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Label
Diagnosis
Procedure

Finding

Device

Radiology

Anatomical Structure
Reports

Examples of Standard Form

(Cancer, Metastatic, Seizures, Pneumonia, Pulmonary Edema, Pleural Effusion,
Atelectasis, Pneumothorax, Cardiomegaly, Pericardial Effusion, Cardiac Arrhythmia,
Pulmonary Toxicity, Metastatic Breast Cancer, Rib Fractures, Scapula Fracture, ...

Evaluation for Infection, Thoracotomy, Lobectomy, Organ Transplantation, Valve
Replacement Surgery, Catheter/Tube Removal, Imaging Follow-up, Intubation,
Tracheoplasty, Central Line Placement, Joint Surgery, Cardiac Surgery, ...

Mass, Chest Pain, No Consolidation, Nodule with Caldification, Lung Opacity, Heart Size
Normal, Mediastinal and Hilar Contours Normal, Lung Clarity, No Acute Osseous
Abnormality, Lung Expansion, Sderotic Vertebrae with Size Modifier, ...

Central Venous Catheter, Monitoring Device Presence, Transvenous Cardiac Lead,
MediPort, Endotracheal Tube Tip, Chest Tube, Central Venous Catheter Tip, Fixation
Device, Lead Presence, Guidewire, Enteral Feeding Tube, Stent, ...

Heart, Superior Vena Cava (SVC), Lung Region, Cardiac Silhouette, Mediastinal
Silhouette, Diaphragm, Pulmonary Vascularity Increase, Pleural Surface, Mediastinal,
Bony Structures, Heart Size, Carina, Cardiomediastinal Contour, Hilar Contour, ...
Slight, Increase, Chronic, Moderate, Acute, Slight Blunting, Slight Pleural Effusion,
Normal Limits, Stable, Unchanged, Calcifications (Size Unspecified), Size Modifier

Examples of Actual Notation

Actual Notations of Pneumoma superimposed infection, Developing pneumama
pna, resolving ia, multifocal ia, eval for
acute focal pneumonia, MRSA PNA, Fevers, ...

Actual Notations of "Valve Replacement Surgery’: median sternotomy, post-AVR,
cardiac valve replacement, Status post MVR, AVR/CABG

Actual Notations of "Lung Opacity”: Bilateral lower lung opacification, bibasilar
opacification, Patchy opacity, patchy bibasilar opacities, increased opacity of the right
lung, The right lower lobe new opacity, opacification at the left base, ...

Actual Notations of “Central Venous Catheter Tip': PICC line, Left subdavian catheter,
right-sided pigtail catheter, right 1) central venous catheter, right PICC line, Right 1J
catheter tip, Left PICC line, catheter, left-sided PICC line, Right PICC line tip, ...

Actual Notations of "Lung Region’: Right bronchial tree, right lower lobe, left axilla,
thoracic aorta, pulmonary vasculature, Upper, middle and lower lobes, right lung apex,
right hilum, Left upper lobe, left lung base, Left lower lobe, left base, ...

Actual Notations of “Slight’: low, minimal, minimal increase in diameter, minimally
improved, mildly, mildly improved, mildly calcified, small, slightly increased, No definite,
slight, Faintly visible, slightly smaller, mild

No Acute Cardiopulmonary Process, Stable Condition, Acute Cardiopulmonary Process,
Normal Limits, Lung Clarity, Heart Size Normal, Mediastinum Normal, Proper Position, No pro(ess intact, No pneumothorax normal, WET READ, No evidence of acute

Actual Notations of ‘Radiograph Chest PA and Lateral’: Frontal and lateral chest
radiographs, PA AND LATERALVIEWS, AP upright and lateral views, PA and lateral chest
examination, Chest: Frontal and lateral views, Chest: frontal and lateral views, ...

Chest Portable AP, CTTorso, Radiograph

Actual Notations of "No Acute Cardiopulmonary Process': No acute intrathoracic

Severity Modifier . ged, Calificat
(Generalized), Vascular Tortuosity, Diffuse, Mild
. . Chest PA and Lateral,
Imaglng Techn|que Chest Prior, Radiograph Chest
Assessment
Acute Osseous Ab lity, No Pneumonia, No P
Medication Amiodarone, Mexiletine

Atelectasis, ... y disease, Eval i process, .

Actual Notations of ‘Amiodarone’: amiodarone
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Label Discovery Prompt

Initial Categories You are a top researcher in natural language processing in the medical field. You conduct linguistic evaluations of radiological reports created by radiologists for chest X-rays.
Extracts named entities and their categories from the radiological reports of chest X-rays. What kinds of named entities and their categories are expected in this context?

System As a specialist in natural language processing within the medical field, your main responsibility is to analyze chest X-ray radiological reports prepared by radiologists.

Proposal Your task is to identify and categorize named entities within the following radiology reports. Please proceed with the extraction of these entities and their respective categories from

the provided chest X-ray radiological reports, especially focusing on the content that semantically corresponds to FINDINGS and IMPRESSION. When classifying categories,
please base them on the given categories.

Synthesis Your task is to integrate and standardize the categorization of named entities extracted from various radiology reports. Using the list of named entities and their categories in JSON
format provided below, ensure that similar entities are uniformly categorized. Please propose any modifications to enhance the accuracy of categorization. Then, based on your
earlier suggestions, please now revise each JSON file to reflect the updated categorization.

Standard Form Discovery Prompt

System As a specialist in natural language processing within the medical field, your main responsibility is to analyze chest X-ray radiological reports prepared by radiologists.

Proposal The following is a dictionary provided with the category names as keys, and lists of medical entities included in each category. There are variations in terminology for the same
medical entity across different categories. Please identify the unique entities in each category, standardize their terminology. When creating standardized terms, group together
those that represent the same medical concept, and consider abstracting specific numbers and other details into generalized units. Please avoid creating categories like ‘Others’ as
much as possible, and standardize each medical entity according to its medical meaning. While performing this standardization, refer to the following ontology as a guide. If you
encounter any entities that do not align with the existing standard terms, please create a new category for them. Note that updating existing categories is not an option.

Synthesis Following the recommended standardization guidelines, please standardize these terms for consistency and organize them into a structured format: category, standardized terms,
and their actual notations.

A FRLE—Of

st LR — FOfIER AL ITRT,

FINAL REPORT
INDICATION: ___F with myasthenia ___, s/p fall with SOB and left sided
back pain. // rib fx, pneumonia

TECHNIQUE: Single portable view of the chest.

COMPARISON: ___.

FINDINGS:

Bibasilar opacities silhouetting the hemidiaphragms again seen, suggestive of
persistent pleural effusions and likely adjacent atelectasis. Please note

that infection would be difficult to exclude. There is persistent pulmonary
vascular congestion. Dual lead pacing device is again noted. No displaced
fractures identified.

IMPRESSION:

Bibasilar opacities likely due to combination of persistent effusions and

adjacent atelectasis noting that infection cannot be excluded. No evidence of
displaced rib fracture on this portable chest x-ray.
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