10+1.25 | 89.22+0.71 | 84.94+1.61 | 81.28+2.58 | 93.45+0.77 | 89.62+1.10
TS 87.74+1.12 | 89.45+0.47 | 85.95+1.65 | 82.50+1.35 | 93.11+0.98 | 89.93+0.88
LS 87.07+1.00 | 89.57+0.76 | 86.67+1.75 | 82.79+1.09 | 92.75+1.06 | 90.66+0.61

MC Dropout | 87.25+0.73 | 89.02+1.08 | 85.12+1.62 | 81.95+2.56 | 93.36+0.89 | 90.05+0.84
LwTR (DA) | 86.95+0.61 | 89.74+0.72 | 86.20+1.67 | 83.08+1.78 | 93.70+0.64 | 90.28+0.55
MR (DA) 86.78+1.12 | 90.06+0.61 | 86.36+1.64 | 83.81+2.79 | 93.69+0.61 | 90.69+1.23
SR (DA) 86.78+1.49 | 89.61+0.56 | 86.42+2.36 | 81.83+2.85 | 93.53+0.72 | 90.04+0.97
MELM (DA) | 86.38+1.16 | 89.05+1.18 | 86.65+1.37 | 81.89+2.77 | 93.30+0.59 | 89.12+1.47
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—~0. — - ’\\
:0 . ° 20 ° g 093 \0/"
W 0.275 ° & 0.300 ° & 0.930 Aj
w = 2
< 0.925
125 1.50 175 2.00 1.25 1.50 175 2.00 125 1.50 175 2.00
Augment size Augment size Augment size

MultiCoNER EN - EN transfer

- ~ - e —— —
5 0.29 j == LwTR o - 0.31 o = o
o '-;- Z\: o - g 0.930 ‘O'\
O o
0028 [ o yem W = 0.30 <‘\‘/ =)
. | < 0.925
1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00 1.25 1.50 1.75 2.00
Augment size Augment size Augment size

B3 F—ZHIRY A X2 LG5I B 2 BaHiiHEE O HER.

A OntoNotes 5.0 ICH (T B P v Y ILIEREREDIZS D AUPRC

% 412, OntoNotes 5.0 IZB1F 2 ¥ ¥ ¥ MM RE DS D AUPRC ZR%

E 11— Bl S - *

B SHAREICETIT—RUGRY 1 X280 LI-IBSDRIEEDHTE

312, OntoNotes 5.0 tc — tc, MultiCoNER EN — EN OREMIEEEIC B VT T — LR 1 X &2 L 758 O FHliTeE
DB ERT.

= ~ B4 = —

C HMLZYRTE

TES B D B 1T linear scheduler © & AdamW [19] Z Wz, S =ANv FH A4 XE 32 TH D, THIDEERE le-5
¥ L7=. Early Stopping D5 1EFEHEICFHiE v b D F1 2V, 5[ELEEE TR a2 7 03WE XN WS IS 2B - 7.

TS DIRE T X — & % %S % 728 Optuna [20] & W72, [0.001, 0.002, ..., 5.000] OHIFH TR X4, 100 [HDFRITD
FCREfiE v N DIBERDPRNE R BEENRT X —ZBFRA SN, LSIKBIIEZAL—I U ITNRIAXA—RDEIRD=D,
[0.01,0.05,0.1,0.2,0.3] DHFFEAAN TV v FH—F %247 o 7. LWwIR, MR, BX U SR IZBIF 2 HHPH DAL =87
X —ZFEIRTIE, [0.1,02,..,08 DHPFNTZ Y v FH—F 21TV, HELDDOEER L. MELM IZBWTIX, =¥
T4 T4 TFTHETNVOMFAED D DFB T — ARV E ) BIUEL YT 474 THRICBI 2RI 87 X=X u®
BIRDNE 728, ZH24[03,05,0.7] OFFETZ ) v FH—F 21TV, w22 HAGDOEEHALZ. 4iicE
337 — XPBR T, RENRFEE LY POV A XDTEOFEE Y POV A XD 1.5 51072 L5 IEE T — XM
7.

— 3095 — This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



