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NRNE WS REPFET %, ZD &K D RJFEITH
DNTWVRWY, XN CEIER XN 2 HERIT
%] (Hallucination) ¥ FEIX#L 3,

AFATIEZINSDREEHRRT 2720, K11
R X SR, 2 0DFEEMARDE RIS =4
RBIBER S 2 T A BT 5, BRI, B
SMHABIER R ER L. T e KEBESEE T LIS
FoTEWHZZZICL > THEHWEER TS W
5 2DODRT v TREET, AFETIE. MHREEY
WX o TR il X=X e X 7B D
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FHEHMXME D EDT—Xty VEFIHT %, Z
DF =&ty ME, AXePigzeHiomx (2T
HRTRE) 5322209 FEEN TV S, AT 84%D
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1) https://huggingface.co/nlp-waseda/
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0.1 0.436 0.919 0270  0.398
0.2 0.621 0.731 0329  0.433
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0.4 0.769 0.430 0449 0422
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ETFILDFEEREICHELIANAANR—RNT X =R ERTITRT, 2B, SV ETNLOHERTIZEMNES
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K7 ETNLNOEFRFICRE LN R—RFTA—&

NAR=RFA=F | fHAERNET L WX ET L
Learning Rate le-5 2e-5
Epoch Num 10 5

Batch Size 1 1

B 4R

513 HITEA L7, GPT-41C X 2 LIHFHEOFM 2B~ 5,
B.1 XRFHEDFE

GPT-4 % ffiffl L 7z zero-shot Chain-of-Thought 12 & D ARSI NWERICLEVE TN D2 HET 5, &
HUL7F = v Z7RA Y MZ “gpt-4-1106-preview” TH %,
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WENIH D FH A, ** DL TLAZE WV, FHELTWD
BEE 1R, FELTORVWESIX

[(A] 0FEAHLTL XN, BiFos%E

{source} HALTLZE W, B EITHE
HhHEHA,

[ (b) 77K 2

{target}

(@ 7ar7r 1

E2 %JEFMcHERLZTr 7 b

B.2 {IREHEDIERE
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7 — RN LT B.1 BiOFIE TR L 72455 2 5K 8 IR T,

R8 TN BT T — X TOLIHFHlligs O FHiffifs R
Accuracy Recall Precision Fl1
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