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T = ROMIBI 2FROEZM LXE 5701
3 ANT—XOEZHERT LI HPEETDH %,
AR TE, T—X2OMERALXE2HNT, &
FREHIZR 7 2H I 2EZ 5, XIMT
ZIT5 22k, BEBO T — 2 2 EEICH S
T = ROMPEZRD ., BEHRRE O SHRICE#R
T 5. MERFIETIE, 52D — 20 & B
T=REMHEL, AT -2 ST %2 e THER
PLRPMTON T VD, TRTOTF—XTEFL W
AERF— R B/ O 2 LIZR SV, — 5T FES
DRSS EETIL (LLM) OERIC X D, BE T —
ZDTELE L7 K TH. LLM A& T IG5 % I m
BRLUTT—2ORMHEZ TS5 Z &2 A[REICR 5 T
W5,

AT, LLM ZH WX 71T 27 4
GA-Tag (Generated and Aggregated Tag) % #8715 %,
Tary 7y 7 Y& LLM BIEH L
T—207—XEHICA 7 %2555 Z L IEA[RET
HBHDB. REOT —XEHIZX 72T 5 B2,
BEDOTF—XUEEEE L, EELPL TV ICE
B3 20ENDH 5, GA-Tag Tld, LLMIZ K> TX
7 %K (generated) § 503, LRZLARWVWE XTI D
RBPBRINIHEZ 27207 —2EHEZEHNE LT
& 7% R (aggregated) T 5, KT — X EH WM
AETIX, ER LIS I 3T25 2 e, R
ENBRTEHCTHBESMNTES X515
. RTOMBEMZSTWS Z e E2BNT 5,

1 Introduction

“Garbage in, Garbage out” ¥ \» 9 RI2H &L TW»
5 X518, ANT—Z2DREBATITHIUI W
PICEERT =2 AEZHWTS, fRe LT
FONZENNEIATDICTRD, ZOBRRERT ST
B, AT =&Y =2 blHET - X EREBELRE
T5ILT. ANT—XONEE B 575 114

— 2778 —

f H
i Input :
H
! Symbol Name Sector !
! - - —_— !
i |mco  |MeDonalds ) Consumer Sophisticated = !
Corp. Discretionary BI/Al tool 1
! ools o !
' long Johnson & | oot Care Ao i
! Johnson |
— i
i e Tiffany & Co. | SONSUmer i
H " | Discretionary H
s s
i useless results... !
Output (enriched data) % _
Symbol |Name | Sector |Enriched tags =
e
MCD ood, con Il

—
f—

ce, .
family,
LGRS
jewelry, luxury, elegance, celebrations,

fashion, high-end, craftsmanship, ...

|

Insightful results

Bl 1 GA-Tag D AH S,

RBEINTWVWD, L2L. BIREE LWIERIEFE
T2 LRV, FlZIE BECET LT —%7
Wiz 2B, BPEOFMHEDHZRICET 27—
ReaIELI1TH, ALY —ZABITXRTOR
I L THoRFEREEZA TV S DT TRV,
T=RY—RIZERERD LI BERPEFENLTY
%< Th, KEBSEEE 7L (Large Language Model;
LLM) 253 % 2 & T, ZOHICE £ 5 HaH
Sk A R BARIE R HEN T 2 2 E S R[ERICR o TV 5
[2,3,4]

AWIZE TR, FT—xEmmBELOFEL LTDXR S
MFCHEET S, 2703 &7 —&HEHHZ AHTWH
BritiE T 201 Ib, BEERRR O EmE#
BT 2HETHD, Y=Yy AT 4 7= a—
Az 7Y A PTRIRERASATHZ, K1
. Batticx g Y Ttohn, 2tor—7u
R T OB HIITEMEND S F YA ZRLT
Wb, RINEDT—TIABR[ONDL L, RIIRL
DANT =R TIEEHTEZRD > o AlHEIC
%%,

ARIFFE TR 7T %2175 Hike LT, GA-Tag
(Generated and Aggregated Tag) Z #2523 %, GA-Tag
WEF LM 2EH L CCH T —XEHIC X 7%
AT %, GATag 13X LLM OHIR ZIEH § 2 72,
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BT —XNERELENARETHL2H, ¥n
Yav MIEEDF—RIIH L TR 7 2ERT 2 2
EHHRETH B, LHL, T RELRVEZHE
B RITDBET —R L ICKRBIAEREN S, &
I T =X EH DR, FIOBRICAAR=R72 T —
REWD L WTHRIEEDPENRDH B, ZI T, B
RDBPITWE X FEF—2DREBH & 712 B &t
ZBENNHEZET Z 2T, R DOMEERR- - %
¥R ST, ZhuTkD, BED
T=ROMCERT 227251, T—XOME
Al TIN5, RIFEIE SIS TRRTET
5,

2 GA-Tag

ZDETIE, GA-Tag DREUTOWTHIAT 2, Z
DI AT LE, EREERNDO T A5,

21 £M%Y

R={r}, ZnfimilOo7r—70rt L, &7
ri = {(aj,v,-j)};fil WBWT, a; 3R D jEHDY
HERL, v 1 2ifTHE jHIHOERZRT T
%o RIFFLDOXIRTIE, 7 =T VDOEITIE X I
URROTFT—XEHE LTS, M1 OfloHE,
1T r = {(Name, Nestlé.), (Sector, Consumer Staples)} 753
GATag DANIZT2 5, T—=Rr NDXIZIFICEL
T chatePTV 2RI T 5, 7> 7 IR 2124 %,

The following is an example of the input/output of this process. B
#input : {
"NESN" : "Nestlé Ltd., Consumer Staples”,

___________________________

Exemplar table

"TOMA" : "Toyota Motor Corp., Consumer Discretionary” 1

}

#output : {

"NESN" : "coffee, chocolate, water business, health”,
"TOMA" : "car, hybrid car, reliability, family-friendly"

Y
Jejdwax3

This has been the input/output for the sample data so far. -
Please provide the tagging results for the input, while adhering to the following constraints.

# Constraints

- Tags should be output separated by ", " and should not include numbers.

- Tags should consist of plain nouns, adjectives, and noun phrases.

- Do not include the company name and sectors in the tag.

- Tags should reflect the characteristics of the company’s users or personas.
#input : { —
“MCD” : "McDonald’s Corp., Consumer Discretionary”.
"JNJ" : "Johnson & Johnson, Health Care",

"TIF" : "Tiffany & Co., Consumer Discretionary"

T
Slulensuod

Y
ndu| yareg

}
# output :

e

{

“MCD": “fast food, convenience, family, affordability, quick service, burgers”,
“JNJ": “healthcare, pharmaceuticals, family, baby care, skin care, oral care”,
"TIF": “jewelry, luxury, elegance, celebrations, fashion, high-end, craftsmanship”

}

Output (generated tags)

B2 &7fFo-dor a7k,

RTERDIzDD T 1y 7 ME, AN 5=
DD T RZEH ANLTW3, [Exemplar] D DY >
INe52% 28T, BRLEGANCR 7R E
1) ARWFETIX. LLM & LT gpt-3.5-turbo-0613 2 L /=,
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N5 EIITEL, K2 TE, EELWVWERT % “Tags”
FNBIM L 72EH T — 7L, Tr> T I
FAIADRET 2R L TW5B, [Constraints] IR
PR TOBEERZELH T LIM I3, K2 ofl
T EZo0fNIINHRN R AT, 2o ®
EMEVIBOES T —< L L=2d DIz -
TW5, [Batch Input] X 7' i} % —>D 7 —XIHH
I TR BROITEZ—XUTANS Z 2T, [Al
LT X 5 X 5123 %,
K2oicReonsd k5, Fuar 7 MEm
L7 D3RS & D BRI e X R 7 BEE
TEREXINTED, A ZOREDOILEHS
CTHRERMNEGINIX T 2R THRED
K e —HTHM T 200883 12 >TWwWb, L
L. LIMIZX o THERIN X TIX LI R
HELTEDY, Bhz7—23@ox 7263
ZZiXIEe AL, BIZIESQLIC X B ER
FU X7 2FOT —XDOMRER D REIC
%, ROFETIE, FMT 2272 —>DREMH
FEICEEMHMZ D 2 T OMEDORULZEL D e,

22 ¥R

COETIE, L2 72 RRFGEICE X
25X TERDHEEZENT 5. Bl 21X “apple”,
“orange”, “grape” & o 7z X & “fruit” ¥ W\ 5 HKFE
72 HEBICE XA A[RETH 5, AWML TIE. LLM
AR L7 X 7ZERRT LWL, ZOHEME 7%
RERHFBICE S DO EENFT LIERZ LI
T5, BAOMIAERZ TOEE» LR X 21’5
72012, LR ZBRBEONHEZEITT 5 :

I 2% 275 A2Y 7L, BERANZELIL -4

THRIN—TT 5,
2. K7 IRRX—RET 2 X RHEELZH DY
T5,

221 93RR2VVYT

BIRANCEM L 2832 7 v —Mbs 2 — 1
BRAFFED—D2IF. T o DHDIAART b VEER
L. ZRBHIINLIZ ZRZY 7703 X L%
H¥2Z2ThHb, ZZTlE, X2 % RoBERTa[6]
PHOWTHEHDIAANRY FUVIZEL, 250 RS
R ISR U TSRS 2 5 2 &2 V) > 22 % f#i
LT —T 5, [7] TRNMEREY Ta—F

2) https://scikit-learn.org/stable/modules/generated/
sklearn.cluster.AgglomerativeClustering.html
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PRAT 5, EFRITIEZ. BERT D & 5 R HAAN
7 R VIEZERIC (d = 100 ~ 10000) TH D, &K
T — ZIIERAE PR YD “RILOBIN 235
B X TAREEDH 5 (8], ZOHREZEHRT 5
72912, [9] TREINTWVWEHDHIAARY b
LR b EZE LB FIEERHAT %,

R 7DD IAAICEHL T, 27D vl g%k
fEE L. &2t % “This {g} hasatagof {t}” &\ 5 T
F R MTEBL THDIAL, B2 IR, t =“bank” D5
A, ZOHGERKIERMEE O E®RTOIRITIC X
T IINREDOTEF WIS ERZEOR Y, BR& R
DRI-NTUE S AJREMED H %, g =“company” & &%
ETHIET. RTOEDAARY MVIIBITOE
WAERELT 2 el h s,

222 RBFEEMN

&7 T AR - RERNRHEEETHHINCERIT 572
HDIZ, K3 IWRENEZ Ty T2 LIMICANT
%o ERE 7S, I EIRL, filiE
AL, RBEHGEERE AN FTUHET 2,

The following is an example of the input/output of this process.
#input : {

"sample_0" : "apple, mandarin orange, grape",

"sample_1" : "Toyota, Suzuki, BMW "

Jejdwex3

)

# output : {
"sample_0" : "fruit",
"sample_1": "car"

This has been the input/output for the sample data so far.
Please generate words that represent the cluster while adhering to the following constraints.
# Constraints

- The output should primarily consist of 1 token, with a maximum of 2 tokens.

- The output should describe one of plain nouns, adjectives, and noun phrases.

- Please generate representative words that will be useful for classifying the company.
#input : {

"0" : "express transportation, medical transportation, package delivery, rail transportation”,
"1" : "retail, retail branding, retail credit, retail properties, retail space, retail spaces”,

"2" : "long-term care, long-term care insurance”

nduj yoleg  spuensuod

\_T_)

}
# output :

B3 772X —-1cREMZI_NVEEH DY TE-DDS
oy 7 b,

23 YRATLOHA

R 7ERNMENTE T T 5 2. SERR T t 16
TEENZ T aED Y ToHND, M4IlTRnEND
Xoie, BRI EINIERR T Zh e F
LD ETFRENRX 7 EH VT, GATag lZANI 7 —
REPER LT — TN EBR L TH T3, HhX
NEdT7T =TI, T—=EaheT — X REZEDH
AT, WHW BHERFD (unpivot) RHEEFD (pivot) FEI
PERNZ K S,

3 Demonstration

CDETIE, GATag PR L7zT — XD 5L
ZDOMWE %, S&P 500 IZFE XN 500 O RHEEE

— 2780 —

Output (basic format Pivot table

Aggregated tags 00d ifestyle |wellness [Iux
indusiry
() [mco |1 1 o 0

Symbol | Name

mily, | food industry, lfestyle,
MeD [0 rse

TF [0 0 0 1

Unpivot table

Tags Counts
1
1

MCD  |food industry
MCD  |[ifestyle

UNJ  |wellness 1

TIF [luxury 1

B4 GATagHHOEAT7 r—~<v P (Eb) eT7—70L
DERERIL (). EMZ Z7WEIXIER (EF) 24 L TEN
R7TER I NS,

HRTF %ty PV EHVTFEY R ML= 3
V5B, TODT—XEY M LIRS s &5
12, “Name” ¥ “Sector” & WD F| & £FD 7 — 7L THE
RN TW3,

3.1 Scenario

ZIZTIE AT I VRSN R¥ET - X
DIERICHET 22— 27 — 2% M5 5,

HBT =XV ATV T 4 A NDFRED R,
Marriott 2 WO BREZFAET 2 ik o722F 3,
ZDT—=RYALYT 4 AME, VA hefio
B BT 272D S&P 500 T— Xt v b D5
45 Zillk, S, CDANT—XRZFTH
L5322, ZO7—7NEEEHKE LY
X—DHLrEENTELT, ULy beRLE
2 & —1% “Consumer Discretionary” T® % 23 ZALZJE
TAIMEZMMUED -7, ZDEHRE T T,
MLt X—I1ZJ&3 % 80 thaificxt LTt a0 #r
TEHILENRERZTECHERERESONR
Moz, TAIICKHULT %728, GATag ZfEH L T
BRFEC X TEH D YT, PEOFMEINTES
X917, ZOMRE, <V 4 v MZIX “hospitality”
& “luxury” DR 7 FESATED, TOZDD% 7
PROGEEZFAEBELLZLZA, K51REN3 XS
W4tk A g Tz, ZOHT 3FIEENR R TV
I XR-—THEINTED, Zhnld~vVAy b
Hah¥Er Andhbd, 2O K S51C. GATag 355
BANORNRICERT %,

BT, ZhoDR7E, w4y beEad
KL DB HTICEIL D, BEHEITIC, ENX
ZEINCVRAPNLEERY b7 =71 (X 6) I
REND X DIT, TRTOHBFMHFITIZE “luxury”,

3) https://github.com/datasets/s-and-p-500-companies/
blob/main/data/constituents.csv
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Generated tags Aggregated tags

. | hotels, travel, hospitality, luxury, business
. travel, family vacation

ndustries, hospitality,
travel, family activities

cruise, travel, luxury, entertainment,
vacation, relaxation, adventure, hospitality

on | hospitaity, travel, luxury, comfor, service, service industries, hospitality, luxury, diverse
in

s and travel

B 5 £ & 27T “hospitality” ¥ “luxury” D X 7' % £fD
P,

“hospitality”, “service industries” & \»5 X 7 H3E| D 24
TohTnd, ULty PZRADX 7L LT
“family activities” 23 D, ZNOD[FEFLIC L o THETE
WhgEFEMEEZ REBLTWS, —H T, * U1y
hIZ “vacation” X 73N 2 id, KIRE X —7 v
MCLUBEREE S X Y MCHEREEORMD D 2 2
ERLTWVW5,

Name hospitaity | luxury

Be K5DENZIFNOERY vT—T I,

GA-Tag DR IZ BT — ZITBRE N0V,
BitHHMREDEESC, SaaS 7V Fr—>a v
RREE R DY — AR, XFE RS T
Y —ICHRIRATRE T H 5, AN LTH. Flin, M
Al WK ¥ o NOftaHE I E D W TTEIE A S
AT 22 728D Y TEZeNTE, BED
Hre~—or 74 YW IEHHETH %,

3.2 Performance

Z ZTlE. GA-Tag ICBHH# T 2 W< DO Difit &%
FTET 2, UTOKRITRI NS EMEIZ. S&P 500
WX U C GA-Tag I & % % 7 1F 237 LT 3 [A]5E
1T LA R OFEIE & iFHERATH 5,

3.21 Tag

K1 AERERTZTEROEX DX T7BICHET
ZfEtE R L TW5, T 2T, it 5 ftags, ftags >
5,P(fitags > 5) 1. T ZNL=— 02X T DKL
SHEIY EHRT 22708, 20 X5 REH 27D
HEZRL TV,

RI1WEOWT, ENEX 7D =— 7 FUIERK X
TDI=—=IHOMTHD1TH2ZehBEIH
720 —HC. SHLDLEWCEE T 28X 7 0.

— 2781 —

fitags > 5 P(fitags > 5)
AR R 7 1564 +83 156 £33 10.0 £ 0.2 (%)
B x 27 208180 125+6.1 604 +2.2 (%)

R1 270EBUCEET 2 HiEHE,
AR 7O IZEE—TH 5, ZDHE, 5L
BT 2 2 7 DEIEE. EREZ T DR 10% 9 5
BHIX T DK 60% I KIEZHEML TWb, 21U,
Hlo 2 72 G5 2 0E 20T 2 138N X7
ERWBZADPNRATHZ 2 BZRLTWS,

fitags

3.2.2 Costs

LIM 2 L7723 — AR T L ZI2, 20D
LLM ® APl 2 A b b EHERELEHTDH 5, API
AR, ANNEHNTFA D N—F Vv RIZE-
TEIPREING, 212 ANMNTZ 741y
FHAZXNB20 DHEDOTar 7 (X2)D bk —
7 VRICEAT 2 HiEH 2 E#E LT W5, OpenAl D
gpt-3.5-turbo-0613" DA, 1000 A b —2 >~
12O % 0.0015 USDCK Fv), 1000 1 b —2 >izo
% 0.002 USD 23HUfiTd %, 500 #-D & 74 L ULEE
IZ2%* % OpenAl API D#82 Z k% 0.054 USD T
h, R7EHWUHED 3 2 +iZ 0.016 USD TH - 7=,
Z OBIEFHAF T 10 HEEICRZ %,

Rz 27 EX P4
. ASI 14995 9832.0 + 178.3

F—27 U
Hi77 | 16198.0 £ 356.1  577.3 £23.2
AJT | 0.022+0.001  0.015 + 0.001

# ] (USD)
Hi77 | 0.032+0.001  0.001 +0.000
IREFET (D) 2755+ 11.3 69.0 £ 1.5

]2 APl o X b X LHEFE DR R,

F7. LLM ORI S FHHI L, R212K 2
AR EERN e 22k ERER 275 B 69
B3 o Tz AR E B DM 7 1t 2 LA UL
MAEJRETH 2 7=, API ZiFFEITT 2 Z & T,
FIIEO HLf U TR R 2 R T = B,

4 Conclusion

AHETIE, LLM ZiEH L THBEI N T — X
JLERJTTETH % GA-Tag BHA/ L7zo GA-Tag lZ X 7
e X TEKRD 2 ODEREDL SR D, AT —4&
DATIE O N> HIRZRMEE L. X 7D
Ay ha—)LTEDZ I hoT—XOWENERN
OB DIREDO I ENAEETH B,

4) https://openai.com/pricing
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